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@ Installed O Available ) All [_] Ignore dependenciesiconflicts

3 . PaCkage Manager EI\E‘: *ﬁ %ﬁ Packaga.s |r0ategt_>ry | Installedversion | Repository version | Loaded

1.04 1.04 Yes
DilcaDistance Distance 1.01 1.01 Yes
fastCorrBasedFS Aftribute selection 1.01 1.01 Yes

lize A 1.01 1.01 Yes
hotSpot Associations 1.05 1.0.5 Yes

imageFilters Preprocessing 1.03 1.03 Yes
atentS: icAnalys...Prep! i 1.05 1.05 Yes
localOutlierFactor Outlier 1.06 1.0.6 Yes
k Classification, Regre... 1.0 Yes
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\ ,_/ & 4 Package search | | cear &
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hotSpot: HotSpot learns a set of rules (displayed in a tree-like structure) that
Program Visualizati Help maximize/minimize a target variable/value of interest.

URL: http://weka.sourceforge.net/doc.dev/weka/associations/HotSpot.h
Arfiviewer Author: Mark Hall
SqlViewer

Bayes net editor Maintainer: Weka team <wekalist{[at]}list.scms.waikato.ac.nz>

vg'ﬁm i g Workbench HotSpot learns a set of rules (displayed in a tree-like structure) that

(c) 1999 - 2016 maximize/minimize a target variable/value of interest. With a nominal target,
The University of Waikato one might want to look for segments of the data where there is a high
Ustaition: New Zeajand probability of a minority value occuring (given the constraint of a minimum
support). For a numeric target, one might be interested in finding segments
-
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imageFilters Preprocessing 1.03 1.03 Yes
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hotSpot: HotSpot learns a set of rules (displayed in a tree-like structure) that
maximize/minimize a target variable/value of interest.

. localoutlierFactor URL: http://weka.sourceforge.net/doc.dev/weka/associations/HotSpot.h

Author: Mark Hall

E ’\_I%L’ /f/é\‘ ?/E\IJ Yﬁ' /‘%‘ ;{f Maintainer: Weka team <wekalist{[at]}list.scms.waikato.ac.nz>

409 V)

HotSpot learns a set of rules (displayed in a tree-like structure) that
maximize/minimize a target variable/value of interest. With a nominal target,
one might want to look for segments of the data where there is a high
probability of a minority value occuring (given the constraint of a minimum
support). For a numeric target, one might be interested in finding segments v
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3 |female 16 urban >3 together | 4 2/services  other course mother 1 2 Ono
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_ [trace B/K — 1]
CH(K) = trace W /N — K] for

(T. Calinski & J. Harabasz, 1974)
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&3 Weka Explorer

M‘ <ify T Cluster T Associate T Select atl

Filter

Relation: WekaODF
Instances: 585

Attributes

| Al || None

No. Name

v ﬁ weka
v (&5 filters
[ AlIFilter
[ MuttiFiter
> ﬁ supervised
v (& unsupenvised
v (& attribute
[ Add
'L—:\] KermelFilter
M LoF
[*| Makelndicator
(| MathExpression
[ "] MergelnfrequentNominalValues
(| MergeManyValues

B NominalToBinary
=

[ Normalize
|| NumericCleaner

E:I,NumerchnBinarv—,_'_,
— >

[Eilter... ] [ Remove filter ] [gose ]

TZ{Filter ETE"J Choose

EI:l:ﬂ:t /t‘/‘v‘\

ESHBEEER

R

weka. filters.unsupervised
.attribute.NominalToBinary




l Choose HNone

Current relation

Relation: WekaODF
Instances: 585

Attributes: 30
Sum of weights: 58

Attributes

[

No. | | Name

1 (] Gender
2] Age

3 [] Address
4[] FamiSize
5[] ParentsStat
6 (] MonEdu

7 [] FatEdu

TZ{Filter JEX TEI"J Choose

El:l:lIt JATAR \

ESHBEEER

R

weka. filters.unsupervised
.attribute.NominalToBinary




>
&3 Weka Explorer

| classity | cluster | Associate | Select atiributes | visu

| Openfile.. || 9} OpenDB.. | | Generat. | U
l Choose NommaIToBmary R first-last

Current relation l,, Left-click to edit properties for this object, right iy = 1 o N ~
Relation: We: Attributes: 30 Name: Ge :J:ﬁ | 7’: H ] El/j gl—'ﬁhﬁ'ﬁ% j |ﬁ‘

Instance§?

Attributes &9 wekaqui.GenericObjectEditor NominalTOBinary

weka filters.unsupervised.attribute. NominalToBinary

No. Converts all nominal attributes into binary numeric attribly

attributelndices [ﬁrst—last

binaryAttributesNominal [False




.
weka.gui.GenericObjectEditor
g )

weka filters.unsupervised.attribute. NominalToBinary

About

(Convens all nominal attributes into binary numeric attributes. J

attributelndices lﬁrst—last

binaryAttributesNominal [False

debug |False

[
\heckCapabilities [False
[

invertSelection | False

& transformAll Values
X 2 True
AT




RALEER R ESEMA AR A 2

p
&3 weka.gui.GenericObjectEditor

=
&3 Information

weka filters.unsupervised.attribute.NominalToBinary

About

Converts all nominal attributes into binary numeric attributes.

Capabilities

attributelndices  first-last
binaryAttributesNominal | False v
debug |False v
doNotCheckCapabilities | False _VJ
invertSelection | False v
transformAllvalues | True 3
L Open... J l Save... J L OK I8l Cancel

J

NAME
weka filters.unsupervised.attribute.NominalToBinary

SYNOPSIS
“onverts all nominal attributes into binary numeric attributes. An

f attribute with kvalues is transformed into k binary attributes if the

class is nominal (using the one-attribute-per-value approach).
Binary attributes are left binary, if option A’ is not given.If the
class is numeric, you might want to use the supervised version
of this filter.

OPTIONS
binaryAttributesNominal
be nominal.

— Whether resulting binary attributes will

debug - If setto true, filter may output additional info to the
console.

transformAllValues — Whether all nominal values are turned into

v

Informationg 5% FH

79
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&3 Weka Explorer

Classify T Cluster T Associate T Select attributes T Visualize T Forecast ]

(

Openfile.. | | Openu.. || OpenDB.. | | Generat. |  undo

Filter

~

| Choose INominaIToBinaly-A-R first-last
-

Current relation Selected attribute

-~

Relation: WekaODF Aftributes: 30 Name: Gender Type: Nominal
Instances: 585 Sum of weights: 585 Missin... 0 (0%) Distinct 2  Unique: 0 (0%)

: |Count | Weight

Attributes No. |Label
2

1 female 333 333.0
2 male 252 252.0

| Al || None || imvert || Patem |

. J

[ No ciass )| visualize All |

Name

2 [] Age
3 [ Address

4[] FamiSize
5[] ParentsStat
- -

Lo

& M

B g




g
&3 Weka Explorer

Preprocess Classify T Cluster T Associate T Select attributes T Visualize T Forecast ]

| Openfie. | [ Openu. || Or—oB. || Generat. || undo || Edt. || sae. |

Filter

{

| Choose |NominalToBinary -»

Current relation

)

Selected attribute

Relation: WekaODF-w... Attributes: 56 Name: Gender=female

L Instances: 585

Missin... 0 (0%) Distinct 2  Unique: 0 (0%)

Type: Numeric

:

Attributes \ Statistic | Value
/ Minimum 0
Maximum 1
All l rf Invert ] Mean 0.569
A\ L

10

2 [_] Gender=male
3] Age

4[] Address=rural
5[] Address=urban

A — | Class: School=HS (Num)

| visualize Al J]

Remove

Attributes: 56

J& M B e N
73052 RS 6115

38 517 P Gender
B R 8 B
T I

a. Gender=female
b. Gender=male




Open DB... Generat...

v -R first-last

Apply

Selected attribute

Aftributes: 30
Sum of weights: 585

llnvert ] [ Pattern ]

Name: Gender

Missin... 0 (0%) Distinct 2  Unique: 0 (0%)

Type: Nominal

No

' Label 'Count | Weight
male 333 3330
252.0

\ _ A

No class
Class: Gender (Nom)
Class: Age (Num)
Class: Address (Nom)
Class: FamiSize (Nom)
Class: ParentsStat (Nom)
Class: MonEdu (Num)
Class: FatEdu (Num)

Visualize All

K2 B &S T, Weka® B

B IR H AR R L
a8 R REA e i e

o 15 HIEEM:Class
U 2 No class

X PRRMED T A A B AR S




&3 Weka Explorer
| [ Preprocess | ciassify | Cluster | Associate | Select atributes | Visualize | Fore

openiie. | | Openu.. | | OpenDB.. | | Generat. || undo ||

I
A |vleans -init 0 -max-candidates

Selected attribute

Name: Gender=femalt
Missin... 0(0%) Disti
Statistic |
Minimum
Maximum
Mean

[) AddNoise [013953 School=MS (Num)

[ AddUserFields

[ 7] Addvalues

[ cartesianProduct

[ center

[ changeDateFormat

[ classAssigner

[ clusterMembership
| Copy

Remove filter

Filter = Choose

j:IIEI VATAR ‘

EHIBERES

weka.filters.unsupervised
.attribute. AddCluster




>
&3 Weka Explorer

ess | Classify TCIuster | Associate | Select atributes | Visualiz

mk ﬁ)_) r— | — ST

Current relation

l Choose ’ AddCluster "weka.clusterers.SimpleKMeans -init 0 -max-ca

Selected attribute

L

Aftributes: 56

Relation: We. 5
Instances: SSW Sum of weights: 585

=P

Name: Gend
Missin... 0 (0%

Attributes

=

- &3 weka.gui.GenericObjectEditor .

' weka filters.unsupervised.attribute AddCluster

About

|

Afilter that adds a new nominal attribute representing the cl
assigned to each instance by the specified clustering algoriq

|
clusterer | Choose ICascadeSimpleKMeani
|

debug | False

2. 1% NS TR

Zagi

AddCluster

H RIGEE

E-‘?Faam

[m) ]




i)

Afilter that adds a new nom »presentmg the cluster 1
| assigned to each instance & clustering algorithm. ] C U.StCI'CI'

| Capabilities I

o7 RETE LR 5

clusterer | 500 -min 2-max 10 -restartsl
| — weka.clusterers

doNotCheckCapabiliies |False ' .CascadeSimpleKMeans

ignoredttributeindices 4 OK —%‘E Fﬂﬁ :‘@B I‘j‘& ﬁ

serializedClustererFile |Weka-3—8

[ Open... ] [ Save...

s tE B cascadeK Means




e

, weka filters.unsupervised.attribute AddCluster

About

Afilter that adds a new nominal attribute representing the cluster
| assigned to each instance by the specified clustering algorithm.

m 5. TRAHEET

| Capabilties | CascadeSimpleKMeans

» ~ =L =
clusterer I 500 -min 2-max 10 -restartsl E:ﬁ E&@ IS% ﬁ& /:E

debug [False —
doNotCheckCapabilities | False \’

ignoredAttributeindices

L)

v

&9 weka.gui.GenericObjectEditor

serializedClustererFile [Weka-3-8

[ Open... ] [ Save... ] [ OK

I weka.clusterers.CascadeSimpleKMeans

About

Cascade simple k means, selects the b
calinski-harabasz criterion.

debug |F

distanceFunction

doNotCheckCanahilities | F



g e
G ek g e SaSS

weka.clusterers.CascadeSimpleKMeans

About

[ Cagcage simple k meaps, selects the best k according to More EmaXNumC lusters EE
| calinski-harabasz criterion. [m] . NS
| minNumClustersfi i 7] AR
debug |False
distanceFunction [m]’EuclideanDimance -R first-last l ﬁ H% % ﬂsl:] H% /}\ E/‘j ﬁj\ﬁi %& %O

doNotCheckCapabiliies | False

o TR G A R R 1A
initializeUsingkMeansPlusPlusMethod [False
manuallySelectNumClusters | False . 1 O Z ﬁfﬁ o

maxiterations Lsoo

- N R R BB LR,

seed 1 6- OK %E%S@E%%&hﬁ

] [ Save...




&3 Weka Explorer

ocess | Classify | Cluster | Associate | Selectattributes | Visualize | Forecast |

| Openfile.. | | Openu.. || OpenDB.. | | Generat. || wundo || Edit. | K

[ Choose ]nddCluster -Wiweka.clusterers.CascadeSimpleKMeans -1 500 -min 2-max10-restans

-

Current relation Selected attribute

Relation: WekaODF-w... Attributes: 56 Name: Gender=female Type: Numeric

 Instances: 585 Sum of weights: 585 | | Missin.. 0(0%) Distinct 2 Unique: 0 (0%) 7 . T’Jﬁ" T Apply

Attributes Statistic ' Value '

Minimum 0 £ /t‘/\-‘\
[ All ] [ None ] [ Invert ] [ Pattern ] mf’r]num 1. g J E)EH El_ﬁ /\

No. Name | Class: School=HS (Num) v visualize All |

2 [_] Gender=male
3] Age

4 [ ] Address=rural
5[] Address=urban

Remove




p
&3 Weka Explorer

[ Preprocess | Ciassify | Cluster | Associate | Selectattributes | Visualize | Forecast |

| openfie.. | [ openu. || omgmn . || Gemerat. || Undo || Edt. || sa
(o)

Filter
E
Choose | AddCluster -\ "we /elscadeSimpleKMeans -1 500 -min 2 -max 10
L R A

Current relation

Relation: WekaODF-w...

Instances: 585

Attributes: 57
Su g

Attributes

| Al || Nome || imvert || Pattem |

No.

| l Name

53 (] HealthStatus
54 (]

I
A

1 cluster1 252
2 cluster2 333

Attributes: 57

B BRI
56588 B S T4

e T clusterfA R Y

AT A & B 75 ik e B
clusterl: £252%
cluster2: £333%:




7 r‘wr‘ N\
&3 Weka Explorer

rocess | Classify | Cluster | Associate | Selectattributes | visualize T Forecast |

[ Openfile... ] [ OpenU... ] [ OpenDB... ] [ Generat... ] [ Undo Edit... 1 [ Save...

= 1. Save f1FFE S

[ Choose |AddCIusier-W"weka.clusterers.CascadeSimpIeKMeans-I 500-min 2 -max 10 -restarts 1|

-
Current relation Selected attribute

Relation: WekaODF-w... Attributes: 57 Name: cluster Typs
Instances: 585 Sum of weights: 585 Missin... 0 (0%) Distinct: 2 um&\ 4
\
; -

Attributes

& Save
N
— = Look In: [ﬁ prefict-1school ﬂ [ i ] [ > ] [ i ]

23 8 :;: [ Invoke options dialog
55 ] Scho

56 ] Scho ;
57 B clust Note:

Some file formats offer additional
options which can be customized
when invoking the options dialoag.

File Name: | stu-sch-2 - train - cluster.csy

Files of Type: [CSV file: comma separated files (*.csv) B

[_save || cancel |




-
& Save

2. Look in:
BB T HE Rk
3. File Name £ $&3fn 44

jch can be customized stu-sch-1 - train -cluster.csv

Lookln: J(& prefict-1school | ¥| |

4. Files of Type:

CSV file: comma separated

J) files (*.csv)

[y ’ PLCS VS ZHE MR AT
v . Save fE1FFEZE

stu-sch-1 el St A

- train - cluster.csv CSVHEZ

H S
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Weka D B &5 R D128
R TR 26 TP
CSVHEZ=

| stu-sch-1
- train - cluster.csv

Download Processed File Automatically

Result

NUMERIC VARIABLES &

File Name:

stud-sch-1-train-cluster.ods_output.csv.csv




$18(252) TH |

ﬁzﬁ(sss)[ T

varl: Gender=male”

var4: Address=urban™

var5: FamiSize=<=3"

var8: ParentsStat=together™
var9: MonEdu™

varlQ0: FatEdu”

varl2: MonJob=health”
varl4: MonJob=services”
varl5: MonJob=teacher™
varl9: FatJob=services”
var20: FatJob=teacher™
var22: ChoSchReason=home™
var23: ChoSchReason=other™

Ed g

vare: Aaaress=rural”

varé: FamiSize=>3"

var7: ParentsStat=apart™

varll: MonJob=at_home®

varl3: MonJob=other”

varlé: FatJob=at_home®

varl7: FatJob=health™

var18: FatJob=other”

var21: ChoSchReason=course”
var24: ChoSchReason=reputation™ ~

=female”

2

varQ: Gender=female”

var2: Age”

var3: Address=rural”

varé: FamiSize=>3"

var7: ParentsStat=apart™
varll: MonJob=at_home™
varl3: MonJob=other”

varlé: FatJob=at_home”
varl7: Fatlob=health*

varl8: FatJob=other”

var21: ChoSchReason=course™
var24: ChoSchReason=reputation™ ~

varl: Gender=male” -
vard: Address=urban”

var5: FamiSize=<=3"

var8: ParentsStat=together”
var?: MonEdu”

var10: FatEdu™

varl2: MonJob=health™
varl4: MonJob=services”
varl5: MonJob=teacher®
varl9: FatJob=services™
var20: FatJob=teacher”
var22: ChoSchReason=home™
var23: ChoSchReason=other™

ArvgmforER R AR/ —8 o
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\
SBHER / Statistic Result: |

v

-

2HEE | $188(252) TR || $28%(333) TR
Sy RERS 5
B (7152925 9. JJ /'H
var0: Gender=female (Avg.) 0.5692 0 %%% ’:'=;= ‘l\éf‘i
var0: Gender=female (Std.) 0.4952 0 — %
| B Y
varl: =

var2: Age (Avg.) 16.7521 6.6786 6.8078 /fE: %D 1:/% \YE ;Ellé:
var2: Age (Std.) 1.2411 1.277 1.2102 1 O ;__',jli 'fﬁ” :

var3: Address=rural (Avg.) 0.3111 0.3016

var3: Address=rural (Std.) 0.4629 0.4589 0.4658 [ ) %2 ﬁ‘\i El/‘j A ge j( b‘é\
var4d: Address=urban (Avg.) 0.6889 0.6984 0.68 ilz:t/\j /fa\éi!’ 1 6 8
i TV .

varl: Gender=male (Avg.) 0.4308

-
o0

var4: Address=urban (Std.) 0.4629 0.4589 0.4658
Vivar A}
var5: FamiSize=<=3 (Avg.) 0.3179 0 0.288 o J:I: a:v’ 1 %}ﬁ El/\j 1 6 6
var5: FamiSize=<=3 (Std.) 0.4657 0.4792 0.453 Nk i
. H < Py ADO E NN
varé: FamiSize=>3 (Avg.) 0.6821 0.6 0 g
varé: FamiSize=>3 (Std.) 0.4657 0.4792 0.453
var7: ParentsStat=apart (Avg.) 0.1368 0.10 0.16
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$18¥(252) F#

$284(333] TR
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varl: Gender=male”

var4: Address=urban®

var5: FamiSize=<=3~

var8: ParentsStat=together™
var%: MonEdu™

varl0: FatEdu™

var0: Gender=female™
var2: Age”

var3: Address=rural®
varé: FamiSize=>3"

var7: ParentsStat=apart™
var1ll: MonJob=at_hgme™

varl3: MonJob=other
varlé: FatJob=at_home”
varl7: FatJob=health?
varl8: FatJob=other
var21: ChoSchReas
var24: ChoSchReas
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e - N 3

20 155 158

female male 15 185

course other reputation

$18#(252) F#l | $28¢(333) Tl |
varl: Gender=male* - | B9 &
var4: Address=urban™ var0: Gender=female”
var5: FamiSize=<=3" var2: Age”
var8: ParentsStat=together” var3: Address=rural”
var9: ManFdir* vard: FamiSize=>3"
\ var |
! Vivare ) var
1 a% 1 %i var
1 var

N, var
var20: FatJob=teacher™ varl8: FatJob=other”
var22: ChoSchReason=home™ var21: ChoSchReason=course”

v

var23: ChoSchReason=other”

var24: ChoSchReason=reputation™ ~



https://www.kapwing.com/explore/drake-reaction-meme-maker

RETHES AR HEE ?

-
&3 weka.gui.GenericObjectEditor

weka.clusterers.CascadeSimpleKMeans

About

calinski-harabasz criterion.

debug

distanceFunction

doNotCheckCapabilities

initializeUsingKMeansPlusPlusMethod

manuallySelectNumClusters

maxlterations

Cascade simple k means, selects the best k according to |

More J

| Capabilities |

| False 3

| Choose |[EuclideanDistance -R first-last

| False _VJ
| False 3
| False _VJ

‘ maxNumClusters

minNumClusters

printDebug

restarts

seed

Save...

Open... J 1

| True v

10

1

Cancel

oK I |

ft

{ERITE STEP 3.

CascadeSimpleKMeans

HEFEER E H

maxNumClusters:
R E EIR
minNumClusters:

Zapitd Vel

EE
RES

X TE 44 7~3 LI A i
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.
£ Weka Explorer C=]

[ Preprocess | Ciassity | Cluster | Associate | Selectattributes | Visualize | Forecast |

| openfiie.. | | Openu.. || OpenDB.. || Generat. || Undo || Edt. || sae. |

Filter
Choose ]lAddCluster -W "weka.clusterers.CascadeSimpleKMeans -1 500 -min 2 -max 10 -restarts 1| Apply
- 7
Current relation Selected attribute
Relation: WekaODF-w... Aftributes: 57 Name: cluster Type: Nominal
Instances: 585 Sum of weights: 585 Missin... 0 (0%) Distinct 2  Unique: 0 (0%)
Attributes No. | Label | count | weight
1 clustert 252 252.0
2 cluster2 333 333.0
| Al || Nome || imvert || Pattem | J
No. | | Name |
Class: cluster (Nom, Visualize All
53 [_] HealthStatus [ . ﬂ[ ]
54 (] Absences
55 [_] School=GP
56 ] School=MS
Remove

B
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https://pixabay.com/zh/illustrations/feedback-survey-questionnaire-3239454/
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https://srdatw.blogspot.com/2002/12/normal-0-0-2-false-false-false-en-us-zh.html



https://www.daskeyboard.com/blog/cats-and-keyboards-a-guide-to-protecting-your-keyboard-from-feline-companions/
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https://medium.com/@arunm8489/local-outlier-factor-13784dc1992a

AR AR EFIRE (LOF) =
Lk APTLERY A2 B
AR E PTER R

) lrd(B)
BENK(A) Ird(A) 2gen, (a)lrd(B)

|Ni (A)] B |Ni (A)]

LOF, := + lrd(4)

.en, (4) eachability-distancey (4, B))
[Nk ()]

lrd,(A) =1/ (

reachability-distancey (A, B) = max{k-distance(B),d (A, B)}



https://www.wikiwand.com/en/Local_outlier_factor
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https://www.slideshare.net/DaeJinKim22/outlier-detection-method-introduction-129968281
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https://www.wikiwand.com/en/Local_outlier_factor
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P
&3 Weka Explorer

4| Classify | Cluster | Assaciate i Select attributes [ Visualize | Forecast |

| openfie.. || openu.. || OpenDB.. | | Gemerat. |  undo Edt.  Sae.

o

Current relation \
Relation: None Attributes: None ’ Type: None

Instances: None Sum of weights: None A Unique: None

- =

Attributes \

| stu-sch

1 - train.ods

All None Invert Pattern

Remave

-

Status
P

Welcome to the Weka Explorer




Open DB...

Generat...

y -R first-last
J
Selected attribute
Attributes: 30 Name: Gender Type: Nominal
Sum of weights: 585 Missin... 0 (0%) Distinct 2  Unique: 0 (0%)
No. llabel  |Count | Weight () H E *EE "'" @Class
male 333 333.0
ale 252 252.0 >
men | (aten | ||| NG 12 4 No class

No class

Class: Gender (Nom)
Class: Age (Num)
Class: Address (Nom)
Class: FamiSize (Nom)
Class: ParentsStat (Nom)

Class: MonEdu (Num)
Class: FatEdu (Num)

Visualize All

X ERSRIME DA AE A H AR



&3 Weka Explorer

ocess | Classify | Cluster | Associate | Select atiributes | Visualize | Fo

Openfile.. | | Openu.. || OpenDB.. | | Genmerat. |  undo

El ChangeDateFormat E] oursearch.LinearNNSearc

DCIassAssigner J[ . Filter I$ ChOOSG

) Selected attribute
[ clusterembership

[ Copy Name: Gender ;&E j;% /E“/I__Vﬁ‘ ;&%%&

[ Discretize Missin... 0(0%) Di

[* Firstorder No. Label .
B FixedDicﬁonaMﬁVea ——— weka.filters.unsupervised

[ InterquartileR_«Ge 2 male

.attribute. LOF

| No class

[ MathExpression

[] MergelnfrequentNominalValues
“| MergeManyValues 333 & SR ZI:E{L-’: :

ety X FE AL E A localOutlierFactor

[ NominalToBinary

[ NominalToString

[ Normalize

[ NumericCleaner

‘__ ,,,,,,,,,,,,,,,,,,,, [ NumericToRinary
<

-

Remove filter




&3 Weka Explorer

Classify | Cluster | Associate | Selectattributes | Visualize T Forecast |

| Openfile.. | | Openu..

| [ openDB... | | Generat. |  undo

Fiter

[ Choose IILOF -min 10 -max 40 -A"weka.core.neighhoursearch. LinearNNSearch -AV'weka.core. Eudl ADDIY

Selected attribute
p

.~

Current relation

Relation: WekaODF
Instances: 585

Attributes: 30
Sum of weights: 585

=4

Name: Gender

Missin... 0 (0%) Distinct: 2  Unique: 0 (0%)

~
Type: Nominal

No. |Label | Count

| Weight

Attributes
—~

\

| Al || None || mvet || Pattem |

No.

Name
i
2 ] Age
3 (] Address
4[] FamiSize
5[] ParentsStat

Remove

.

1 female 333
2 male 252

333.0
252.0

J

| No class

|| visualize Al |

2. % T Apply
£ H e




g
&3 Weka Explorer

Preprocess | Classify | Cluster | Associate | Select attributes | Visualize | Forecast |

[ Open file... ] [ Open U... ] [ Open DB... ] [ Generat... ] [ Undo ] [ Edit... . Attribut es: 3_1

Filter
T 4
‘ 'Z'z = =R
' Choose ILOF -min 10 -max 4li\ /.neighboursearch.LinearNNSearch -Al'weka.core.l %JI‘EE%& E“ :[: I:I
L AN £ El

Current relation Selected attribute

Relation: WekaODF-w... Name: LOF i 1% 3 O f‘i‘;{‘ EE 3 1 'ﬂﬁ]
Instances: 585 Su . .

Missing: 0 (...  Distinct ..  Unique: 585 (10...

— = . B8 T LOFSk{H
L A [ None |[ et | [ patem | fyesn ;
e lﬁ' e | T | Class: LOF (Num) || visualize Al | ll\i

A ] ﬁ%LOFg ﬂﬁj\ﬁ'ﬁ
R o Hx/JME 0.983

\ B 3 126 O %j(,fﬁ 1.25
[OpS
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&3 Weka Explorer

| ciassity | Cluster | Associate | Select atiributes | Visualize | Forecast | ]

[ Openfile... ] [ OpenU... ][Open DB... ][ Generat... ][ Undo ][ Edit... ] [ Save... ]

Filter
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