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Polars vs Pandas
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start_time-=-time.time()
df_pandas-=-pd.read_csv(file_path)
pandas_read_time-=-time.time() -—-start_time

print(f'"Pandas-read-time: -{pandas_read_time: .2f}- -seconds")

v 49.8s

Pandas read time:| 49.69| seconds

start_time = time.time()
df_polars = pl.read_csv(file_path)
polars_read_time = time.time() — start_time

print(f"Polars read time: {polars_read_time:.2f} seconds")

v 7.7s

Polars read time:|7.76| seconds
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start_time = time.time()

pandas_filtered = df_pandas[df_pandas['"passenger_count"] > 100]

pandas_filter_time = time.time() — start_time

print(f"Pandas filter time: {pandas_filter_time:.2f} seconds")

Pandas filter time:| 0.20|seconds

start_time = time.time()

polars_filtered = df_polars.filter(pl.col('"passenger_count") > 100)

polars_filter_time = time.time() - start_time

print(f"Polars filter time: {polars_filter_time:.2f} seconds")

Polars filter time:| 0.42 seconds
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start_time = time.time()
pandas_grouped = pandas_filtered.groupby("VendorID") ["total_amount"].sum().reset_index()
pandas_groupby_time = time.time() - start_time

print(f"Pandas groupby time: {pandas_groupby_time:.2f} seconds")

Pythi

Pandas groupby time: seconds

start_time = time.time()
polars_grouped = polars_filtered.group_by("VendorID").agg(pl.sum("total_amount"))
polars_groupby_time = time.time() - start_time

print(f"Polars groupby time: {polars_groupby_time:.2f} seconds")

Polars groupby time: seconds
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start_time = time.time()
pandas_sorted = df_pandas.sort_values("trip_distance", ascending=False)
pandas_sort_time = time.time() - start_time

print(f"Pandas sort time: {pandas_sort_time:.2f} seconds")

Pandas sort time: |33.08|seconds

start_time = time.time()
polars_sorted = df_polars.sort("trip_distance")
polars_sort_time = time.time() — start_time

print(f"Polars sort time: {polars_sort_time:.2f} seconds")

Polars sort time: [12.50| seconds
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start_time = time.time()
pandas_unique = df_pandas["DOLocationID"].unique()
pandas_unique_time = time.time() — start_time

print(f"Pandas unique time: {pandas_unique_time:.2f} seconds")

Pandas unique time: seconds

start_time = time.time()
polars_unique = df_polars["DOLocationID"].unique()
polars_unique_time = time.time() — start_time

print(f"Polars unique time: {polars_unique_time:.2f} seconds")

Polars unique time: seconds
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start_time = time.time()
pandas_sampled = df_pandas.sample(frac=0.1)
pandas_sample_time = time.time() - start_time

print(f"Pandas sample time: {pandas_sample_time:.2f} seconds")

Pandas sample time:|21.85|seconds

start_time = time.time()

polars_sampled = df_polars.sample(n=int(@0.1 * len(df_polars)), seed=random.randint(Q,
10000) )

polars_sample_time = time.time() - start_time

print(f"Polars sample time: {polars_sample_time:.2f} seconds")

Polars sample time: seconds
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start_time = time.time()
pandas_filled = df_pandas["tpep dropoff datetime"].fillna(@, inplace=False)
pandas_fill_time = time.time() - start_time

print(f"Pandas fill time: {pandas_fill_time:.2f} seconds")

Pandas fill time: seconds

start_time = time.time()

polars_filled = df_polars.with_columns([pl.col("tpep dropoff datetime").fill_null(@).alias
("tip_amount")]) "tpep": Unknown word.

polars_fill_time = time.time() - start_time

print(f"Polars fill time: {polars_fill_time:.2f} seconds")

Python

Polars fill time: seconds
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Law of Refined Preprocessing Programming
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