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Introduction 
AI-enabled computer vision is reshaping how machines interact with our world, enabling them to 
not just capture images but also make sense of them. This technology is unlocking new 
possibilities across industries like healthcare, security, retail, and transportation. 

Our analysis of computer vision is divided into two parts. First, we’ll explore how AI works with 
“still images,” driving advancements in accuracy and efficiency through object detection, image 
recognition, and more. Next, we’ll focus on “moving images,” where AI’s ability to understand 
motion brings real-time insights and automation that were once unimaginable. 

 



By the end, it will be clear: computer vision is not just improving technology—it’s paving the way 
for a future where machines help us see, understand, and engage with the world in new and 
meaningful ways. 

The Visual Future of AI 
​
“The real value of AI will be in making sense of the world through images and data, where 
computer vision plays a crucial role.” — Satya Nadella, CEO of Microsoft. 

The main objective of computer vision is to automatically extract, analyze, and interpret valuable 
information from a single image or a sequence of images. This involves developing theories and 
algorithms that allow machines to better understand visuals without human intervention. 

Computer vision plays a key role in advancing AI and robotics technologies, as well as creating 
new business opportunities. An example is Boston Dynamics' Spot Robot, which uses visual 
data to 'see,' navigate, and interact with its surroundings through advanced processing. 

By incorporating computer vision, businesses across various industries are pushing 
technological boundaries. In industrial settings, it enhances automation and self-driven 
machinery, adding intelligence and improving system capabilities in sectors like automotive, 
manufacturing, agriculture, defense, and retail. The future belongs to leaders who embrace 
technologies like AI and Deep Learning. Integrating computer vision now will undoubtedly 
position businesses as industry pioneers. 

 

https://bostondynamics.com/products/spot/


 

​
 

The Magic Behind Computer Vision: A Historical 
Breakdown 
The intent of Computer vision is to replicate human vision by using AI to analyze and interpret 
visual data, typically from images or videos. In humans, the process begins as light enters our 
eyes, processed through intricate neural pathways and boom… we recognize our surroundings. 
For machines, the process starts at the pixel level, where the AI begins to extract meaningful 
information. To fully understand computer vision, it's essential to explore its historical evolution 
and advancements. 

In the 1700s and 1800s, scientific curiosity about light and vision led to innovations like 
photography, which revolutionized astronomy and paved the way for modern imaging. In 1884, 
Kodak introduced the first camera system, a key milestone in imaging history. 

Although the digital era began in 1957 with Dr. Russell Kirsch’s "Cyclograph," a scanner that 
converts images into numbers using the SEAC, the U.S.'s first programmable computer. Optical 
Character Recognition (OCR) began back in 1913 when Dr. Edmund Fournier d’Albe invented 

 

https://www.nist.gov/mathematics-statistics/first-digital-image


the Optophone to scan and convert text into sound for visually impaired people (fast forward to 
a century later, in almost reverse, we get to see an invention that turns speech to text for people 
who are hearing impaired). Since the early 1900s, OCR has experienced multiple 
developmental phases. In the 1990s, the technology became prominent with the digitization of 
historical newspapers.  

In 1962, David Hubel and Torsten Wiesel's research on how the brain processes visual 
information laid the foundation for modern neural networks in computer vision. By 1967, 
Woodrow Bledsoe's work on facial recognition using edge detection marked a breakthrough. 
One year later, Ivan Sutherland’s "Sword of Damocles" introduced head-mounted displays, 
paving the way for AR and VR technologies. 

In 1972, Richard Duda and Peter Hart developed the Hough Transform for detecting shapes, 
advancing object recognition. The Mumford-Shah model in 1989 improved image segmentation, 
a method still used today in fields like medical imaging. 

The 1990s saw major advancements like the Eigenfaces algorithm for facial recognition and 
David Lowe’s Scale-Invariant Feature Transform (SIFT), crucial for object detection. In 2012, 
AlexNet demonstrated the power of convolutional neural networks (CNNs), reshaping image 
classification. 

Faster R-CNN in 2015 revolutionized object detection with rapid, accurate results, crucial for 
applications like autonomous vehicles. OpenPose in 2017 enhanced real-time human pose 
estimation, and Mask R-CNN advanced pixel-level segmentation. 

YOLO v3 (You Only Look Once) in 2018 sped up object detection, while EfficientNet in 2019 
balanced accuracy and efficiency for low-power devices. Vision Transformers (ViT) in 2020 
introduced new approaches for image classification. 

Finally, OpenAI’s GPT-3 blurred the lines between vision and language, applying AI to generate 
natural language descriptions from images. This demonstrated the growing convergence of 
machine vision and human-like understanding, pushing the boundaries of what AI can achieve. 

As AI and machine learning continue to evolve, computer vision will revolutionize fields like 
autonomous vehicles, AR, and facial recognition, driving future innovations that will shape our 
world. 

 

https://www.wired.com/story/xrai-glass-caption-ar-glasses-first-look/
https://pmc.ncbi.nlm.nih.gov/articles/PMC1359523/
https://pmc.ncbi.nlm.nih.gov/articles/PMC1359523/
https://www.wired.com/story/secret-history-facial-recognition/
https://dl.acm.org/doi/abs/10.1145/1476589.1476686
https://comp-eng.binus.ac.id/files/2012/04/R.O.-Duda-Use-of-the-hough-transformation-to-detect-lines-and-curves-in-pictures.pdf
https://dash.harvard.edu/bitstream/handle/1/3637121/Mumford_OptimalApproxPiece.pdf?sequence=1
https://www.cin.ufpe.br/~rps/Artigos/Face%20Recognition%20Using%20Eigenfaces.pdf
https://www.cs.ubc.ca/~lowe/papers/iccv99.pdf
https://dl.acm.org/doi/abs/10.1145/3065386
https://proceedings.neurips.cc/paper_files/paper/2015/file/14bfa6bb14875e45bba028a21ed38046-Paper.pdf
https://openaccess.thecvf.com/content_cvpr_2017/html/Cao_Realtime_Multi-Person_2D_CVPR_2017_paper.html
https://openaccess.thecvf.com/content_ICCV_2017/papers/He_Mask_R-CNN_ICCV_2017_paper.pdf
https://arxiv.org/abs/1804.02767
https://proceedings.mlr.press/v97/tan19a.html?ref=jina-ai-gmbh.ghost.io
https://arxiv.org/abs/2010.11929


  

Top 5 Computer Vision Use Cases With Still Images 

1.​ Object Detection 
In "still images," identifying and locating objects within a static frame is essential for many 
industries. Algorithms like YOLO (You Only Look Once) and R-CNN (Region-based 
Convolutional Neural Networks) are commonly used for this. 

Object Detection in Retail and Manufacturing 
Object detection is important for industrial quality control, as they can identify key features like 
size, shape, texture, and color of products. In manufacturing and retail, these systems sort and 
grade products, reducing losses and enabling corrective actions. A robust computer vision 
system can efficiently perform quality control tasks around the clock. 

With object detection, Amazon has accelerated processing times by up to 50%, handling 
millions of orders daily with fewer errors and significant cost reductions. In 2020, Amazon 
reported reducing its average delivery time to one day for Prime members in the U.S., as a 
result of optimized warehouse automation using object detection. 

 

https://blog.roboflow.com/retail-store-item-detection-using-yolov5/
https://aws.amazon.com/blogs/machine-learning/streamlining-data-labeling-for-yolo-object-detection-in-amazon-sagemaker-ground-truth/


2.​ Image Recognition 
Image recognition is the ability of computers to identify and classify specific objects, places, 
people, text and actions within digital images and videos. The Image Recognition market is 
projected to reach $13.72 billion in 2024. It is expected to grow at an annual rate (CAGR 
2024-2030) of 8.71%, reaching $22.64 billion by 2030. Globally, the United States is anticipated 
to have the largest market size, valued at $3.658 billion in 2024. 

Image Recognition in Healthcare 
Speed and precision are vital for saving lives, making quick diagnostics crucial for preventing 
conditions, prolonging life, and improving health. Image recognition, such as using convolutional 
neural networks for brain tumor detection, X-ray screening and MRI analysis reduces human 
error and enhances early identification and treatment, significantly improving medical services. 
Tumor detection solutions boast an impressive 97% in all of these dimensions accuracy, 
precision, specificity, sensitivity, and dependability. 

Zebra Medical Vision, is recognized for its AI-driven imaging solutions that have made 
significant strides in healthcare diagnostics. Their algorithms achieve an impressive 90% 
accuracy, offering healthcare providers more reliable diagnostic tools, reducing diagnostic 
errors, and minimizing the need for repeat scans.  

3.​ Facial Recognition  
The Facial Recognition market is projected to reach $4.94 billion in 2024, with an annual growth 
rate (CAGR 2024-2030) of 9.34%, reaching $8.44 billion by 2030. Facial recognition works by 
mapping and analyzing key facial features—such as the eyes, nose, and mouth—and 
comparing these unique facial landmarks against a database of stored images in order to verify 
or identify individuals. Facial recognition uses computer-generated filters to convert face images 
into numerical expressions for comparison, leveraging deep learning and artificial neural 
networks. For instance, the iPhone's TrueDepth camera projects thousands of invisible dots to 
create a facial depth map and capture an infrared image, ensuring precise face data. 

How Facial Recognition is Augmenting the Cosmetics Industry 
With the global skin care industry said to reach 210.7bn USD by 2028, the adoption of AI is 
proving to be a difference maker. The integration of facial recognition systems aid in analyzing 
an individual's skin tone, texture, and facial structure. This allows beauty businesses to provide 
tailored recommendations based on each customer's unique needs. Whether suggesting the 
perfect foundation shade, a suitable skincare regimen, or a flattering hairstyle, face recognition 
technology enhances the customer experience with personalized beauty recommendations, 
thus boosting satisfaction. 

L'Oréal utilizes advanced facial recognition and AI-powered analysis to create personalized 
beauty recommendations. Their AI-powered apps, like the Makeup Genius and Perso, analyze 
skin tone, texture, and facial features in real-time to suggest products such as foundation, 
concealer, and skincare items. L'Oréal has achieved impressive results with these tools, 
including a 30% increase in customer engagement through personalized, interactive shopping 
experiences. 

4.​ Image Segmentation 

 

https://www.statista.com/outlook/tmo/artificial-intelligence/computer-vision/image-recognition/worldwide
https://www.mdpi.com/2673-4591/62/1/1#:~:text=Machine%20Learning%20Methods,sensitivity%2C%20and%2097.41%25%20dependability.
https://www.hbs.edu/faculty/Pages/item.aspx?num=55060
https://www.statista.com/outlook/tmo/artificial-intelligence/computer-vision/facial-recognition/worldwide
https://support.apple.com/en-us/102381#:~:text=The%20TrueDepth%20camera%20captures%20accurate,infrared%20image%20of%20your%20face.
https://www.statista.com/forecasts/1268473/worldwide-revenue-skin-care-market
https://www.designscene.net/2023/07/face-recognition-technology-beauty-industry.html#:~:text=Face%20Recognition%20in%20Beauty%20Industry&text=Face%20recognition%20systems%20have%20the,unique%20needs%20of%20each%20customer.
https://www.perfectcorp.com/business/blog/makeup/how-loreal-leverages-ai-beauty-assistant-technology-with-beauty-genius
https://www.allure.com/story/loreal-perso-customized-skin-care-makeup-device


Image segmentation is a key technique in digital image processing that involves dividing an 
image into distinct regions or segments based on pixel characteristics. This computer vision 
method enhances object detection by breaking down complex visual data, allowing for faster 
and more efficient processing. It can separate the foreground from the background or cluster 
pixels by color or shape. For example, in medical imaging, image segmentation is used to 
identify and label pixels or voxels that represent tumors in a patient's brain or other organs. 

Image Segmentation for Disaster Resilience 
Floods, occurring annually in many parts of the world, are among the most dangerous natural 
disasters known to man. A key challenge in improving flood monitoring systems is the lack of 
data during flood events. However, with the rapid advancement of information technology, 
computer vision-based flood monitoring has gained attention in the past decade.  

In Malaysia, experimental results show that image segmentation techniques have achieved an 
impressive 95% accuracy on average, significantly enhancing disaster analysis, prevention, and 
monitoring. 

 

5.​ Optical Character Recognition (OCR) 
Optical Character Recognition (OCR) is a powerful technology that automates the extraction of 
text from images, converting it into machine-readable formats. This process, known as "text 
recognition," converts scanned documents, photos, or image-only PDFs into editable digital text, 
significantly reducing the need for manual data entry.  

At its core, OCR identifies individual characters within an image, assembles them into words, 
and structures them into coherent sentences. This digitized output allows users to edit, search, 
and manipulate content as if it were typed directly into a word processor, enabling organizations 
to convert physical records, such as legal documents and contracts, into actionable digital data. 

OCR combines specialized hardware, like optical scanners, with sophisticated software to 
process captured images. The hardware reads printed text, while the software converts it into 
usable digital text. Advanced OCR systems integrate artificial intelligence (AI) to recognize 
different fonts, languages, and even handwritten text with high accuracy. Techniques like 
Intelligent Character Recognition (ICR) extend OCR's capabilities, allowing it to decode complex 
characters and convert handwritten historical documents into editable files. By leveraging AI, 
OCR improves accuracy with distorted or noisy images, ensuring reliable results across various 
challenging inputs. 

Optical Character Recognition in Finance 
In the 1980s and 1990s, OCR technology evolved into the digital domain, significantly 
enhancing its potential. The 1990s saw the rise of commercial OCR software, making it 
accessible to businesses and individuals. Companies like ABBYY, Adobe, and Nuance led this 
charge, enabling users to convert scanned documents into editable text, thereby boosting 
efficiency and productivity. 

OCR has a broad range of practical applications across industries. In finance, it is commonly 
used to digitize historical records, automate data extraction from bank statements, invoices, or 

 

https://www.sciencedirect.com/topics/engineering/medical-image-segmentation#:~:text=Medical%20image%20segmentation%2C%20essentially%20the,%2Dautomatically%20or%20fully%2Dautomatically.
https://www.mdpi.com/2073-4441/12/6/1825
https://www.mdpi.com/2073-4441/12/6/1825
https://www.docsumo.com/blog/optical-character-recognition-history


contracts, customer onboarding, fraud detection, loan approval/credit card proving, and 
enhance overall document management workflows. A report claims that handling invoices 
manually could take up to 14.6 days. For businesses, this means that instead of employees 
manually entering data from scanned documents, OCR can automate the entire 
process—freeing up valuable time and allowing personnel to focus on higher-level tasks. 

OCR’s ability to process multiple file formats, including JPEG, PNG, TIFF, BMP, and PDF, offers 
flexibility and compatibility across different media types. The accuracy of modern OCR software, 
powered by algorithms like Tesseract, ensures that even documents with challenging features 
like shadows or poor resolution can still be converted efficiently. 

By implementing OCR, the Hongkong and Shanghai Banking Corporation Limited (HSBC) has 
reduced document processing times by 60%, achieving substantial time savings and minimizing 
manual errors in compliance reviews. The automation facilitates processing of up to 300,000 
documents daily, improving accuracy, resource allocation, and compliance oversight across 
branches. OCR technology allows the bank to focus human resources on higher-value activities, 
enhancing customer service and fraud detection 

Business Workflow Reformation Through Computer 
Vision  
Imagine a world where human error is minimized, processes are lightning-fast, and repetitive 
tasks are fully automated. That’s the power of computer vision. It augments industries by 
enhancing accuracy, eliminating the inefficiencies of manual tasks, and allowing businesses to 
operate at unprecedented speeds. Whether it’s quality control in manufacturing or facial 
recognition in retail, this technology helps businesses optimize operations, leading to greater 
productivity and significant cost savings. 

A great example of how computer vision technology has significantly boosted production comes 
from Toyota. By integrating AI-driven computer vision systems into 14 of its North American 
factories, Toyota was able to enhance its manufacturing efficiency and safety. The system, 
powered by AI and high-resolution 3D cameras, enables real-time analysis of the assembly 
process, detecting inefficiencies that are often invisible to the human eye. This implementation 
has helped Toyota streamline operations, reduce downtime, and improve the overall quality of 
its processes​. 

Computer vision isn’t just for industry giants—it’s for every business that dreams of doing more 
with less. With pre-trained AI models from ModelNova, small and medium-sized businesses can 
easily adopt this cutting-edge technology without the need for specialized resources. It’s not just 
about keeping up with the competition—it’s about unlocking your business’s full potential. 

By automating tedious, image-based tasks, computer vision allows businesses to shift their 
focus to what truly matters—innovating, building relationships, and delivering exceptional value 
to customers. It’s not just about optimizing workflows—it’s about creating space for meaningful 
growth. 

 

https://www.businessgo.hsbc.com/en/article/from-barcodes-to-texts-leveraging-ocr-for-enhanced-efficiency-across-industries
https://www.globalfleet.com/en/manufacturers/global/article/toyota-apply-artificial-intelligence-boost-efficiency-its-factories?t%5B0%5D=Toyota&curl=1
https://modelnova.ai/


Embracing the Future with Computer Vision 
In 2023, the global computer vision market was valued at USD 20.31 billion and is projected to 
reach USD 175.72 billion by 2032, growing at an impressive compound annual growth rate 
(CAGR) of 27.3%. North America dominated market share with 30.97% in 2023. A key driver of 
this growth is the increasing adoption of AI-powered vision systems across various sectors, 
including agriculture, where they are reshaping processes such as crop monitoring and 
enhancing productivity. 

This technology is helping businesses become more productive and competitive. 

Now is the perfect time for businesses to adopt computer vision to gain a competitive 
advantage. embedUR is the ideal partner for seamless AI integration, offering solutions that 
improve accuracy, speed up operations, and deliver measurable business results. ModelNova’s 
pre-trained AI models, designed for easy deployment on low-power devices, allow businesses 
to quickly implement AI solutions and bring new products to market faster. 

Computer vision has existed in various forms for a long time, but we are only beginning to see 
its full potential. With AI now capable of running on small, low-powered devices, there will be an 
explosion of AI-driven computer vision applications. This growth will be fueled by resources like 
ModelNova, a valuable tool for Edge AI engineers. ModelNova’s repertoire enables rapid 
development of proof of concepts and entirely new applications. 

 

https://www.fortunebusinessinsights.com/computer-vision-market-108827
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