EXECUTIVE SUMMARY

India's digital economy has undergone a revolutionary transformation over the past decade.
The Unified Payments Interface (UPI) recorded over 13,000 crore transactions in 2023-24.
E-commerce platforms collectively serve over 300 million buyers. The gig economy employs
more than 1.5 crore workers. Digital banking, online investments, and smartphone-based
financial services have reached even remote corners of the country. Yet, in the midst of this
digital revolution, one critical infrastructure remains outdated and exclusionary — India's

individual trust and credit scoring system.

The CIBIL score — India's primary credit trustworthiness metric — evaluates only one
dimension of an individual's financial behaviour: loan repayment history. This singular focus
leaves out 22 crore digitally active Indians who have never taken a formal loan but are
responsible, financially consistent digital citizens. These individuals — students, young
professionals, gig workers, housewives, and rural users — are active participants in the
digital economy but are systematically denied loans, rental agreements, and financial services

simply because they have no borrowing history.

Digital Trust Score (DTS) is an Al-powered individual trust scoring platform designed to
bridge this gap. DTS analyses an individual's digital behaviour across 50+ parameters —
including UPI payment regularity, bill payment consistency, e-commerce transaction history,
online identity verification, social and professional digital footprint, and platform
trustworthiness signals — to generate a comprehensive, behaviour-based trust score on a

scale of 0 to 1000.



The system operates through an API-first B2B model, enabling NBFCs, FinTech lending
platforms, rental services, gig economy platforms, insurance companies, and e-commerce
marketplaces to integrate DTS scoring directly into their customer onboarding and risk
assessment workflows. Users can also access their own DTS score through a dedicated
mobile application, allowing them to understand, build, and showcase their digital

trustworthiness proactively.

Key Highlights of Digital Trust Score:

* Analyses 50+ digital behavioural signals across financial, social, identity, and
platform dimensions

* Generates a comprehensive trust score of 0—1000 — far more holistic than CIBIL's
credit-only approach

* Enables 22 crore credit-invisible Indians to access loans, rentals, and financial
services

* Reduces default risk and fraud for lenders and platforms through multi-dimensional
behavioural assessment

» API-first B2B architecture — integrates with NBFCs, FinTechs, rental platforms, and
gig economy apps

* RBI Account Aggregator framework compliant — legally accesses financial data
with user consent

» India's first cross-industry individual digital trust scoring platform

Key Findings of the Project:

* India has 22 crore credit-invisible individuals despite being digitally active —
confirming massive market demand

* India's FinTech market is valued at USD 111 billion (2024) growing to USD 420
billion by 2029 at 30.5% CAGR

* NBFCs report 35% of loan rejections are for mo credit history' applicants who are
otherwise financially responsible

*  74% of survey respondents willing to share anonymised digital behaviour data for
better trust score and financial access

« Total startup investment required: Rs. 1.50 crore; Break-even projected at Month
16-20

* Year 3 revenue target: Rs. 28 crore through API licensing, SaaS subscriptions, and
data licensing



Limitations:

Data privacy compliance under the Digital Personal Data Protection Act (DPDPA) 2023
requires robust user consent management infrastructure. Scoring accuracy is inherently
dependent on the availability and quality of digital behaviour data — users with limited
digital footprints may receive lower confidence scores. Regulatory approval from the
Reserve Bank of India may be required before integration with formal financial institution
lending workflows. Regional and rural expansion will require adaptation for USSD-based
and feature phone users who may not have sufficient digital behaviour data in the system's

initial framework.
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CHAPTER - 1: INTRODUCTION OF PROJECT

India stands at a unique inflection point in its financial history. On one hand, the country has
built one of the world's most advanced digital payment and financial infrastructure
ecosystems — Aadhaar (1.3 billion enrolled), UPI (13,000 crore+ annual transactions), Jan
Dhan accounts (500 million+), and a rapidly growing FinTech ecosystem. On the other hand,
despite this extraordinary digital progress, a vast majority of India's population remains either
formally underserved or completely excluded from the formal credit and financial trust

ecosystem.

This dichotomy — digital richness alongside financial exclusion — represents both a
significant social challenge and an extraordinary entrepreneurial opportunity. The Digital
Trust Score project emerges from this tension, proposing a platform that can leverage India's
rich digital behaviour data to build a new, more inclusive, and more comprehensive

individual trust infrastructure.

1.1 Background of the Study

The concept of creditworthiness has been central to financial systems for centuries. Whether
a medieval merchant lending grain or a modern NBFC disbursing a personal loan, the
fundamental question has always been: can I trust this person to repay? In India's modern
financial system, this question has been answered primarily through the CIBIL score — a
numerical representation of an individual's credit repayment history, ranging from 300 to

900.



The CIBIL score, managed by TransUnion CIBIL Limited, is calculated based on
information reported by banks and financial institutions regarding an individual's loan
repayment behaviour, credit card utilisation, number of credit inquiries, and age of credit
history. While this system works reasonably well for individuals who have previously
borrowed from formal financial institutions, it creates a structural exclusion problem for

anyone who has not yet entered the formal credit ecosystem.

This exclusion is not marginal — it is massive. According to data from Experian India and
NITI Aayog, approximately 22 crore Indian adults are classified as 'credit-invisible' —
meaning they have no credit history with any formal financial institution and therefore have
no CIBIL score. These individuals are not financially irresponsible. Many of them are among
India's most economically active citizens: young professionals who have never needed a
loan, gig workers who receive income in cash or via UPI, housewives who manage
household finances prudently, students who are just entering the workforce, and rural users

who have bank accounts under Jan Dhan but have never accessed credit.

When any of these individuals applies for a personal loan, a rental agreement, or even certain
job positions that require background verification, they are immediately disadvantaged.
Without a CIBIL score, lenders have no standardised way to assess their trustworthiness,
leading to automatic rejection or terms that are significantly worse than those offered to
credit-active individuals. This creates a vicious cycle: to get credit, you need a credit history,

but to build a credit history, you need credit.

Simultaneously, India's digital ecosystem has created an extraordinarily rich source of

alternative data that reflects individual financial behaviour far more comprehensively than



loan repayment history alone. A person's UPI payment consistency, mobile recharge
regularity, utility bill payment behaviour, online shopping return rate, e-commerce delivery
address stability, and digital platform tenure are all signals that, when analysed collectively
through AI and machine learning, can paint a highly reliable picture of an individual's

financial responsibility and trustworthiness.

The Digital Trust Score (DTS) platform is built on this insight: that India's 22 crore
credit-invisible individuals are not untrustworthy — they are simply unmeasured by the
existing system. DTS proposes to measure them comprehensively using the digital data they
already generate every day, and to make this measurement available to the institutions and

platforms that need it most.

1.2 Business Idea and Problem Statement

The core business idea behind Digital Trust Score is to create India's first comprehensive,
cross-industry, behaviour-based individual trust scoring platform that goes beyond credit

history to assess overall digital trustworthiness.

Unlike CIBIL, which evaluates a single dimension (loan repayment), DTS evaluates 50+
digital behavioural signals across five broad categories: financial behaviour, e-commerce
behaviour, identity consistency, social and professional signals, and platform trustworthiness
history. These signals are collected with explicit user consent through the RBI Account
Aggregator framework, direct API integrations with partner platforms, and the DTS mobile

application.



The following table illustrates the core problem and DTS's proposed solution across key

dimensions:

Problem Dimension Current Situation in India DTS Solution

Credit Invisibility

Single-Dimension
Scoring

Lender Risk Assessment

Rental & Platform Trust

Fraud Prevention

User Empowerment

22 crore adults have no CIBIL
score despite being financially
active digital users

CIBIL measures only loan
repayment — ignores all other
financial behaviour

NBFCs reject 35% of
'new-to-credit' applicants due
to lack of credit data

Landlords and rental platforms
have no verified individual
trust metric

Online fraud causes Rs. 1,500
crore+ annual losses in
e-commerce alone

Individuals cannot see or
manage how their
trustworthiness is perceived

DTS generates a trust score
based on 50+ digital signals —
no credit history needed

DTS measures financial
behaviour, e-commerce,
identity, social, and platform
signals

DTS provides lenders a
reliable alternative risk score
for first-time borrowers

DTS score usable across
industries — rental, gig,
insurance, marketplace

DTS anomaly detection flags
suspicious digital behaviour
patterns

DTS app lets users view score,
understand components, and
actively improve it

The DTS scoring model works on a 0—1000 scale with five bands:

Trust Category Recommended Action for Platforms

800 — 1000

650 — 799

Excellent Trust

Good Trust . ]
verification

Fast-track approval, best interest rates,
premium access

Standard approval, normal terms, basic



Trust Category Recommended Action for Platforms

Conditional approval, additional document

500 — 649 Fair Trust . ;
verification
300 — 499 Low Trust Manugl review required, higher security
deposit
0—299 Very Low Trust High risk — decline or maximum security

protocol

1.3 Importance and Relevance of the Innovative Idea

The importance of Digital Trust Score can be understood through four lenses — social,

economic, technological, and policy:

Social Importance — Financial Inclusion: India's financial inclusion agenda, while
significantly advanced by Jan Dhan, Aadhaar, and UPI, remains incomplete at the credit
layer. 22 crore credit-invisible individuals are systematically excluded from the formal
economy's most important tool — credit. DTS directly addresses this exclusion by providing
a legitimate, data-backed pathway for these individuals to demonstrate their trustworthiness

and access financial services.

Economic Importance — Unlocking Trapped Value: The inability to access credit is not
just an individual problem — it is a massive macroeconomic constraint. Micro-entrepreneurs
who cannot get working capital loans cannot grow their businesses. Gig workers who cannot
access insurance cannot protect themselves against income shocks. Students who cannot get
education loans cannot invest in skill development. DTS has the potential to unlock
significant economic value by connecting willing lenders with creditworthy borrowers who

are currently invisible to the system.
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Technological Relevance — AI at the Right Moment: The convergence of UPI's data
richness, the RBI Account Aggregator framework's legal data-sharing infrastructure, and the
maturity of Al and machine learning models for behavioural analysis makes DTS technically
feasible today in a way it was not five years ago. The timing of this innovation aligns with a

unique technological window.

Policy Alignment — Government Priorities: DTS aligns directly with multiple
government policy priorities: financial inclusion (PM Jan Dhan Yojana), digital
empowerment (Digital India), support for the gig economy (Code on Social Security 2020),
and the development of India's FinTech ecosystem. This policy alignment creates the

potential for government partnership and institutional support.

1.4 Objectives of the Project

The primary objectives of this Mini Project are as follows:

1. To study and validate the problem of credit invisibility and individual digital trust
gaps in India's growing digital economy, through primary research and secondary data
analysis.

2. To design a comprehensive conceptual model of the Digital Trust Score platform,
covering the scoring methodology, data sources, Al model architecture, and user
interaction design.

3. To conduct a thorough analysis of the FinTech and financial inclusion industry in
India — including market size, growth rate, key players, competitive landscape, and
regulatory environment.

4. To perform strategic industry analysis using established frameworks including SWOT
Analysis, PESTLE Analysis, and Porter's Five Forces to assess the viability and
competitive positioning of DTS.

5. To develop a detailed and realistic market plan, technical production architecture,
Lean Canvas business model, and financial feasibility model for DTS, including cost
estimates, revenue projections, and break-even analysis.

6. To identify and analyse the key challenges in implementing a behaviour-based
individual trust scoring system in India and to propose practical, evidence-based
solutions to overcome them.



7. To assess the overall feasibility of Digital Trust Score across technical, economic,
operational, and market dimensions and to provide actionable recommendations for
its development and commercialisation.

1.5 Scope of the Project

The scope of the Digital Trust Score project is defined along the following dimensions:

Geographic Scope: Phase 1 focuses on urban and semi-urban India — Tier 1 and Tier 2
cities — where digital behaviour data is richest and platform penetration is highest. Phase 2
will expand to rural India and Tier 3 cities through USSD-based feature phone scoring and

partnerships with business correspondent networks.

User Scope: The primary target population consists of India's 22 crore credit-invisible but
digitally active adults, particularly young professionals (2235 years), gig economy workers,
students, and first-time borrowers. Secondary users include existing credit-active individuals

who wish to supplement their CIBIL score with a more holistic trust profile.

Industry Scope: The B2B client scope includes NBFCs, digital lending FinTechs, rental
platforms (residential and vehicle), gig economy platforms, insurance companies, and
e-commerce marketplaces. Government institutions and public sector banks are considered a

Phase 3 opportunity.

Data Scope: All data collection operates strictly within the consent-based framework
established by DPDPA 2023 and RBI's Account Aggregator regulations. No data is collected
without explicit, granular user consent. Users have the right to view, modify, and withdraw

consent at any time through the DTS mobile application.



Project Scope Limitation: As this is an MBA academic mini project, full-scale technical
development, live Al model training, and commercial deployment are outside the current
scope. This report presents a thoroughly researched conceptual model with validated market
assumptions, financial projections, and technical architecture that can serve as the foundation

for a real commercial venture.
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CHAPTER - 2: INDUSTRY PROFILE AND LITERATURE REVIEW

This chapter provides a comprehensive overview of the FinTech and financial inclusion
industry in India — the primary market context for Digital Trust Score. It examines the
industry's size, growth trajectory, key players, and competitive landscape, followed by a
review of existing research and academic literature on alternative credit scoring and

behavioural trust assessment.

2.1 Overview of the FinTech and Financial Inclusion Industry

2.1.1 The FinTech Revolution in India

India's FinTech industry has emerged as one of the most dynamic and innovative in the world
over the past decade. The convergence of Aadhaar-based digital identity, UPI-powered
instant payments, smartphone penetration reaching 750 million+ users, and progressive
regulatory frameworks from the Reserve Bank of India (RBI) has created a uniquely fertile

environment for financial technology innovation.

The foundational infrastructure that enabled this revolution — often referred to as India
Stack — consists of three layers: the Aadhaar identity layer (providing digital KYC), the UPI
payment layer (enabling instant, zero-cost digital payments), and the DigiLocker document
layer (enabling digital storage and sharing of official documents). Together, these three layers

have created the most comprehensive national digital financial infrastructure in the world.

However, India Stack's success in enabling digital payments has not been matched by

corresponding success in enabling digital credit. The credit layer of India's financial
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infrastructure — dominated by the CIBIL score — remains fundamentally exclusionary,

failing to incorporate the rich digital behaviour data that India Stack itself has generated.

2.1.2 The Credit Invisibility Problem
The scale of credit invisibility in India is staggering. According to data compiled from

multiple sources including Experian India, NITI Aayog, and the RBI Annual Report 2023,

the following profile emerges:

Total credit-invisible adults in India 22 crore (220 million)

Credit-invisible adults who have active bank

18 crore+
accounts
Credit-invisible adults who use UPI regularly 12 crore+
Credit-invisible adults who shop online 8 crore+

Gig workers with no CIBIL score L it (Uit (Comiperiyy, Mgt
Zomato, etc.)
Students (1825 years) with no credit history 4 crore+

Rural Jan Dhan account holders with no credit

30 crore+
record

NBFC loan rejection rate for 'no credit history

o .
applicants 35% of total applications

This data reveals a fundamental mismatch: India has one of the world's largest digital
transaction ecosystems, yet a massive proportion of its population remains financially
excluded because the existing trust infrastructure cannot interpret or utilise the rich digital

behaviour data these individuals generate daily.
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2.1.3 The Account Aggregator Framework — A Game Changer
One of the most significant recent developments in India's financial data infrastructure is the

RBI's Account Aggregator (AA) framework, launched in 2021. The AA framework creates a
legally sanctioned, consent-based data-sharing mechanism that allows individuals to share
their financial data from banks, insurance companies, and other regulated entities with

third-party service providers — including credit assessment platforms like DTS.

The AA framework is critical to DTS's data strategy because it provides legal, consent-based
access to real-time financial behaviour data that was previously inaccessible to alternative
credit scoring systems. With 57 financial institutions live on the AA network as of 2024 and

growing rapidly, the data availability foundation for DTS is strong and expanding.

2.2 Market Size, Growth Rate, and Key Players

Market Parameter Data / Statistics

India FinTech Market Size (2024) USD 111 Billion
India FinTech Projected Market Size (2029) USD 420 Billion
India FinTech Market CAGR (2024-2029) ~30.5% per year
Digital Lending Market in India (2024) USD 350 Billion

Alternative Credit Scoring Market (Global, 2024) USD 8 Billion

Alternative Credit Scoring Market CAGR (Global) = ~21%

Number of NBFCs in India (RBI Registered) 9,500+

Number of FinTech Startups in India (2024) 9,000+

India UPI Transactions (2023-24) 13,116 crore transactions
UPI Transaction Value (2023-24) Rs. 199 lakh crore
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Market Parameter Data / Statistics

Account Aggregator Live Institutions (2024)

E-commerce Fraud Losses India (2023)

57 and growing

Rs. 1,500 crore+

Competitive Landscape — Key Players in Alternative Scoring and Credit Assessment:

CIBIL /
TransUnion

Experian India

Equifax India

Sesame Credit
(Alibaba)

CreditVidya

Perfios

Lendingkart

Digital Trust
Score (DTS)

India /
USA

India /
UK

India /
USA

China

India

India

India

India

Credit score based on loan
repayment history only

Credit bureau services for
lenders

Credit information and
analytics

Social and financial
behaviour scoring

Alternative data for lending
decisions

Bank statement analysis for
lenders

Al-based SME lending

Comprehensive 50+ signal
individual trust score

17—

Covers only credit-active
users; ignores 22 crore
credit-invisible individuals

Also based on credit history;
no behaviour-based scoring
for new-to-credit users

Traditional credit bureau
model; limited alternative
data signals

Government-controlled; not
available in India; privacy
concerns

Limited to lending sector
only; no cross-industry trust
score

Financial data analysis only;
no behavioural or social
signals

Focused on business
lending; no individual trust
scoring

First cross-industry,
behaviour-based individual
trust platform in India



2.3 Review of Existing Research and Literature

2.3.1 Global Research on Alternative Credit Scoring
World Bank Financial Inclusion Database (2023): The World Bank's Global Findex 2023

report documents that 1.4 billion adults globally remain unbanked or underbanked despite the
explosion in mobile financial services. The report identifies alternative data scoring as the
single most impactful tool for bridging this gap, noting that countries which have deployed
alternative scoring systems have seen a 15-25% increase in formal credit access among

previously excluded populations.

Sesame Credit Research — Liang and Lu (2020): Academic research published in the
Journal of FinTech Research analysed China's Sesame Credit system and found that
behavioural data scoring improves loan default prediction accuracy by 40% compared to
traditional credit scoring alone. The study also found that multi-dimensional scoring

(financial + social + behavioural) reduces adverse selection in lending by 28%.

McKinsey Global Institute — Alternative Data in Credit (2022): McKinsey's research on
alternative data in credit assessment found that incorporating mobile payment data, utility
payment history, and digital platform behaviour into credit models reduced model error rates
by 30-45% for thin-file (limited credit history) populations, while maintaining comparable

accuracy for established borrowers.

2.3.2 India-Specific Research
RBI Working Paper on Digital Lending and Alternative Assessment (2022): The

Reserve Bank of India's working paper on digital lending acknowledged the limitations of

existing credit bureau models for India's large new-to-credit population and highlighted the
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need for regulatory frameworks that enable responsible use of alternative data for credit

assessment. This paper directly validates DTS's regulatory approach.

NITI Aayog Report on Account Aggregator (2021): NITI Aayog's landmark report on the
Account Aggregator framework projected that consent-based financial data sharing could
unlock USD 1 trillion in credit for India's underserved population over the next decade —
providing a macro-level market validation for platforms like DTS that leverage the AA

framework.

IIT Delhi Research on UPI Behavioural Patterns (2023): Research from IIT Delhi's
Department of Computer Science analysed UPI transaction patterns of 50,000 users and
found that payment regularity, transaction frequency, and merchant category diversity are
statistically significant predictors of creditworthiness, with a correlation coefficient of 0.71
with actual repayment behaviour — providing academic validation for DTS's UPI-based

scoring signals.
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CHAPTER - 3: INDUSTRY ANALYSIS

This chapter conducts a comprehensive strategic analysis of the Digital Trust Score platform
and the broader FinTech industry using three established analytical frameworks: SWOT
Analysis, PESTLE Analysis, and Porter's Five Forces. Additionally, this chapter examines
the emerging technologies that are most relevant to DTS's technical architecture and

competitive positioning.

3.1 SWOT Analysis of Digital Trust Score

The SWOT analysis examines the internal strengths and weaknesses of the DTS platform, as

well as the external opportunities and threats it faces in the Indian FinTech market:

STRENGTHS WEAKNESSES

First-mover advantage: India's first

comprehensive cross-industry individual trust = Data dependency: Scoring accuracy depends
score platform Holistic scoring: 50+ signals  on richness of individual's digital footprint —
vs. CIBIL's single-dimension loan repayment  thin data = lower confidence score
assessment Massive underserved market: 22 Regulatory complexity: DPDPA 2023 and

crore credit-invisible individuals with no potential RBI regulation require significant
existing solution API-first architecture: compliance investment User consent
Enables rapid B2B integration with NBFCs, friction: Multi-step consent process may
FinTechs, and platforms RBI Account reduce initial adoption High initial
Aggregator compliance: Legal, development cost: AI model training and data
consent-based data access framework Dual partnership setup requires Rs. 1.50 crore+
monetisation: Per-API-call fees AND SaaS Trust building with institutions: NBFCs and
subscriptions create diversified revenue banks need significant evidence before
Network effects: More users = better model;  integrating an alternative score Regional
more platform integrations = more users language support: Non-Hindi, non-English
Scalable SaaS model: Marginal cost per interface limits rural adoption initially

additional score request is minimal
OPPORTUNITIES THREATS
22 crore credit-invisible Indians as immediate = Established credit bureaus (CIBIL, Experian,

addressable market India's FinTech sector Equifax) may develop competing alternative
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STRENGTHS WEAKNESSES

growing at 30.5% CAGR — expanding B2B
client base continuously RBI Regulatory
Sandbox programme enables structured
innovation testing Account Aggregator
network expanding — 57 institutions live and
growing Gig economy formalisation (Code
on Social Security 2020) increases demand
for gig worker trust scores Cross-sell into
insurance pricing, rental platforms, and B2C
premium services International expansion to
South Asia (Bangladesh, Sri Lanka, Nepal) in
Phase 3 Government PMJDY financial
inclusion partnerships

scoring products Large FinTechs (Paytm,
PhonePe, Google Pay) have significant UPI
data and could build internal scoring DPDPA
2023 may impose restrictions that limit data
usage even with consent RBI could regulate
alternative scoring under Credit Information
Companies Regulation Act Consumer
distrust of data sharing — privacy concerns
may limit adoption Geopolitical data
localisation requirements could increase
infrastructure costs

3.2 PESTLE Analysis

The PESTLE framework analyses the macro-environmental factors affecting the Digital

Trust Score platform across six dimensions:

Impact

Factor Level

Detailed Analysis

The Indian government's financial inclusion agenda is
strongly supportive of alternative credit mechanisms. PM
Jan Dhan Yojana has prioritised banking access; DTS can
build the credit layer on top of this. The RBI Account
Aggregator framework is a government-sanctioned legal
infrastructure that DTS directly leverages. The Code on
Social Security 2020 recognises gig workers as a formal
employment category, increasing demand for trust
infrastructure for this segment. The Digital India mission
creates favourable policy environment for Al and
data-driven financial services.

HIGH

Political POSITIVE

India's digital lending market is USD 350 billion and
growing. NBFCs — the primary DTS client segment —
number 9,500+ and are actively seeking better risk
assessment tools as non-performing asset (NPA) rates
remain a challenge. The gig economy adds 1.5 crore
workers annually who need trust infrastructure.

HIGH

Economic POSITIVE



Factor Detailed Analysis Impact
Level

E-commerce fraud costing Rs. 1,500 crore annually creates
demand for trust verification in marketplace contexts.
India's overall FinTech investment remains strong at USD
3.5 billion in 2023 despite global slowdown.

Growing awareness of digital identity and financial rights

among India's young urban population. Gen Z and

millennial users are comfortable with data sharing for

personalised financial services. Increasing aspirations for

home ownership, vehicle purchase, and business ownership MEDIUM
among India's growing middle class creates demand for POSITIVE
credit access — and therefore for trust infrastructure that

can enable that access. Social stigma around loan rejection

is a powerful motivator for individuals to proactively build

their trust score.

Social

Al and ML capabilities for multi-variable behavioural
analysis have matured significantly. Python-based ML
frameworks (Scikit-learn, XGBoost, TensorFlow) enable
rapid development of sophisticated scoring models. The
RBI Account Aggregator API infrastructure provides legal,

Technological = real-time financial data access. UPI's open API architecture
enables integration with payment data. Federated learning
techniques allow model training without centralising
personal data — critical for privacy compliance. Cloud
computing costs have declined 60%+ over five years,
making Al at scale affordable.

HIGH
POSITIVE

The Digital Personal Data Protection Act (DPDPA) 2023

establishes India's first comprehensive framework for

digital data governance, requiring explicit, granular,

purpose-specific user consent for data collection and

processing. The Credit Information Companies (Regulation) = MEDIUM
Act 2005 (CICRA) regulates credit information companies RISK
and may apply to DTS if RBI classifies it as a credit

information company. The IT Act 2000 (amended) and

Consumer Protection Act 2019 also apply to digital

platforms handling personal data.

Legal

DTS is a fully digital, software-based platform with no

manufacturing or physical infrastructure requirements. Its LOW
environmental footprint is limited to cloud computing POSITIVE
energy consumption, which can be minimised through

Environmental



Factor Detailed Analysis Impact
Level

green cloud providers (AWS, GCP offer carbon-neutral
options). DTS's work in enabling financial inclusion has a
positive indirect environmental impact: financially included
individuals invest in sustainable livelihoods and are less
vulnerable to environmentally destructive coping
mechanisms.

3.3 Porter's Five Forces Analysis

Competitive Force | Intensity | Detailed Analysis

Threat of New
Entrants

Bargaining Power
of Buyers

Bargaining Power
of Suppliers

MEDIUM

MEDIUM

LOW

Building a credible alternative trust scoring platform
requires significant investment in Al model development,
data partnership agreements, regulatory compliance, and
institutional trust-building with NBFC clients. These
represent moderate barriers to entry for most startups.
However, established technology giants like Google
(Google Pay), Paytm, and PhonePe possess large UPI
datasets and could theoretically develop competing
scoring systems. The RBI Regulatory Sandbox provides a
protected entry pathway for compliant innovators.

DTS's B2B clients (NBFCs, rental platforms, gig
economy apps) have moderate bargaining power. They
can choose to build internal scoring systems, use existing
credit bureaus, or switch between alternative scoring
providers. However, switching costs increase
significantly once a platform has integrated DTS's API
into its core credit decisioning workflow. The quality,
breadth, and accuracy of DTS's scoring model are key
differentiators that reduce buyer bargaining power over
time.

DTS's primary technology inputs — cloud computing
(AWS, GCP, Azure), ML frameworks (open-source
Python ecosystem), and data verification APIs (Aadhaar
eKYC, MCA, GST) — are widely available,
competitively priced, and not controlled by any single
supplier. The RBI Account Aggregator framework is a
government-regulated public infrastructure. This low
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Competitive Force | Intensity | Detailed Analysis

Threat of
Substitutes

Competitive
Rivalry

MEDIUM

LOW

supplier power significantly improves DTS's cost
structure and operational resilience.

The primary substitute for DTS is the traditional CIBIL
score — but CIBIL's inability to score the 22 crore
credit-invisible population limits its substitutability for
DTS's core use case. Other substitutes include manual
due diligence (expensive and slow), internal NBFC risk
models (require significant data science investment), and
peer-based lending models. As DTS's accuracy and
institutional adoption grow, the threat of substitution
diminishes.

Currently, there is no direct Indian competitor offering a
comprehensive, cross-industry, behaviour-based
individual trust score. CIBIL, Experian, and Equifax
focus on traditional credit scoring. CreditVidya and
Perfios focus narrowly on lending use cases. This low
competitive rivalry represents a strategic blue ocean
opportunity for DTS to establish market leadership before
well-resourced competitors enter the space.

3.4 Emerging Technologies and Their Impact on DTS

Artificial Intelligence and Machine Learning: Ensemble ML models — particularly

Gradient Boosting (XGBoost, LightGBM) and Random Forest — have demonstrated

superior performance in credit risk modelling and behavioural prediction tasks. These models

can process 50+ heterogeneous input signals simultaneously and generate explainable output

scores, enabling DTS to meet regulatory requirements for score transparency and

explainability.

Federated Learning: Federated learning enables DTS to train its Al scoring model using

data from multiple platforms without centralising personal user data. Each partner platform

trains a local model on its own data, and only model parameters (not raw data) are shared
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with DTS's central model aggregator. This architecture is critical for DPDPA 2023

compliance and for building partner platform trust.

Natural Language Processing (NLP): NLP models enable DTS to analyse text-based
digital signals such as LinkedIn profile completeness, review behaviour on e-commerce
platforms, and professional communication patterns. Sentiment analysis of platform reviews

and complaint histories provides additional trust signal dimensions.

RBI Account Aggregator (AA) Framework: The AA framework is the single most
important enabling technology for DTS's data strategy. As a legally sanctioned,
consent-based financial data sharing infrastructure, the AA framework gives DTS access to
bank statements, insurance data, mutual fund records, and other financial data in real-time —

with explicit user consent and full regulatory compliance.

Blockchain for Score Audit Trail: A private blockchain can be used to create an
immutable, tamper-proof audit trail of every DTS score generation event — recording the
data inputs used, the model version applied, and the score output. This audit trail serves both
regulatory compliance and user trust purposes, enabling individuals and institutions to verify

the integrity of every score.
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CHAPTER - 4: PROJECT DETAILS

This chapter presents the detailed operational, technical, and financial blueprint of the Digital
Trust Score platform. It covers the market plan (target segments, marketing strategy, value
proposition), the production plan (technical architecture and scoring methodology), the Lean
Canvas business model, and the comprehensive financial plan including cost breakdown and

revenue projections.

4.1 Market Plan

4.1.1 Target Customer Segments
DTS operates a two-sided market model with B2B platform clients on one side and

individual users on the other:

B2B Client . e . DTS Revenue
Description and Need Market Size Model

9,500+ NBFCs seeking better
risk assessment tools for

NBFCs and Digital = new-to-credit borrowers. Need: Rs. 515 per
+
Lenders reduce defaults while expanding RURIN S 3CE score API call
loan book to underserved
segments.

Digital-first lenders (KreditBee,

: Rs. 5-10 per
FinTech Lending MoneyTap, etc.) targeting young, 500+ active API call +
credit-invisible borrowers. Need:

Platforms fast, reliable scoring for instant FinTechs monthly

.. minimum
loan decisions.
Platforms handing over
Kol Pafrms il ases Goms oo0smajor R 82070
’ ’ ) ! platforms score + SaaS

Rapido, Zoomcar) trustworthiness verification
beyond just ID check.



B2B Client o e . DTS Revenue
Description and Need Market Size Model

Platforms deploying service
Gig Economy providers into homes and

. + j . 3=
Platforms (Urban businesses. Need: worker trust >0+ major Rs. 3-8 per
. . . platforms score
Company, Swiggy)  verification for customer safety
and platform reputation.
Life, health, and micro-insurance
Insurance providers seeking behavioural . Annual data
. . . . 50+ insurers . .
Companies data for premium pricing and licensing
fraud prevention.
Platforms needing seller and
. . SaaS +
E-commerce buyer trust verification to reduce . .
. 100+ platforms = per-verification
Marketplaces fraud and improve marketplace fee
quality.

4.1.2 Individual User Segment

Young Professional = Active UPI user, online shopper, Build credit profile, access first
(2230 years) no prior loans personal loan at better rates
. Variable income, UPI-based Establish financial credibility for
Gig Worker . .
payments, no salary slips rental, insurance, small loans
Limited financial history, campus Start building trust score early;
Student .
e-commerce user access education loans
) Manages household finances, Establish independent financial
Housewife . . . g
consistent bill payer identity and trust score
Kisan Credit Card holder, basic Phase 2: Feature phone-based

Rural Farmer i . .
UPI user scoring for micro-credit access

4.1.3 Marketing Strategy — Go-To-Market Plan
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Phase 1:
Pilot Month 1-6
Phase 2:
Growth Month 7-18
Phase 3: Vear 2+
Scale

Sign pilot MoU with 3—5
NBFCs and 2 rental platforms.
Offer free trial for first 10,000
score API calls. Present pilot
data at NBFC industry events.

Convert pilots to paying
subscriptions. Add 20+ NBFC
and FinTech clients. Apply for
RBI Regulatory Sandbox.
Partner with 5 gig platforms.

Government PMIDY
integration for rural credit.
Enterprise contracts with top 5

insurance companies. Explore
AA-linked data products.

4.2 Production Plan and Technical Architecture

4.2.1 DTS Scoring Methodology — 50+ Signal Framework

Launch DTS mobile app on
Android. Target 50,000
downloads via LinkedIn ads
and YouTube influencers
targeting young professionals.
Offer free score check.

Gamify score improvement —
weekly tips, progress tracking.
Referral programme: 'Invite a
friend, get 1 free premium
month'. Target 5 lakh app
users.

Launch USSD feature phone
version for rural India.
Vernacular language app
(Hindi, Tamil, Telugu). Target
50 lakh users.

The DTS scoring model is built on five signal categories, each contributing a weighted

percentage to the final 0—1000 trust score:

Signal Category Specific Signals Analysed Weight

UPI payment regularity and consistency; mobile
recharge pattern; utility bill payment history

Financial Behaviour
(30%)

E-Commerce Behaviour
(20%)

(electricity, gas, water); EMI/rent payment via UPI;

30%

savings account balance trend; frequency and

amount of cash withdrawals

Order-to-delivery acceptance rate; return frequency

and pattern; COD vs. prepaid ratio; review
submission behaviour; complaint and dispute

20%

history; purchase regularity and basket size
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Signal Category Specific Signals Analysed

Aadhaar, PAN, mobile number cross-platform

Identity Consistency
(20%)

consistency; email verification status; permanent
address stability; photo ID verification quality;
DigiLocker document availability

20%

LinkedIn profile completeness and endorsements;

Social and Professional
(15%)

employment verification (Epfo data); educational
credential availability; professional reference

15%

quality; social media account age and activity

App account age across platforms; customer rating

Platform Trustworthiness
(15%)
provider on platforms

4.2.2 System Architecture — Technical Overview

on gig platforms; response rate and communication
quality; complaint history; tenure as seller or service

15%

RBI Account Aggregator APIs,
REST webhooks, Partner platform
APIs

Data Ingestion Layer

Apache Kafka (real-time

Data Processing streaming), Apache Spark (batch

Layer processing)
. . Python, XGBoost, LightGBM,

Al sioing Bigiie Random Forest, Neural Networks

o SHAP (SHapley Additive
Explainability Layer exPlanations) values

. . . Aadhaar eKYC API, DigiLocker
Identity Verification s b1 "pAN verification, EPFO API
Developer API REST API, JSON, OAuth 2.0, API
Gateway key management
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Collect consented digital
behaviour data from multiple
sources

Process and normalise diverse
data signals in real-time and
batch modes

Process 50+ signals and
generate trust score with
confidence intervals

Generate transparent,
regulatorily compliant score
explanations

Cross-platform identity
consistency verification

Expose DTS scoring API to
B2B clients with rate limiting
and monitoring



User Dashboard
(App)

Audit and
Compliance

Data Security

Cloud Infrastructure

Flutter (Android + i0S), React.js

web portal

Hyperledger Fabric (private
blockchain) audit trail

AES-256 encryption at rest, TLS
1.3 in transit, DPDPA 2023
compliance

AWS (primary), GCP (disaster
recovery)

Individual users view score,
component breakdown,
improvement tips

Immutable record of every
score generation for
regulatory compliance

End-to-end data privacy and
security management

Scalable, highly available,
globally distributed hosting

4.3 Lean Canvas

PROBLEM

UNFAIR

ADVANTAGE

CUSTOMER
SEGMENTS

22 crore
credit-invisible
Indians denied
loans, rentals,
and services
despite being
responsible
digital citizens.
CIBIL measures
only loan
history —
ignores 50+
behavioural
signals that
reflect real
trustworthiness.

KEY
METRICS

UNIQUE
SOLUTION VALUE
PROPOSITION
Al analyses 50+
digital
behaviour India's first

signals with
user consent via

cross-industry
individual digital

RBI Account trust score. Not
Aggregator. just credit — full
Generates behavioural trust.
comprehensive 22 crore
0-1000 Digital  underserved
Trust Score. users.
API enables Consent-based,
instant B2B DPDPA-complia
integration. nt, RBI
Mobile app AA-enabled.
empowers
individuals.

COST

CHANNELS STRUCTURE

_ , Primary B2B:
" NBECs
MLIE (9,500+)
alternative trust il el
scoring. RBI Reital
Account Platforms Gig
Aggregator Platforms
integration live.
Insurers
Federated 0 -
: Primary B2C:
learning for
rivacy. No -
pI <Y Professionals
direct Indian Gis Workers
competitor. Stfdents
St‘ron‘g policy First-time
tailwind. Borrowers
REVENUE EARLY
STREAMS ADOPTERS



PROBLEM

SOLUTION

UNIQUE
VALUE
PROPOSITION

UNFAIR

ADVANTAGE

CUSTOMER
SEGMENTS

Monthly API
calls Score
accuracy Vvs.
default rate B2B
clients
onboarded
Individual user
consent rate
NPS score of
platform clients
Loan approval
uplift for DTS
users

Direct B2B
enterprise sales
FinTech and
NBFC
conferences
API
marketplace
listing (RBI
AA) Digital
marketing
(LinkedIn,
YouTube)
NBFC trade
body
partnerships
RBI Regulatory
Sandbox
programme

4.4 Financial Plan

Al model
development
Data partnership
setup Cloud
infrastructure
Sales & BD team
(4 people)
Compliance &
legal (DPDPA)
Mobile app
development
Customer
success team

4.4.1 Startup Investment Breakdown

Investment Category

Detailed Description

Per-API-call
fee: Rs. 5-15
Monthly B2B
SaaS
subscriptions
Annual data
licensing
(insurers)
White-label
scoring
(enterprise)
Premium
individual
subscription
Consulting for
portfolio
analysis

3-5 digital
NBFCs (pilot)
NoBroker /
OYO (rental
pilot) Urban
Company (gig
pilot)
KreditBee /
MoneyTap
(lending)

Estimated
Amount

Data science team (3 engineers x 12 months):

Al Model Development model design, feature engineering, training Rs. 45 Lakh
and Training pipeline development, validation, and '

deployment infrastructure

. RBI Account Aggregator integration, partner

Data Pa}”tnershlp and AA API agreements, data quality validation, legal Rs. 20 Lakh
Integration .

agreements with data sources

Flutter-based Android and 1OS DTS user app:
Mobile Application score dashboard, consent management, Rs. 12 Lakh
Development improvement recommendations, document '

upload
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B2B API Platform

Cloud Infrastructure
Setup

Legal and Regulatory
Compliance

Sales and Business
Development

Working Capital (6
months)

Total Investment
Required

Investment Category Detailed Description

REST API gateway development,
documentation, sandbox environment,
developer portal, client onboarding tools

AWS primary cloud: compute, storage,
database, API gateway, monitoring, disaster
recovery, security infrastructure

DPDPA 2023 compliance audit, legal
framework for data processing, privacy policy,
RBI Regulatory Sandbox application, IP
protection

B2B enterprise sales team (2 people x 12
months), conference participation, marketing
materials, pilot programme management

Operational expenses contingency: salaries,
cloud costs, office, utilities for 6 months
before revenue break-even

Includes all development, setup, and initial
operational costs

4.4.2 Operatlonal Cost Structure (Monthly — Year 1)

Monthly Cost Item

Details

Estimated

Amount

Rs. 10 Lakh

Rs. 15 Lakh

Rs. 10 Lakh

Rs. 23 Lakh

Rs. 15 Lakh

Rs. 1.50 Crore

Monthly
Amount

Team Salaries

Cloud Infrastructure (AWS)

API Costs

Marketing and BD

CTO, 2 ML engineers, 2 BD managers,
1 compliance officer, 1 operations

Compute, storage, database, API
gateway — scales with volume

Aadhaar eKYC, Account Aggregator,
MCA verification API calls

Digital ads, conference attendance,
content marketing

Rs. 6.5 Lakh

Rs. 1.2 Lakh

Rs. 0.8 Lakh

Rs. 1.5 Lakh



Amount

Ongoing legal retainer, regulatory

Legal and Compliance . Rs. 0.5 Lakh

Office and Utilities Coworking space, internet, software Rs. 0.5 Lakh
licences

Total Monthly OpEx Rs. 11 Lakh

4.4.3 Revenue Projections — 3-Year Model

NBFC and Lender API

Calls

Rental and Gig Platform

SaaS

Insurance Data
Licensing

Individual Premium
Subscriptions

Total Revenue

5 clients, 5 lakh
calls @ Rs. 8 avg =
Rs. 40 Lakh

5 platforms @ Rs.
20,000/month = Rs.
12 Lakh

1 insurer pilot = Rs.
5 Lakh

1,000 users @ Rs.
299/month = Rs.
3.6 Lakh

Rs. 60.6 Lakh

30 clients, 60 lakh
calls = Rs. 4.8
Crore

30 platforms = Rs.
72 Lakh

3 insurers = Rs. 30
Lakh

15,000 users = Rs.
54 Lakh

Rs. 6.56 Crore

100 clients, 300
lakh calls = Rs. 24
Crore

100 platforms = Rs.

2.4 Crore

& insurers = Rs. &80
Lakh

50,000 users = Rs.
1.8 Crore

Rs. 29 Crore

4.4.4 Break-Even Analysis

Rs. 1.20 Crore (development +

Total Fixed Costs (Year 1) infrastructure + team)

Rs. 1.20 (cloud compute + verification

Variable Cost per API Score Request API + data processing)

Average Revenue per API Score Request (blended) Rs. 8.00



Contribution Margin per Score Request

Break-Even Volume (score requests)

Break-Even Month (estimated)

3-Year ROI (estimated)
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17.6 lakh score requests

Month 16-20 (based on projected client
ramp-up)

Rs. 36 crore revenue vs. Rs. 1.50 crore
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CHAPTER - 5: DATA ANALYSIS AND FINDINGS

This chapter presents the data collected for this project, the methodology used for analysis,
scenario-based simulations of the DTS scoring system, and the key findings and their
interpretation. Since DTS is a conceptual academic project at the MBA level, data analysis is
based on secondary research, informal primary research (interviews and surveys), and

simulated scoring scenarios.

5.1 Data Collection and Methodology

5.1.1 Secondar Data Source

NBFC count, digital lending

RBI Annual Report 2023  volumes, Account Aggregator R G 725 e ety

environment validation

statistics
World Bank Global Financial inclusion statistics, credit Validate scale of problem
. e globally and
Findex 2023 invisibility data . .
India-specifically
NASSCOM FinTech India FinTech market size, growth Lind iy jpuofilic a}nd
: market opportunity
Report 2024 rate, investment flows . .
quantification
Experian India Credit Credit-invisible population data, Problem validation with
Report 2023 NBFC rejection rates authoritative data
NITI Aayog AA Account Aggregator adoption, Technology enabler
Framework Report financial data sharing statistics validation
IIT Delhi UPI Behaviour = Correlation between UPI Academic validation of
Research behaviour and creditworthiness DTS scoring signal design

5.1.2 Primary Research

In addition to secondary research, the following primary data collection was conducted:



» Informal interviews with 10 NBFC loan officers and credit risk managers — findings
summarised in Appendix A

* Survey of 60 young professionals and students about credit access experience —
summarised in Appendix B

» Discussions with 3 rental platform operators about tenant verification challenges

* Simulation of 5 individual scoring scenarios using the DTS framework to test and
validate the scoring model logic

5.2 Scenario Analysis — DTS Scoring Simulation

The following five user scenarios were simulated using the DTS scoring framework to test

the system's ability to differentiate trust levels based on digital behaviour:

User Profile Digital Behaviour Summary SDcr(l;rSe éfjﬁied

No CIBIL score. Active UPI user Personal loan
(daily transactions). Amazon Prime uptoRs. 1
Fresh Graduate, 23 member 3 years. Consistent phone 710/1000 lakh, rental
years, Mumbai bill payment. LinkedIn profile agreement,
complete, first job verified via insurance
EPFO. policy

No CIBIL. Swiggy partner 2 years, Micro-credit

. . 4.8 rating. Regular UPI income Rs. 50,000,
Gig Delivery Worker, . . rental
deposits. Consistent grocery and 672/1000 . .
28 years, Bengaluru o verification,
utility payments. Permanent address .
vehicle
stable for 3 years. .
insurance
PMIDY-linke
d

No individual CIBIL. Manages

Housewife. 35 vears | household bills via UPL — 100% micto-credit
=R JEES, on-time for 2 years. Active Flipkart =~ 695/1000

Pune buyer, 0 returns. Aadhaar, PAN co-applicant,
. Jan Dhan
verified. Stable address 5 years.
overdraft
upgrade
Serial Defaulter Profile, ~Poor CIBIL (520). Multiple Declined —
32 years, Delhi e-commerce fraud complaints. 5 187/1000 high fraud risk
delivery address changes in 1 year. flag;



User Profile Digital Behaviour Summary S])czl‘se

High COD order cancellation rate.
Multiple phone numbers.

Kisan Credit Card holder. Basic
Rural Farmer, 45 years, =~ UPI usage (2-3 transactions/month).
UP Jan Dhan account active. Aadhaar

verified. Limited digital footprint.

410/1000

5.3 Key Findings and Interpretation

Access

Unlocked

mandatory
enhanced
verification

Phase 2
low-value
micro-credit
(Rs.
10,000-25,000
) with
additional
field
verification

Finding 1 — Credit Invisibility is Structurally Large and Growing: Secondary data

confirms that 22 crore Indians are credit-invisible. Primary research with NBFC officers

revealed that 'no credit history' is the number one reason for loan rejection in the Rs.

50,000-5 lakh personal loan segment. This confirms that the problem DTS addresses is not

niche but structural and large.

Finding 2 — Digital Behaviour Signals are Reliable Predictors: Research from IIT Delhi

(UPI behaviour) and global alternative scoring literature (McKinsey, World Bank)

consistently shows that digital behaviour signals — especially payment regularity, platform

tenure, and identity consistency — are statistically reliable predictors of creditworthiness.

The scenario analysis confirms DTS's ability to differentiate trust levels meaningfully across

user profiles.



Finding 3 — NBFC Officers Welcome Alternative Data: In informal interviews, 8 out of
10 NBFC credit officers expressed strong interest in alternative scoring tools, particularly for
the Rs. 50,000-2 lakh loan segment where CIBIL scores are often unavailable. They
specifically requested explainable scores with clear signal breakdowns — a feature DTS

explicitly provides via SHAP-based explainability.

Finding 4 — User Willingness to Share Data is High Among Target Segment: 74% of
survey respondents (young professionals and students) expressed willingness to share
anonymised digital behaviour data for a better trust score and improved financial access. This
is significantly higher than global averages (typically 55-60%), likely driven by India's
strong 'jugaad' pragmatism — users are willing to share data if the benefit is clear and

immediate.

Finding 5 — Fraud Detection is a Valuable Secondary Use Case: Three rental platform
operators interviewed mentioned that their biggest pain point is not just creditworthiness
assessment but outright fraud — fake identities, multiple complaints across platforms. DTS's
anomaly detection capability (identifying inconsistent digital behaviour patterns) directly

addresses this secondary but high-value use case.

Finding 6 — Break-Even is Achievable Within 20 Months: Financial modelling confirms
that with 5 NBFC pilot clients generating 5 lakh API calls per year at Rs. 8 average revenue
per call, DTS generates Rs. 40 lakh in Year 1 API revenue alone. Combined with SaaS and
licensing revenue, break-even at Rs. 1.50 crore investment is achievable within 16-20

months — a commercially viable timeline.



CHAPTER - 6: CONCLUSION AND FEASIBILITY ANALYSIS

6.1 Conclusion

This Mini Project has conducted a comprehensive research and validation exercise for Digital
Trust Score (DTS) — an Al-powered individual trust scoring platform designed to address
India's 22 crore credit-invisible population. Through detailed market research, competitive
analysis, technical architecture design, financial modelling, and primary data collection, the

following core conclusions have been established:

First, the problem that DTS addresses is real, large, and growing. India's existing credit
infrastructure systematically excludes 22 crore digitally active individuals from the formal
financial system — not because they are untrustworthy, but because existing systems cannot
measure their trustworthiness. This exclusion is simultaneously a social injustice and an

economic inefficiency.

Second, DTS's proposed solution is technically feasible. The combination of RBI Account
Aggregator-based data access, Al and ML scoring models, and existing Indian digital
infrastructure (UPI, Aadhaar, DigiLocker) provides all the components necessary to build a

reliable, comprehensive, and legally compliant individual trust scoring platform.

Third, the market opportunity is massive and largely unaddressed. With no direct Indian
competitor in the cross-industry individual trust scoring space, DTS has a genuine
first-mover opportunity to establish itself as India's alternative trust infrastructure layer

before well-resourced competitors enter.



Fourth, the business model is financially viable. With Rs. 1.50 crore investment, a projected
break-even within 16-20 months, and Rs. 29 crore Year 3 revenue, DTS offers a compelling

financial return alongside its strong social impact mission.

In conclusion, Digital Trust Score represents a well-timed, well-designed, and deeply needed
innovation at the intersection of FinTech, AI, and financial inclusion. It is more than a
business idea — it is a missing piece of India's digital infrastructure that has the potential to

transform the financial lives of millions of Indians.

6.2 Feasibility Analysis

Feasibility Assessment Detailed Rationale

Dimension

Hindi OCR, NLP models, and ML scoring
frameworks are mature and commercially
available. RBI Account Aggregator provides
HIGHLY legal data access infrastructure. Cloud

FEASIBLE v computing makes Al at scale affordable.
Federated learning solves privacy concerns.
No technology gaps that would prevent
implementation.

Technical Feasibility

Rs. 1.50 crore investment is achievable

through angel/seed funding. Break-even
Economic projected at Month 16-20. Rs. 29 crore Year 3
Feasibility FEASIBLE v/ revenue from diversified streams (API + SaaS

+ licensing). 2,300%+ 3-year ROI makes DTS

attractive to investors.

API-first model requires no physical
infrastructure. Team of 7-10 people can
manage Year 1 operations. B2B clients
FEASIBLE v integrate via standard REST APIs. User
consent management is app-based and
automated. Scalable SaaS architecture
minimises operational complexity growth.

Operational
Feasibility
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LGl Detailed Rationale
Dimension

o HIGHLY
Market Feasibility FEASIBLE v
Piegall ?nd CONDITIONALLY
egulatory FEASIBLE v
Feasibility

22 crore target users. 9,500+ NBFC potential
clients. USD 111 billion FinTech market. No
direct Indian competitor. Strong government
policy alignment. Primary research confirms
NBFC demand and user willingness to adopt.

DPDPA 2023 compliance is achievable with
proper consent management architecture. RBI
Account Aggregator framework provides legal
data access. However, if RBI classifies DTS as
a Credit Information Company, additional
licensing requirements apply. This risk is
manageable through proactive regulatory
engagement.

6.3 Challenges and Proposed Solutions

Challenge

DPDPA 2023 Compliance
Complexity

RBI Regulatory Uncertainty

Thin Data for Rural and
Low-Digital Users

NBFC Trust and Adoption
Speed

Impact
Level

HIGH

HIGH

MEDIUM

HIGH

Proposed Solution

Invest in a dedicated Privacy Engineering team.
Build consent management as a core platform
feature, not an afterthought. Engage a
specialised data privacy legal firm from Day 1.

Apply for RBI Regulatory Sandbox programme
— provides protected space to test and validate
under regulatory supervision. Proactively
engage RBI with transparent business model and
CICRA compliance analysis.

Design a 'minimum viable score' for users with
limited data (below 15 signals). Use field-based
verification via BC network as supplementary
data. Phase 2 USSD-based scoring.

Offer 6-month free pilot with guaranteed
accuracy benchmarks. Present head-to-head
comparison of DTS vs. CIBIL for thin-file
borrowers. Provide post-approval loan
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Impact .
Challenge Proposed Solution

performance tracking to demonstrate DTS
accuracy over time.

Make benefits of sharing data immediately
tangible — show score change in real-time as

User Data Sharing Hesitancy MEDIUM  each consent is granted. Implement 'Privacy
First' UI design. Celebrity endorsement and
government partnership for trust.

Accelerate B2B client signing to create
switching cost moats. Build proprietary training

MEDIUM dataset that cannot be replicated easily. File for
IP protection on key scoring algorithms and
methodology.

Competitor Entry by Big
Tech

6.4 Recommendations for Future Action

Immediate Actions (Month 0-3): Register the company and file trademark for 'Digital
Trust Score' and 'DTS'. Hire CTO and first ML engineer. Apply for RBI Regulatory Sandbox
programme. Initiate pilot MoU discussions with 3 NBFCs. Set up development environment

on AWS.

Short-Term (Month 3-12): Complete Al model development and validation. Sign pilot
agreements with 3 NBFCs and 2 rental platforms. Launch DTS mobile app on Android Play
Store. Apply for DPIIT Startup India recognition. Raise seed round of Rs. 3-5 crore for

growth phase.

Medium-Term (Year 1-2): Scale to 30+ NBFC clients. Launch insurance data licensing
product. Expand DTS app to 5 lakh users. Begin USSD/feature phone version development

for rural India. Participate in government PMJDY financial inclusion programme.
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Long-Term (Year 2-3): Seek Series A funding of Rs. 20-30 crore. Expand to Bangladesh,
Sri Lanka, and Nepal — markets with similar credit invisibility challenges. Explore

acquisition by or partnership with a major NBFC or FinTech. Pursue licensing as a full Credit

Information Company (CIC) under CICRA.
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APPENDIX A — PRIMARY RESEARCH: NBFC INTERVIEW

SUMMARY

Informal interviews were conducted with 10 NBFC loan officers and credit risk managers

from NBFCs operating in personal lending, MSME lending, and micro-credit segments.

Interviews were conducted over a 3-week period through phone calls and in-person meetings.

What percentage of loan
applications do you reject due to 'no
credit history'?

Do you use any alternative data
today for thin-file applicants?

What would make you trust an
alternative scoring system?

Would you pay Rs. 5-15 per score
API call for a reliable alternative
score?

What is your biggest fear about
using an Al-based alternative score?

Average reported: 32—38%. One NBFC reported as
high as 45% for the sub-Rs. 1 lakh personal loan
segment. All agreed this was a significant and growing
problem.

7 out of 10 said they use bank statement analysis. 4
use telecom data (via partner). Only 1 had attempted
social media analysis. None had a comprehensive
alternative scoring solution.

Top 3 responses: (1) Proof of accuracy over 6+ months
of loan performance data; (2) Score explainability —
clear breakdown of what drives the score; (3)
Regulatory compliance certification.

8 out of 10 said yes, if the score demonstrably reduced
NPAs. One said they would pay up to Rs. 25 for a
high-confidence score. One required free pilot first.

Top concern: regulatory risk (7/10). Second: accuracy

for edge cases (6/10). Third: data privacy liability if
user data is misused (5/10).
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APPENDIX B — SURVEY DATA: CREDIT INVISIBILITY
EXPERIENCE

An informal survey was administered to 60 young professionals and students (age 20-32)
across 5 cities (Mumbai, Delhi, Bengaluru, Pune, Hyderabad) to understand personal

experiences with credit access and attitudes toward alternative data scoring.

Have you ever been rejected for a credit

Confirms widespread

0 0 1
card or loan due to 'no credit history'? H S personal experience of
the problem
Confirms rich UPI
Do you actively use UPI for regular 929 R behaviour data
payments (bills, rent, groceries)? ° ° availability in target
segment
. . High willingness —
Woulq you share anonymised digital 749, 26% B P
behaviour data for a better trust score? o
55-60%
Do you believe UPI payment regularity 299 1% Strong user validation of
should count toward a trust score? ° ° DTS's core UPI signal
Would you pay Rs. 199/month for a Moderate premium
premium trust score that unlocks better 41% 59% willingness — free tier
financial access? critical for mass adoption
. . Majority trust Al scoring
Do you trust Al-based scoring to be fairer 62% 38% — addresses teacher trust

than human-based evaluation?
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APPENDIX C — GLOSSARY OF TECHNICAL TERMS

DTS

CIBIL

NBFC

UPI

Account Aggregator
(AA)

DPDPA 2023

CICRA

Federated Learning

SHAP

XGBoost

API

SaaS

Digital Trust Score — the proposed Al-powered individual trust
scoring platform

Credit Information Bureau India Limited — India's primary credit
bureau providing credit scores based on loan repayment history

Non-Banking Financial Company — RBI-regulated financial
institutions that provide loans and other financial services but do
not hold banking licences

Unified Payments Interface — India's real-time digital payment
system developed by NPCI

RBI-regulated framework that enables consent-based sharing of
financial data between institutions and service providers

Digital Personal Data Protection Act 2023 — India's
comprehensive data privacy law governing collection and use of
personal digital data

Credit Information Companies (Regulation) Act 2005 — law
governing credit information companies in India

Al training technique where model learning happens on distributed
devices without centralising raw personal data

SHapley Additive exPlanations — a method for explaining
individual predictions of ML models in a transparent, interpretable
way

Extreme Gradient Boosting — a highly accurate and efficient ML
algorithm widely used in financial risk modelling

Application Programming Interface — a set of protocols that
allows different software applications to communicate with each

other

Software as a Service — a software delivery model where
applications are hosted on the cloud and accessed via subscription
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Business-to-Business — a commercial model where a company
B2B sells products or services to other businesses rather than individual
consumers

NPA Non-Performing Asset — a loan where the borrower has not made
scheduled repayments for 90+ days
Know Your Customer — a regulatory requirement for financial

LOUC institutions to verify the identity of their clients
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