
 

 



The Broken Promise of Traditional Coding Tests 
A candidate submits perfect code. All test cases pass. The syntax is flawless. The 
solution is optimized. 

You hire them. 

Three months later, your senior engineer is rewriting 80% of their code. The logic 
works, but the architecture is fragile. The code is unmaintainable. The technical debt 
is already compounding. 

The assessment worked perfectly. The hire failed completely. 

This paradox is playing out across the industry. The tools that were once the gold 
standard for technical hiring are now delivering false signals—and the cost is 
staggering. 

What's Wrong with Traditional Coding Tests? 
Traditional coding assessments were designed for a world that no longer exists. 
They measure something, but it's not what you think. 

Algorithmic challenges test pattern recognition and memorization. Who has seen 
this problem before? Who can recall the optimal solution fastest? These skills predict 
performance on more algorithmic challenges—not on real-world engineering work. 

Syntax recall questions test memorization, not understanding. In the real world, 
developers look things up constantly. The ability to write flawless syntax from 
memory has almost no correlation with job performance. 

Isolated function writing tests the ability to solve puzzles in a vacuum. It doesn't 
test architecture decisions, code quality, debugging, or collaboration. 

The evidence is clear. HackerRank's 2025 Developer Skills Report found that 77% of 
developers say assessments don't align with real-world tasks and 56% find 
algorithm questions irrelevant to their jobs [1]. When candidates themselves 
recognize that your test doesn't measure what matters, you have a problem. 

"If an AI tool can solve your assessment without human judgment, the assessment 
is testing the wrong thing."  [2] 

The Signal Problem 

Here's the uncomfortable truth. 

Legacy tests produce noise, not signal. A candidate can score highly on an 
algorithmic challenge while writing code that is unmaintainable, unscalable, and 



insecure. The test never caught it. The interview never caught it. You were hired 
based on a signal that didn't predict performance. 

The problem is structural. Traditional assessments focus on output, not process. They 
ask "does the code work?" not "how did the candidate get there?" They reward 
memorization, not problem-solving. They test syntax, not systems thinking. 

The result is a false sense of confidence. You think you've screened for quality. But 
all you've verified is that someone can write code that passes basic test cases. 
That's a low bar. 

The U.S. Department of Labor estimates that a bad technical hire costs at least 30% 
of first-year salary [3]. When you factor in lost productivity, team disruption, and 
recruiting costs, the number climbs significantly higher. 

The AI Tipping Point 
AI has exposed the fundamental weakness in traditional approaches. 

The same tools that engineers use every day can now solve most traditional coding 
assessments without human input. This is not a future concern. It is the current 
reality. 

CodeSignal's 2025 fraud data showed that 35% of proctored assessments were 
flagged for suspicious behaviour, up from 16% the previous year. Entry-level roles 
saw flag rates approaching 40%. Fabric's analysis of over 19,000 technical 
interviews found that 38.5% of candidates exhibited cheating behaviour, with the 
rate climbing to 48% in technical roles. Most concerning: 61% of flagged candidates 
scored above passing thresholds, meaning they would have advanced through the 
process undetected [2]. 

The academic literature is sobering. A 2026 study published by Springer evaluated 
seven detection tools across 1,644 code samples and found critical precision-recall 
trade-offs with significant performance drops when code was even slightly modified. 
Their conclusion: current AI detection tools are unreliable for practical use [2]. 

You cannot solve this problem by adding more detection. You need a fundamentally 
different approach. 

The SCAV Solution 

SCAV replaces the outdated pass/fail model with a multidimensional framework 
that assesses what actually matters. 

What Legacy Tests Measure What SCAV Measures 

Syntax recall Code quality, readability, and maintainability 



Pattern recognition Problem decomposition and system thinking 

Output correctness Architecture decisions and trade-off analysis 

Memorization speed Learning ability and adaptability 

Solo coding AI collaboration and evaluation 

Skills 

Can they implement correct, efficient code using core programming concepts? This 
includes syntax and language control, data structure application, algorithmic 
implementation, edge case handling, and code quality implementation. 

Capability 
Can they understand, structure, and improve solutions? This includes problem 
decomposition, abstraction and modelling, solution strategy selection, system 
thinking, and code evaluation and improvement reasoning. 

AI-Augmented Development 

Can they collaborate with AI tools while maintaining engineering ownership? This 
includes prompt engineering efficacy, AI-assisted iteration, and AI output 
evaluation. 

Velocity 

What is their growth potential over time? This includes learning ability, reasoning 
strength, and critical thinking-driven decision making. 

Academic research validates this approach. A study on automated assessment 
found that code structure and organization—factors like proper function use, 
parameter handling, and modularity—were critical indicators of student 
proficiency [4]. Students who wrote well-structured code performed better across 
multiple evaluation dimensions. 

Similarly, syntax accuracy and test case performance were shown to be 
foundational but insufficient on their own. When test case scores were low or zero, 
the total score was significantly lower, indicating the value of well-balanced 
performance across all areas [4]. This mirrors what SCAV captures through its 
multidimensional approach. 

What SCAV Delivers 

1. Better Shortlists 



Instead of a single pass/fail score, you get a comprehensive profile. You see 
strengths, growth areas, and alignment to specific roles. No more guessing. No more 
debates about "did we get it right?" 

2. Faster Decisions 

One assessment replaces multiple disjointed rounds. Decision data is available 
immediately. You don't wait for write-ups, schedule follow-up interviews, or lose 
candidates to competitors while you deliberate. 

3. Higher Confidence 

Data-backed decisions reduce the anxiety of "did we hire the right person?" When 
you have a profile that tells you exactly what a candidate brings—and what they 
need to develop—you can make offers with confidence. 

4. Reduced Engineer Workload 

Less time spent fixing bad hires. Less time spent in inefficient interviews. More time 
building products. Your senior engineers can focus on high-value work instead of 
debugging unmaintainable code. 

Same Time, 3x Better Signal 
The beauty of SCAV is efficiency. It doesn't require more candidate time. It doesn't 
require more recruiter effort. It just uses the time more intelligently. 

Same assessment duration. Same candidate effort. 3x better signal. 

"Most coding assessment platforms still default to basic browser editors because 
they are simpler to build and maintain, not because they produce better hiring 
outcomes. These environments strip away the tools engineers rely on every day."  

SCAV is built for the way engineers actually work. It assesses in realistic contexts, 
not artificial constraints. It evaluates processes, not just output. It measures what 
matters. 

From Noise to Signal 

Traditional coding tests are broken. They were designed for a world without AI, 
without collaborative development, without the complexity of modern engineering. 
They produce noise, not signals. 

SCAV fixes this. It provides a comprehensive, multidimensional evaluation at the 
same time as a legacy test. It delivers better shortlists, faster decisions, higher 
confidence, and reduced engineer workload. 

You don't need to choose between speed and depth. With SCAV, you get both. 



 

Ready to see SCAV in action?  

The next article shows you exactly how to screen for prompt engineering and AI 
debugging skills—the new frontier of developer assessment. 
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