
 

NBA data: 
http://stat-nba.com/navigator.php 
從（00-01）球季開始有上下半場的紀錄，18年、一年82場比賽，共1476場比賽。 
目前想依據上半場的籃板數、投籃命中率、三分命中率、罰球數、犯規、失誤、助攻以及得分做

預測，共八種featurs. 
 
盤口數據： 
https://www.playsport.cc/predictgame.php?action=result&allianceid=3&gametime=20131101 
 
社群網路分析 
-趨勢分析 
-議題影響力 
-用戶關係預測 
>分析結果用途？ 
------------------------------------------------------------------------------------------------------------------------ 
 
Keras word2vector的教學： 
http://gavinhuang.github.io/blog/keras-based-word2vec-tutorial/ 
 
報告 
https://drive.google.com/open?id=1_P-geXMqBHBTkSR6S83TNeDlokTJ7RJO 
 
 
Final project: 
 
nlp相關例子： 
https://towardsdatascience.com/using-nlp-and-deep-learning-to-predict-the-stock-market-64
eb9229e102 
 
有關股票預測模型選擇的PAPER: 
https://drive.google.com/drive/folders/1KBSFRRsg_on5-7fOEQe4FlGejzZuOmAk 
 
Sentece2vector: 
https://tfhub.dev/google/universal-sentence-encoder/2 
https://medium.com/huggingface/universal-word-sentence-embeddings-ce48ddc8fc3a 
 
Glove: 
https://blog.csdn.net/sinat_26917383/article/details/54847240 
https://blog.csdn.net/u014665013/article/details/79642083 
https://ithelp.ithome.com.tw/articles/10194633 
 
Word to Sentence meaning: 
https://nlp.stanford.edu/manning/talks/Simons-Institute-Manning-2017.pdf 
 
 
example of feature importance : 

http://stat-nba.com/navigator.php
https://www.playsport.cc/predictgame.php?action=result&allianceid=3&gametime=20131101
http://gavinhuang.github.io/blog/keras-based-word2vec-tutorial/
https://drive.google.com/open?id=1_P-geXMqBHBTkSR6S83TNeDlokTJ7RJO
https://towardsdatascience.com/using-nlp-and-deep-learning-to-predict-the-stock-market-64eb9229e102
https://towardsdatascience.com/using-nlp-and-deep-learning-to-predict-the-stock-market-64eb9229e102
https://drive.google.com/drive/folders/1KBSFRRsg_on5-7fOEQe4FlGejzZuOmAk
https://tfhub.dev/google/universal-sentence-encoder/2
https://medium.com/huggingface/universal-word-sentence-embeddings-ce48ddc8fc3a
https://blog.csdn.net/sinat_26917383/article/details/54847240
https://blog.csdn.net/u014665013/article/details/79642083
https://ithelp.ithome.com.tw/articles/10194633
https://nlp.stanford.edu/manning/talks/Simons-Institute-Manning-2017.pdf


 

https://www.kaggle.com/bguberfain/a-simple-model-using-the-market-and-news-data/notebo
ok 
 
 
 
 
----------------------------------------------------------------------------------------------------------------------- 
 
期中報告 
資料類別： 
 
wafer_information/Wafer_log 
​ 有WAT.ID  Process.stage Process Tool.ID Time Action 
​ 主要紀錄wafer 在哪一個階段的哪一個Tool，何時進入LOGIN，何時LOGOUT 
Yield裡的 
LT0001.01 代表的意思? (第一批的第一片？） 

 
 
HH/FDC_data/FDC_Stage1.csv 
 

 
 
集束型製程設備的狀態變數編號(SVID):​ ​ ​ ​  

連續不間斷的製程變數稱之為狀態變數，例如濕度、風速、排氣、熱板溫度、 時間

等等。 
 
是否能找出在每個step製成變數對於每個svid的median gap 作為一個feature? 
 
SVID1和SVID2差別? 

http://140.116.158.41:8897/tree/HH/wafer_information


 

ANS:機台類型 
SVID1_Step1和SVID1_Step2差別? 
 
 
HW1: 
WAT vs Yield (pearson correlation) 
 
HW2: 
wafer_information: process stage --tool id (sort by median gap with yield) 
 
 
 
 
idea pitch: 
每個stage中不同svid的平均數與yield的相關性  
​ ​ ​  
​ ​  
 
All of the parameters we have so far: 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



 

wat_data/ 
parameter_set 

 

wat_data/ 
wat_root_cause 

 

wat_data/ wat 



 

 

  

FDC_data/stage
~~ 

 

wafer_informatio
n/ wafer log 

 



 

Yield  

 

 
 
 

yield wat  _c0 = wafer_id 

yield wafer_log _c0 = wafer_id 

yield fdc_data _c0 = wafer_id 

 
features: 
 
fab: 
average/median of svid in every process stage 
 
wat: 
root_cause, parameter_set, watt 
 
檔名和裡面的stage不一樣的有 
stage1,13 ,18都是31 
 
 
 
 
 
 
 



 

---------------------------------------------------------------------------------------------------------------- 
http://140.116.158.43:8889/notebooks/drop%20NA.ipynb程式碼 
FDC_Stage1=FDC_Stage1.where(trim(FDC_Stage1.Stage31_SVID1_Step1)!='NA') 
我把每一個stage的csv檔中選擇SVID_Step1 不為ＮＡ的值挑出來 
這樣應該就是會去除chamber NA的值 
 
FDC_Stage10.write.csv('HH/stage/FDC_Stage10.csv')​
這個是存在hdfs裡面的stage資料夾裡都東西​
如果需要讀的話應該可以從這邊讀乾淨的資料 
 
 
合併檔在hdfs裡HH/stage/mid2_80.csv    mid81_200.csv    mid201_300.csv   共三個 
join的話要用 ‘waferID’ 
 
from pyspark.ml import Pipeline 
from pyspark.ml.classification import RandomForestClassifier 
from pyspark.ml.feature import IndexToString, StringIndexer, VectorIndexer 
from pyspark.ml.evaluation import MulticlassClassificationEvaluator 
 
# Load and parse the data file, converting it to a DataFrame. 
data = spark.read.format("libsvm").load("data/mllib/sample_libsvm_data.txt") 
 
# Index labels, adding metadata to the label column. 
# Fit on whole dataset to include all labels in index. 
labelIndexer = StringIndexer(inputCol="label", outputCol="indexedLabel").fit(data) 
 
# Automatically identify categorical features, and index them. 
# Set maxCategories so features with > 4 distinct values are treated as continuous. 
featureIndexer =\ 
    VectorIndexer(inputCol="features", outputCol="indexedFeatures", maxCategories=4).fit(data) 
 
# Split the data into training and test sets (30% held out for testing) 
(trainingData, testData) = data.randomSplit([0.7, 0.3]) 
 
# Train a RandomForest model. 
rf = RandomForestClassifier(labelCol="indexedLabel", featuresCol="indexedFeatures", numTrees=10) 
 
# Convert indexed labels back to original labels. 
labelConverter = IndexToString(inputCol="prediction", outputCol="predictedLabel", 
                               labels=labelIndexer.labels) 
 
# Chain indexers and forest in a Pipeline 
pipeline = Pipeline(stages=[labelIndexer, featureIndexer, rf, labelConverter]) 
 
# Train model.  This also runs the indexers. 
model = pipeline.fit(trainingData) 
 
 
 
 

http://140.116.158.43:8889/notebooks/drop%20NA.ipynb


 

WAT using PLSR 
TOP 20 VIP score: 
 
('WAT1036', 2.483739861057725)​
('WAT2985', 2.422242049574934)​
('WAT2848', 2.1990348543163294)​
('WAT748', 2.0482288785042795)​
('WAT517', 1.976433769145779)​
('WAT1477', 1.9581630955602245)​
('WAT33', 1.952304726606573)​
('WAT2064', 1.9073156190404252)​
('WAT2086', 1.881534819170371)​
('WAT1707', 1.549297648424166)​
('WAT2871', 1.5491255422894321)​
('WAT1920', 1.5489650886320314)​
('WAT845', 1.5483752552917456)​
('WAT2768', 1.5480766672322124)​
('WAT882', 1.5477374304674367)​
('WAT710', 1.5470169628989725)​
('WAT308', 1.546955073607509)​
('WAT116', 1.5464957942353468)​
('WAT2336', 1.5462959677894859)​
('WAT2450', 1.5451915632394932)​
 
 

 
 
 
 
 



 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
資料存在hdfs HH/stage裡分為mid2_80.csv mid81_200.csv mid201_300.csv 
 



 

資料存在hdfs HH/stage裡分為mid2_80.  
mid81_200.csv mid201_300.csv
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