B EHRSHT 111

Announcement

NSRRI, FEEBIBEERR (https:/forms.gle/XCBUGtB15zEKRIQWA,, ifi 55 12 B 2
% — B AT ES500F 2SR E LIE-mailFiE AR R EER (MUST), IRIREAR T EARRE

M BB R E ? INAI B Z 8 AR E (Social Opinion Proposal Template) , IR B&&E

BProposalzl R E, FFE EMR Proposalst KR E BT,

Description

REEMBETFEL AANSALURERLEES, FAit, EE. EHhiME. RFIE. RE. EA.
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Purpose

AFRAMEES F—ERHEARNMRAZILARTE ARENTEEUSHFEN L
MERDTAE. ERMEFENT S ITHRASIRE. PTT. #5. YOUTUBES, HHREH
Ex FARR I, AERFRAG LIYOUTUBEER HEH 24 X . IRERBIEMFUEER M. S RHE., BB
REMEME., BB, BEERRAEZLETERETE. BIERI MR —E/NRX.

FEEHRNMIXAFHNSESE SERRA XEADEH. XA E, BETE. T8
REE RTAENERANEN, HEEEREMNARENEBRANRT 5 E0ERRHEEE
HERMEE PEGFEEEZMEIBT, BBELMER

Requirement

AEHRENTR2ERTE ANEssay, FUHBERADNTHER, UERAZRENBULERE.
MEBEE. KEERE. FFEHENEE  EscayRRERSHETH. TTRRAE. UBER 218
BERLDRXEE. ARAE MODAERR REEBURKEENRGE. FEEREEE
. AU ERFE. I EARFERFAER BT ARURHEENHARFAEZLBE
Wiz LR IER

ARBUFEXFESLERE ERELAEVBE-—SHANEXRE, BFHERABITER
BEANBE. PESHERKBIINMEMRXESTAZE RMECHRERBEEEITERE.
BABIEERLREATLUE, FIGERREFED,


https://forms.gle/XCBU6tB15zEKRrQWA
https://docs.google.com/document/d/1vOSsqgV1NMOi7WTWw-iNs-J1IgwRqEsDARPLz60GZjg/edit?usp=sharing

Textbook & Resources

e PDF of Reference https://paperpile.com/shared/HzGKFN
e Stefanowitsch, A. (2020). Corpus linguistics: A guide to the methodology.
Language Science Press. Corpus linguistics

e Text Mining: A Guidebook for the Social Sciences (sagepub.com): This book can
be accessed for free through NTU VPN. It was written by Gabe Ignatow and Rada

Mihalcea. The former is a sociologist from North Texas and the latter is a computer
scientist. In addition to introducing the common techniques of text mining, the book
also introduces three traditional social science methods related to text mining, including
thematic analysis, narrative analysis, and metaphor analysis.

e Jungherr, A. (2015). Analyzing Political Communication with Digital Trace Data:
The Role of Twitter Messages in Social Science Research. Springer International
Publishing. https://doi.org/10.1007/978-3-319-20319-5

e Desagulier, G. (2017). Corpus Linguistics and Statistics with R. Springer International
Publishing. https://doi.org/10.1007/978-3-319-64572-8

e Jockers, M. L., & Thalken, R. (n.d.). Text Analysis with R. Springer International
Publishing. https://doi.org/10.1007/978-3-030-39643-5

e Baker, P. (2006). Using Corpora in Discourse Analysis. A&C Black.
https://play.google.com/store/books/details ?id=QMsSpoNX2EMC

e (guanteda tutorials :: Tutorials for quanteda

Grading Policy

Bssay (45%)
(All presentations are peer-graded by classmates)

Pitching and research questions 5% (Standup presentation + doc)
Literature review & Methods 5%
Exploratory data analysis 5% (Presentation + doc)
Final essay and presentation 30%: (Presentation 5%, Essay 25% at least 10 pages in
APA format with correct reference style, and figure/table captions)
a. Completeness (15%), Writing format and APA (5%), Logic (5%)

e

Bssignments & Practice (55%)

e [Mote-taking Readings:15%: Summarize paper with bolded title

e [Reporting Selected topics 15%: Select one topic to report and lead discussion

e Implementation 25%: Keyness, Collocation and POS, word embeddings, and topic
modeling. Required to implement skills or algorithms for specific topics such as political
communication, health communication, or user modeling (Examples of tech collocation
with PMI, topic modeling and visualization, crawling wiki DB for improving tokenization,
using the tech word-embedding for doc classification). Each assignment has two
weeks to work on, but there will be no delay in due dates

Calendar

Date

Tutorials Students



https://paperpile.com/shared/HzGKFN
https://library.oapen.org/handle/20.500.12657/43768
https://methods.sagepub.com/book/text-mining
https://tutorials.quanteda.io/

Social Opinion Research overview:
; /90 1. Twitter related researches overwgw o Mote Taking
2. Journals, papers, scholars, and issues (Stereotypes, polarizations,

echo chambers, and filter bubble)

3 | 3/06 | Computational linguistics and text mining for Political Communication

Process of information retrievals & Research Designs

4 | 3/13 e (Gathering corpus for Youth representation on news gstltec?:kgi]nl
e Populist and Populism: Big data methods vs. Survey 9
Keyness
5 |3/20 e Anomaly detection, event detection, and Hashtag activism Mote Taking

e @ Student report by Z2EIE

Key Influencer
e Netizen, spammer, cyber warrior, and key influences in digital
diplomacy and Information operation Dote Taking
e B Student report by 3EEEE

6 |3/27

N-gram, Collocation & Network method applications BLiterature Review &
8 |4/10 e How collocation network vis assists text understanding Method
e [ Student report by AR #& B Keyness & Collocation
9 | 4/17 | Topic Modeling: Reliability and Interpretability Mote Taking

Topic modeling, Agenda-setting and Framing

10 | 4/24 e B Student report by kM A Topic Modeling
Word embeddings and stereotypes .
11| 5/01 e |deology scaling of US’s News Media BExploratory data analysis
Ideology Scaling & ENA
e Wordfish, WordScore, Filter bubble, echo chamber and Word Embeddings
12 | 5/08 . .
segregation Dote Taking

e @ Student report by FEEE

Sentiment analysis, POS, and Emoji
13 | 5/15 e Dictionary methods: Using E-hownet, Snownlp, and NTUSD Mote Taking
e @ Student report by EEfl

Stance-based sentiment analysis & Classification: Support vs. against
14 | 5/22 e Support or against Hillary? Stance toward climate and feminist
issues.

15 | 6/29 | Concluding

17 | 6/12 | BFinal Presentation (In-Class)

Weekly




W1 Overview
o TMOO_OVERVIEW

Reference
e Jungherr, A. (2015). Analyzing Political Communication with Digital Trace Data: The Role
of Twitter Messages in Social Science Research. Springer International Publishing.
https://doi.org/10.1007/978-3-319-20319-5

Take-home Practice I: Twitter as corpus

Twiter AN EM B Z NG, BAEER. B, 3. @it EFHESEWAFTAENR, LA
UHEIRESHEMMENBAHS,. 182 ER2 B RE. X2 . E58%5. SEFEERA
TE%W#E%HK%"%E%%E’JH%EE, :!Zu§1’]’EE"IﬁE¢k5CFku§§$E¥EEEE o

1 Google ScholargtJungherr, A. (2015). Analyzing Political Communication with Digital Trace Data:;
The Role of Twitter Messages in Social Science Research. Springer International Publishing. #k:#—

BX, 52857 SMOA-PaperDBH , F 21701t A E#.

Reading for next next week

T EMXBPHE—TR, EREMANXEAERE. 51HEES 27 UM R R 2 8035 R
niﬂ’]’ﬁ'ﬁ ZHBH? XARFEEISHLMUE LR P, BHEHEABERS T, XARDREHEE
ERAEBNEHBUAER LMER . IFIREEMR B A ZSMOA-PaperDB,

BE-REEEREMREEL— FFRES, EFIRIEH R R HSEAGoogle Translatesk £
ARZBAFRLUANIE EHEXFLAZBIEN. EEEEY, EERAHENERME. TEAR
B, Rt BT LU AR M52 51 B2 14 B SXRR B FAE 1B 12 BA Z 8% Notion Pageh, ZRIZ {1 HE B 47 47 B 3B 1B 3%
RRKEEEEA, LA R, IRFTLASR B IR Z Mt E 10007, B H th AR A EEPDFRY A X AHEM,

E8 Table

S SMOA-PaperDB

® Week Aa Title = Citation ® Year ® Noteby = Notes = Tags = APA

W1 [% Stance detection for online public Caoetal. (2022) 2022 Hsieh A review of all stance-based  Stance Cao, R., Luo, X.,
opinion awareness opinion analysis

New

W3 Computational Linguistics and text mining for Political Comm.
TMO02-Ling_Comm_PoliSci_Computing
Reference

e Wilkerson, J. D., & Casas, A. (2016). Large-scale Computerized Text Analysis in Political
Science: Opportunities and Challenges. Annual Review of Political Science, 20,
529-544,

o EHEFIRAIBUAR(BHEHNB) SEBRIECEMMIEER, flinsiE
Hil—ERIE, AR AT RNEZE, MASNHEREE RS ERTERIA 2
|



https://docs.google.com/presentation/d/1FhuVHTofGSiJlhiDRA1mGL3ZGTZjAi-3ro5cZDFzhBk/edit?usp=sharing
https://docs.google.com/presentation/d/1_m7z3Ob1ovWtJv3pBdaXRHCluqiNLz1vqBaavSlWQRk/edit?usp=sharing
https://doi.org/10.1007/978-3-319-20319-5
https://doi.org/10.1007/978-3-319-20319-5
https://cclab-tm.notion.site/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec
https://cclab-tm.notion.site/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec

e Molina, M., & Garip, F. (2019). Machine Learning for Sociology. Annual Review of
Sociology. https://doi.org/10.1146/annurev-soc-073117-041106

e Theocharis, Y., & Jungherr, A. (2021). Computational social science and the study of
political communication. Political Communication, 38(1-2), 1-22.

e Lucas, C., Nielsen, R. A., Roberts, M. E., Stewart, B. M., Storer, A., & Tingley, D. (2015).
Computer-Assisted Text Analysis for Comparative Politics. Political Analysis: An Annual
Publication of the Methodology Section of the American Political Science Association,
23(2), 254-277. https://doi.org/10.1093/pan/mpu019

W4-1 Corpus

° TMOO Rundown

Barbera. (2021) IR IR EI T B EREMN RS EZNNE S MIREAMHEMS, MUERER
& 2 ona] 38 BRI E A RO H E S B 0 4% 5 7& 2 H8EE (relevant) B BB K R £/ (Representative

)?

fRIEBI BRI E] ?

Xt #gKeyword search#1Subject-based & 7 & Fr 45 & o] ?

XTI 88 (Relevant) JEAT B £ & 14 (Representative) |2 EE R ? #RMWHAEME,
HEAXKAM? 2BERRMK?

Example:
o Fathering keywords: i1 R Z{#ffBabyMotherkR FI R B imid, #HZ N, Xk KR 2 E1ER
BEKRM%E?

o MREMFEANMFHETL, MR FENIZEHREERRME?

MEEEREARAER CEEHLEMEHE, MRIEITIRIREMREILENENGE, &
ARBEZRARRTRSIKENRENEHNEER. MREZAMRFHING LEERE

Ei7)

BEBRESEMEE YAEHBHMTHRRFRAEMEBIKEIHEFEMEN, BREK

WA DU, ARRFEPRAZRAFES (KA ER) WEMEER, REMEZERT
B2 RIREMBER? HREEE AW ?

° TMO2-Introduction to NLP
P ng C Noti

e https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-c
onstructionalization

5] 2% R GER

Reference

e Barbera, P., Boydstun, A. E., Linn, S., McMahon, R., & Nagler, J. (2021). Automated
Text Classification of News Articles: A Practical Guide. Political Analysis, 29(1),
19-42. https://doi.org/10.1017/pan.2020.8

e Hyland, K., & Tse, P. (2005). Hooking the reader: a corpus study of evaluative that
in abstracts. English for Specific Purposes, 24(2), 123-139.
https://doi.org/10.1016/j.esp.2004.02.002

e Liu, M. C., & Chang, C. (2012). The degree-evaluative construction: Grammaticalization
in constructionalization. Newest trends in the study of grammaticalization and
lexicalization in Chinese, ed. Janet Zhigun Xing, 115-148.

o REEF] QFWEHEI. (2022). REHIER RAEEX EEMEBAEFFHRHE+XIERX.
Taiwan Journal of Linguistics, 20(1), 115—-150.
https://doi.org/10.6519/TJL.202201 20(1).0003



https://docs.google.com/presentation/d/12Jkmy_E2qT1KqXfgnkmu4DPrXPrHqcZ4Q46pyNHWvRY/edit?usp=sharing
https://docs.google.com/presentation/d/1dt0JeLiuCrUOhdLkmgg9XUQPvqpfyEOUNstTDQ-uMXU/edit?usp=sharing
https://doi.org/10.1162/COLI_a_00258
https://doi.org/10.1162/COLI_a_00258
https://docs.google.com/document/u/0/d/18CWC3rLpgQZoH5lKNrdT2BzjtNNxQeG0SacSsEJJ4t4/edit
https://www.notion.so/cclab-tm/Preparing-corpus-cf37bfa156fd4a099709f7fad39ee5c4
https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-constructionalization-625215f38cc9437786ff38b274575e74
https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-constructionalization-625215f38cc9437786ff38b274575e74
https://coct.naer.edu.tw/
https://doi.org/10.1017/pan.2020.8
https://doi.org/10.1016/j.esp.2004.02.002
https://doi.org/10.1016/j.esp.2004.02.002
https://doi.org/10.6519/TJL.202201_20(1).0003
https://doi.org/10.6519/TJL.202201_20(1).0003

o fEEETF & TIRRE. (2022). fERIBMEXAE. PEESGEA, 107(2), 193-212.

W4-2 Research designs

e Research designs
e Examples

o Gathering corpus for Youth representation on news
o Populist and Populism: Big data methods vs. Survey
e \Writing guidelines

1. How to seek and organize papers with citation managers

2. How to read papers by notions

3. How to quote a paper
EZABRMEESHWMER, ERAZEARS, tMAEERESEMNEREES L KBEE
ERAENFRESERMLER L. SIAEME . MERHE L REFSEMAEHERNE
E?FEMEM00FMERE. https:.//paperpile.com/shared/HzGKFN

e I (2021). Populism and Political Communication on Facebook_ 2020 Taiwan
Presidential Election. https://doi.org/10.1016/51541-4612(21)00035-5

o ETH. (2019). {EIEREMIT ZIRHIFTMZEE PEMEBRERRER BEiIZEXE]
https://doi.org/10.6342/NTU201901458

o FEESE. (n.d.). Media representation and bias against Southeast Asia: Analysis of
Taiwan’s media coverage of Filipinos.

e (Good) Grimmer, J., & Stewart, B. M. (2013). Text as data: The promise and pitfalls of
automatic content analysis methods for political texts. Political analysis, 21(3), 267-297.

W5 Keyness & Hashtags & POS

What does Zipf’s law say? i.e., Zipf's law describes the distribution of term frequency.

What is keyness? Is it different from keywords, keyterms or term frequency?

What is tf-idf? What is its relationship with term frequency”? What problem does it aim to solve?
What is term dispersion? How is it different from term frequency and tf-idf?

AS06 Tokenization and TF.ipynb (Colab)

TMO04 Chinese Tokenization.ipynb (Colab
https://cclab-tm.notion.site/Segmentation-Tokenization

https: lab-tm.notion.site/Keyn

Text analysis of Trump's tweets confirms he writes only the (angrier) Android half —

Variance Explained

Reference

e Baker, P. (2004). Querying keywords: Questions of difference, frequency, and
sense in keywords analysis. Journal of English linguistics, 32(4), 346-359.

e (Gabrielatos, C. (2018). Keyness analysis: Nature, metrics and techniques. InC.
Taylor & A. Marchi (Eds.), Corpus Approaches to Discourse: A Critical Review (pp.
225-258). Routledge, 10, 9781315179346-11.

o GRFIE. (2000). EEHM AP MEEERAE EANEHAEEXHEMHE.
https://web.ntnu.edu.tw/~Ichang/yufayongyu_2000.pdf

o KRR, &AM (2016). MESMFEE HFEX AT AR ZLERZE. F
EEHBEEFE.

Tech Readings

e 7 Case study: comparing Twitter archives | Text Mining with R



https://www.notion.so/cclab-tm/W4-ResearchDesigns-20887dbe97314591ad4f60240d982857
https://paperpile.com/shared/HzGKFN
https://colab.research.google.com/drive/1rpiNiO59a2sRela7M42rOortMLwDxHAn?usp=sharing
https://drive.google.com/file/d/1QcspkFVC5BVYDMvB7oDX7VcFu9TRMCbI/view?usp=sharing
https://cclab-tm.notion.site/Segmentation-Tokenization-25dfa6aae8654b8ca18f29cea164245e
https://cclab-tm.notion.site/Keyness-804b539020a84503beeff9acb6664d2c
http://varianceexplained.org/r/trump-tweets/
http://varianceexplained.org/r/trump-tweets/
https://www.tidytextmining.com/twitter.html

e Who wrote the anti-Trump New York Times op-ed? Using tidytext to find document
similarity — Variance Explained

Blog | Julia Silge

Named Entity R nition with nd the Mighty roBERT: Zoumana Keit
Guide to Named Entity Recognition with spaCy and NLTK (analyticsindiamag.com)
PEE | SEEERSNoWNLPIFA T - 5 HEE{E (kknews.cc)

W6 Key Influencer: Digital Diplomacy & Cyber Warriors
e [Instruction] Literature Review Guideline

o FAREEANEZNMMERE

o FHBEEANZERANE ,m\uszéEE?iE,ﬁE"J(ttﬁéﬁ*é1lEﬁﬁlfﬁ%), HEEIZDIM(LL AR, E—E2h
BEE) 2

o MMIBIZELITIEEERKREEMBESE AN, Degree, closeness, betweeness centrality,
eigencentrality, page rankPT e = RIBABE 22 8 N B EHKRFHE 2

Reference

e Ingenhoff, D., Calamai, G., & Sevin, E. (2021). Key Influencers in Public Diplomacy
2.0: A Country-Based Social Network Analysis. Social Media + Society, 7(1),
2056305120981058.

e Uren, T., Thomas, E., & Wallis, J. (2019). Tweeting through the great firewall:
preliminary analysis of PRC-linked information operations on the Hong Kong
protests. Australian Strategic Policy Institute.

e Social network analysis: Understanding centrality measures
(cambridge-intelligence.com)

o Social Network Analysis - Cambridge Intelligence (cambridge-intelligence.com)

e |dentifying Influencers on Social Media: A Guide to Social Network Analysis Using

P thon D|na Bavli | Towards Data oieno

Saenqsuwan | Towards Data SC|ence

W8 N-gram and Collocation Network
° TMOO Rundown

Preview: Find and Answer

e Terms#IN-gramz FERIEAR B H E 2

e N-gram#ICollocatonZ HIHZEREME > METEALXNEEMEREZE ? B H—EME
FAN-gram#4 /& Fi 22451 #0 — & {38 F Collocation# & Fi Z 451 15 2 1ol B 5% {8 FAn-gramfa] B XX 5% {5 F
Collocationfg ?

e CollocationBI$51Z A Mg 5E 2

e SentencePiecefI#t = FIn-gramE & ? ik &l ?

Activity: Using Corpus to play Collocation

EﬁﬁuTﬁﬁiiTﬂ*ﬁiE’Jé’é‘fﬁ SRR EBp 75 —1E B E 5 FIREE AR

S A O (haer.edu.tw)

° Netsgeak

e Tutorials of Co-occurrence



https://docs.google.com/presentation/d/12Jkmy_E2qT1KqXfgnkmu4DPrXPrHqcZ4Q46pyNHWvRY/edit?usp=sharing
http://varianceexplained.org/r/op-ed-text-analysis/
http://varianceexplained.org/r/op-ed-text-analysis/
https://juliasilge.com/blog/
https://towardsdatascience.com/named-entity-recognition-with-spacy-and-the-mighty-roberta-97d879f981
https://analyticsindiamag.com/guide-to-named-entity-recognition-with-spacy-and-nltk/
https://kknews.cc/code/y3yoxvn.html
https://cclab-tm.notion.site/Instruction-Literature-Review-Method-cc1a62eaa1c2452eac29ac124ca9959b
https://cambridge-intelligence.com/keylines-faqs-social-network-analysis/
https://cambridge-intelligence.com/keylines-faqs-social-network-analysis/
https://cambridge-intelligence.com/social-network-analysis/
https://towardsdatascience.com/identifying-influencers-on-social-media-a-guide-to-social-network-analysis-using-python-e05f4da151b8
https://towardsdatascience.com/identifying-influencers-on-social-media-a-guide-to-social-network-analysis-using-python-e05f4da151b8
https://towardsdatascience.com/analyzing-twitter-user-network-1cfcef1dd89d
https://towardsdatascience.com/analyzing-twitter-user-network-1cfcef1dd89d
https://coct.naer.edu.tw/
https://netspeak.org/

o R: 4 Relationshi tween words: n-grams an rrelations | Text Mining with
R (tidytextmining.com)

o R: Analyzing Co-Occurrences and Collocations in R (slcladal.github.io)

e Tutorials of Network Visualization

o Network visualization with R (kateto.net

o Katya Ognyanova: Rutgers Prof., Network Researcher, Data Scientist
(kateto.net)

o Chapter 2 igraph package | Introduction to Network Analysis Using R
(yunranchen.github.io)

e Sample codes

o TMO2 Collocation — Programming for Social Scientists (p4css.qgithub.io

o TMOQ3 POS Tagging — Programming for Social Scientists (p4css.qgithub.io)

m  Python: TM02_collocation.i

o R: TMOQ7 Collocation Speech, Download data from toChinaSpeech.rda

o Ptt fathering (Dropbox

o https://cclab-tm.notion.site/Collocation-Oeefbbe2850044a68951307004¢ 7142
e Slides

o TMO2 Collocation_Py (Actually bigram with distance)

o TMO2-Collocation_R

Reference

e 4 Relationships between words: n-grams and correlations | Text Mining with R
tidytextmining.com

e Stefanowitsch, A. (2020). Corpus linguistics: A guide to the methodology.
Language Science Press. https://library.capen.org/handle/20.500.12657/43768

o Chapter 6 Significant testing
o Chapter 7 Collocation
o Chpater 8 Grammar and collocation

e Manning, C., & Schutze, H. (1999). Chapter 5. Collocation. Foundations of
statistical natural language processing. MIT press. See
https: rpile.com/shared/HzGKEN.

e Chen, A. C.-H. (2022). Words, constructions and corpora: Network
representations of constructional semantics for Mandarin space particles.
Corpus Linguistics and Linguistic Theory, 18(2), 209-235.
https://doi.org/10.1515/cllt-2020-0012

W9 Topic modeling

° Talk20230315-Computational Political Science?
TMOS3 Topic modeling with R , Coherence and summary part
a. https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68f052420f815
28d07 fb367pvs=4
e Sample Code: RStudio Cloud «—
a. https://www.dropbox.com/sh/ohg6azxvopkoidc/AAAU-cikPg80ROtuSYfu3khUa
2dI=0
e (Good Tutorials
a. 6 Topic modeling | Text Mining with R (tidytextmining.com)
b. stm: An R Package for Structural Topic Models (harvard.edu) < Using STM for
political science and most of Social Science Applications
i tructural Topic M ling with R — Part | van Trajceski | Medium
i.  Structural Topic Modeling with R — Part Il | by Jovan Trajceski | Medium



https://docs.google.com/presentation/d/1UhvOv26PEOoJFHwQJTy5Y9g4IX9FAj_MytQvHm8UcGU/edit?usp=sharing
https://docs.google.com/presentation/d/19GMKL6JDS5YSBNiQ_tyhOUNen8S3EBWRsxsaPf2gJ1I/edit?usp=sharing
https://docs.google.com/presentation/d/1X8JWQZA1qtxesCaQqT15ZOK1ZWZlVaFAdl-zQdZ69Ks/edit?usp=sharing
https://docs.google.com/presentation/d/13JZupGAV-tZt8qR9gf1uq339EQo8NpvOnVl7vORTo6g/edit?usp=sharing
https://www.tidytextmining.com/ngrams.html
https://www.tidytextmining.com/ngrams.html
https://slcladal.github.io/coll.html
https://kateto.net/wp-content/uploads/2017/06/Polnet%202017%20R%20Network%20Visualization%20Workshop.pdf
https://kateto.net/
https://kateto.net/
https://yunranchen.github.io/intro-net-r/igraph.html
https://yunranchen.github.io/intro-net-r/igraph.html
https://p4css.github.io/py4css/TM/TM02_collocation.html
https://p4css.github.io/py4css/TM/TM03_POS%20Tagging.html
https://drive.google.com/file/d/1ZmYqmjEP_CRJ6wYWOJSdbYnc_DOcU3CB/view?usp=sharing
https://www.dropbox.com/s/oc9rjsvxy5hz934/TM07_collocation_speech.Rmd?dl=0
https://www.dropbox.com/s/argseehqhziloeu/toChinaSpeech.rda?dl=0
https://www.dropbox.com/sh/kk6lr9ddsxmi08w/AAA-gNfuh52VBzFaZ63-0yLMa?dl=0
https://cclab-tm.notion.site/Collocation-0eef6be2850044a68951307004c7f142
https://www.tidytextmining.com/ngrams.html
https://www.tidytextmining.com/ngrams.html
https://library.oapen.org/handle/20.500.12657/43768
https://paperpile.com/shared/HzGKFN
https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68fb52420f81528d07e636fb36?pvs=4
https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68fb52420f81528d07e636fb36?pvs=4
https://rstudio.cloud/project/3796613
https://www.dropbox.com/sh/ohq6qzxvopkoidc/AAAu-cikPg80ROtuSYfu3khUa?dl=0
https://www.dropbox.com/sh/ohq6qzxvopkoidc/AAAu-cikPg80ROtuSYfu3khUa?dl=0
https://www.tidytextmining.com/topicmodeling.html
https://scholar.harvard.edu/files/dtingley/files/jss-stm.pdf
https://jovantrajceski.medium.com/structural-topic-modeling-with-r-part-i-2da2b353d362
https://jovantrajceski.medium.com/structural-topic-modeling-with-r-part-ii-462e6e07328

c. GitHub - MaartenGr/BERTopic: Leveraging BERT and c-TF-IDF to create easily
interpretable topics. «— Using BERTTopic in your research if you don’t need to
include independent factor in your research. With executable Colab examples.
Recommended!!

i.  About Coherence of topic models - Issue #90 - MaartenGr/BERTopic
(qithub.com)

ii.  suggestion: incorporating document-level covariates - Issue #360 -
MaartenGr/BERTopic (github.com)

ii. Model Repr ibility - | #987 - MaartenGr/BERTopic (github.com

d. Top2vec How to perform topic modeling with Top2Vec. | Towards Data Science
Without sufficient information.

i. HKML S4E4 - Top2Vec: Distributed Representations of Topics. with
application on 2020 10-K - YouTube: Video tutorial!!

e. Classical methods vs. BERTopic: Topic Modeling with L SA, pL. SA. LDA, NMFE,

BERTopic, Top2Vec: a Comparison | by Nicolo Cosimo Albanese | Towards Data
Science

Highlight

1.
2.
3.
4.
5.

Implementing Topic modeling by Python/R,

Topic modeling for short text documents

Explaining topic-document distribution and word-topic distribution correctly
How-to evaluate the result of topic, e.g., by coherence score or ...
Applications

Take-home Quiz

% 55 Topic modelingZ Documents-Topics-WordsfEl BB 4% . Topic modeling Eb %5 5@ F 52 i — 7
XA ? ERBEERXEMZ . Topic modelingE AEIMER, BEHHFRMUXAZINEER
R 2 Topic modeling A #E B 2 an{a] 514 2
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Heyer, G., Reber, U., Haussler, T., Schmid-Petri, H., & Adam, S. (2018). Applying LDA
Topic Modeling in Communication Research: Toward a Valid and Reliable
Methodology. Communication Methods and Measures, 12(2-3), 93-118.
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Computer-Assisted Text Analysis for Comparative Politics. Political Analysis: An
Annual Publication of the Methodology Section of the American Political Science
Association, 23(2), 254-277. https://doi.org/10.1093/pan/mpu019

e Wang, P. Y. A., & Hsieh, S. K. (2023). Incorporating structural topic modeling into short
text analysis. Concentric, 49(1), 96-138. Incorporating structural topic modeling into

hort text analysi hn Benjamins (jbe-platform.com

e Rauchfleisch, A. (2017). The public sphere as an essentially contested concept: A
co-citation analysis of the last 20 years of public sphere research. Communication and
the Public, 2(1), 3-18.
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& Rand, D. G. (2014). Structural topic models for open-ended survey responses.
American journal of political science, 58 (4), 1064-1082.

e Roberts, M. E., Stewart, B. M., & Tingley, D. (2019). Stm: An R package for structural
topic models. Journal of Statistical Software, 91, 1-40.
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https://github.com/MaartenGr/BERTopic
https://github.com/MaartenGr/BERTopic/issues/90
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https://github.com/MaartenGr/BERTopic/issues/360
https://github.com/MaartenGr/BERTopic/issues/360
https://github.com/MaartenGr/BERTopic/issues/987
https://towardsdatascience.com/how-to-perform-topic-modeling-with-top2vec-1ae9bb4e89dc
https://www.youtube.com/watch?v=QB2UbnhO3EU&ab_channel=HKML
https://www.youtube.com/watch?v=QB2UbnhO3EU&ab_channel=HKML
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https://www.jbe-platform.com/content/journals/10.1075/consl.22026.wan
https://www.jbe-platform.com/content/journals/10.1075/consl.22026.wan

Osnabrigge, M., Ash, E., & Morelli, M. (2021). Cross-Domain Topic Classification for
Political Texts. Political Analysis, 1-22.

o Abstract. ...”*assess the use of supervised learning in cross-domain topic
classification. ... classify topics in a labeled source corpus and then predicts
topics in an unlabeled target corpus from another domain. .... We demonstrate
the method using the case of labeled party platforms (source corpus) and
unlabeled parliamentary speeches (target corpus). .... To illustrate the usefulness
of the method, we present two case studies on how electoral rules and the
gender of parliamentarians influence the choice of speech topics

o Cross-domain topic classification: Using supervised learning, training labeled
party platforms text to predict unlabeled parliamentary speeches

When Coherence Score is Good or Bad in Topic Modeling? | Baeldung on Computer
Science

Evaluate Topic Models: Latent Dirichlet Allocation (LDA) | by Shashank Kapadia |
Towards Data Science

W10 Topic modeling Applications: Agenda-setting and Framing?

Best R Practice: Training, evaluating, and interpreting topic models | Julia Silge

Good Python Practice using gensim: Evaluate Topic Models: Latent Dirichlet Allocation
(LDA) | by Shashank Kapadia | Towards Data Science

2. Topic Modeling: A Naive Example — ENC2045 Computational Linguistics (The
coherence computation is implemented in gensim. Tmtookit is designed to apply the
coherence computation to a sklearn-trained LDA.

NLTK :: Sample usage for framenet FrameNet of NLTK

FrameGrapher | fndrupal (berkeley.

Applications of Topic modeling:

https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb4 7b990fe27 2¢cft
2a6159a

Reference

Sturdza, M. D. (2018). Automated Framing Analysis: A Rule Based System for
News Media Text. Journal of Media Research - Revista de Studii Media, 11(32),
94-110. https://www. l.com rch/article-detail?id=7152

Caswell, D., & Dorr, K. (2018). Automated Journalism 2.0: Event-driven narratives.
Journalism Practice, 12(4), 477-496. https://doi.org/10.1080/17512786.2017.1320773
SREREE. (2011). 4 van Dik 2 ZERR B TPBE K EATIRBEMNTFHE A RHRE
EZR: LAEMRRKRAEG. pEEFESET, 20, 65-93.

AT, BEH, & EER. (2022). EEH T i X & & RE 2 HEIEZSR ( ETtoday #H
ZE) . Yahoo! FE#HE)  PEFHEMR) X( BHBEH) Z Facebook ¥ fk H H .z thE.

W11 Word embedding

Resource

https://p4css.qithub.io/jour7088/representation.htmil
Word-Embeddings (Notion)

B SMOA-Word Embedding

Opinion Analysis 2022-05-02-10-22-26 (Live Recording)
Opinion Analysis 2022-05-09-10-23-35 (Live Recording)

TMO4 Word2vec



https://docs.google.com/document/d/1uOll1uPASb-5XaXcYyDFfYDQ55YoGbFkh7_0iJvFSxQ/edit?usp=sharing
https://docs.google.com/presentation/d/1CToAjBPPTnPZguXb_PUaZ88vAjbr2Vsqw3CUrFLwqRw/edit?usp=sharing
https://www.baeldung.com/cs/topic-modeling-coherence-score
https://www.baeldung.com/cs/topic-modeling-coherence-score
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://juliasilge.com/blog/evaluating-stm/
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://alvinntnu.github.io/NTNU_ENC2045_LECTURES/nlp/topic-modeling-naive.html
https://www.nltk.org/howto/framenet.html
https://framenet.icsi.berkeley.edu/fndrupal/FrameGrapher
https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb47b990fe272cf2a6159a
https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb47b990fe272cf2a6159a
https://www.ceeol.com/search/article-detail?id=715200
https://p4css.github.io/jour7088/representation.html
https://www.notion.so/cclab-tm/Word-Embeddings-095cf036459840128d5b80f1291be29c
https://cool.ntu.edu.tw/courses/12403/modules/items/590236
https://cool.ntu.edu.tw/courses/12403/modules/items/590233

o Comparing word2vec to wordfish and wordscore,
https://github.com/2048lab/SMOA/blob/main/5_embedding vs wordfish word
score.Bmd

Questions

1. BRBMEARANGEZR, UFHE—EEAREENRREIHZIRNR 97T
B BRTER. BIR. SRS, EF TRA T ERNRRRLIRENR 2 5548 B il 224
RBAEE.

2. BIRFERANAEZBERXEERRERFTHERAF XA MR R IHZIRENR ], BX
St S 2 E A MEREESE LA RN EENEE, BufMmERARESE
BiOR, BE, BRTEXKMRR IKIZIRENER 154, BRT HAIER AT LLZ R MG = ER S
E A LU AR H R R ERRE
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https://doi.org/10.1073/pnas.1720347115

2. Rheault. (2020). Word Embeddings for the Analysis of Ideological Placement in
Parliamentary Corpora. Political Analysis: An Annual Publication of the Methodology
Section of the American Political Science Association.
https://doi.org/10.1017/pan.2019.26

3. Rodman. (2020). A Timely Intervention: Tracking the Changing Meanings of Political
Concepts with Word Vectors. Political Analysis: An Annual Publication of the
Methodology Section of the American Political Science Association.
https://doi.org/10.1017/pan.2019.23

4. Dyevre, A. (2021). The promise and pitfall of automated text-scaling techniques for the
analysis of jurisprudential change. Artificial Intelligence and Law, 29(2), 239-269.
https: i.org/10.1007/s1 -020-09274-

5. Nissim, M., van Noord, R., & van der Goot, R. (2020). Fair is better than sensational:
Man is to doctor as woman is to doctor. Computational Linguistics, 46(2), 487-497.

W12 Ideology Scaling

e https://ntucc.webex.com/meet/jerryhsieh
e Topic over network
https://gamma.app/public/SMOAL RTopic-over-network-flizg4av7pwgkré
o State-aligned trolling in Iran and th le- ffordan f Instagram
(notion.so)

o The German Far-right on YouTube: An Analysis of User Overlap and User
Comments (notion.so)

o Fighting Zika with honey: An analysis of YouTube'’s vi recommendations on
Brazilian YouTube (notion.so)
° Talk20230315-Computational Political Science? — [ TMO06-Ideology-PCA
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W13 Sentiment Analysis & Stance-based sentiment analysis

e \What is sentiment? And what is stance?

TMO9 Sentiment Analysis - Stance-based

Reference
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CODING GUILDLINE

(Good) Beginner’s Guide to Sentiment Analysis for Simplified Chinese using SnowNLP

by Ng Wai Foong | Towards Data Science

W14 Document Classification

Submit to here:

https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1abeec?p
vs=4

https://gamma.app/docs/Using-OpenAl-ChatGPT-for-sentiment-analysis-and-stance-d
etection-rx8d2z6uzf6qgjs

https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4095-b47b-bbd0a0216
0a2/project/SMOA-6e31cbed-05e6-4a51-9714-660efc84 7b14/notebook/Using%20Ch
atGPT-4b7a2514c2814af8bbf3eb0cd21ec24 1
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https://docs.google.com/presentation/d/144-MMv9C3wphUzCB1uA_qdKKCzzjX4a-8lIRrRoOLxM/edit?usp=sharing
https://doi.org/10.1007/s10506-020-09274-0
https://doi.org/10.1017/pan.2022.10
https://towardsdatascience.com/beginners-guide-to-sentiment-analysis-for-simplified-chinese-using-snownlp-ce88a8407efb
https://towardsdatascience.com/beginners-guide-to-sentiment-analysis-for-simplified-chinese-using-snownlp-ce88a8407efb
https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec?pvs=4
https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec?pvs=4
https://gamma.app/docs/Using-OpenAI-ChatGPT-for-sentiment-analysis-and-stance-detection-rx8d2z6uzf6qgj5
https://gamma.app/docs/Using-OpenAI-ChatGPT-for-sentiment-analysis-and-stance-detection-rx8d2z6uzf6qgj5
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241

e Project link:
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b4 7b-bbd0a0216
0a2/project/SMOA-6e31cbed-05e6-4a51-9714-660efc847b14

e Sentiment Analysis with ChatGPT, OpenAl and Python — Use ChatGPT to build a
sentiment analysis Al system for your business | by Courtlin Holt-Nguyen | Data And

Beyond | Apr, 2023 | Medium

Short Assignment: Embedding+Classification

EEKREIEAH, MRRVFEBRUFEREN, F2ATHEE SEembeddingih 5e 5 E
®-

EREN100EATERINER S EEH (T Ll EKaggletk. Googletk. B ARt AT LIE TR,
BEIE#E 9 S $ & HPositive, Negative, Neutral =812 %, & LRIKME100EEH 2 £k
BHER, EAD40%ZPositive, 40%=2Negativef1 E ¥ &,

SR 1% Fsbertgl simpletransformer, B #3231 1F [F] £ & [ Bembeddingt®, RIS E—EAF (&
172 —ETweet) MIIE B M XFHIEM KR EZXER XAV TFHEER,

e Text Representation Examples - Simple Transformers

° mputin ntence Em ings — Sentence-Transformer. mentation rt.net
Reference

e Grimmer, J., & Stewart, B. M. (2013). Text as data: The promise and pitfalls of
automatic content analysis methods for political texts. Political analysis, 21(3),
267-297.

e Barberg, P., Boydstun, A. E., Linn, S., McMahon, R., & Nagler, J. (2021). Automated
Text Classification of News Articles: A Practical Guide. Political Analysis: An
Annual Publication of the Methodology Section of the American Political Science
Association, 29(1), 19-42. https://doi.org/10.1017/pan.2020.8

e Di Cocco, J., & Monechi, B. (2021). How Populist are Parties? Measuring Degrees
of Populism in Party Manifestos Using Supervised Machine Learning. Political
Analysis: An Annual Publication of the Methodology Section of the American Political
Science Association, 1-17. https://doi.org/10.1017/pan.2021.29

W15 Concluding

https://cclab-tm.notion.site/ChatGPT-Testing-8257cebal6a44c91acbffdéb1d667e64
Talk20230315-Computational Political Science?
TMO7 Document classification
TMO8 Classification
TMO8 Transformer for doc classification and clustering
o Simpletransformer on stance detection.
https://colab.research.google.com/drive/1zGg EeEXIKUTTCIIKST-gAhE9--4KleQ
?usp=sharing
o Simpletransformer on aspect-based opinion analysis.

https://colab.research.google.com/drive/1YD8mjrpEHB-0rYMYOL 1 XFFKpJ2jGY
BnT?usp=sharing
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https://docs.google.com/presentation/d/1X8JWQZA1qtxesCaQqT15ZOK1ZWZlVaFAdl-zQdZ69Ks/edit?usp=sharing
https://docs.google.com/presentation/d/1RhE8uLw9xhlhqKF-d096DS1DaCCjU_ppwcRsucnOhQU/edit?usp=sharing
https://docs.google.com/presentation/d/189SxT-7A4IR72QUg_S8aODklDtw8aZocU1KAx1dIiSM/edit?usp=share_link
https://docs.google.com/presentation/d/1NHX243QIVWJWhsw296gJDozUlgBY7m7YJacatv-5Z4c/edit?usp=share_link
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://simpletransformers.ai/docs/text-rep-examples/
https://www.sbert.net/examples/applications/computing-embeddings/README.html
https://doi.org/10.1017/pan.2020.8
https://cclab-tm.notion.site/ChatGPT-Testing-8257ceba06a44c91acbffd6b1d667e64
https://colab.research.google.com/drive/1zGg_EeExlKuTTCIlK5T-gAhE9--4KleQ?usp=sharing
https://colab.research.google.com/drive/1zGg_EeExlKuTTCIlK5T-gAhE9--4KleQ?usp=sharing
https://colab.research.google.com/drive/1YD8mjrpEH6-0rYMY0L1xFFKpJ2jGY6nT?usp=sharing
https://colab.research.google.com/drive/1YD8mjrpEH6-0rYMY0L1xFFKpJ2jGY6nT?usp=sharing
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Analysis: An Annual Publication of the Methodology Section of the American Political
Science Association, 1-17. https://doi.org/10.1017/pan.2021.29

e Baden, C., Pipal, C., Schoonvelde, M., & van der Velden, M. A. C. G. (2021). Three
Gaps in Computational Text Analysis Methods for Social Sciences: A Research
Agenda. Communication Methods and Measures, 1-18.

o — Lucas, C., Nielsen, R. A., Roberts, M. E., Stewart, B. M., Storer, A., &
Tingley, D. (2015). Computer-assisted text analysis for comparative politics.
Political Analysis, 23(2), 254-277. ...STM’s team, just for promoting STM, closer
to comparative politics, far away from communication. | don’t’ like it.

Week 17

° TMO9 Topic Modeling in Python
e https://colab.research.google.com/drive/14GDXadGUO0s2Jr82ly0Y40Z0OcEOVISQZ?u
sp=sharing

Assignments

AS: Topic modelings

&1 3448 TR Topic Modeling, B 16{Etopics#0128{& topics. £t 1281& topicstr HR EE #2 = %
Clusteirng, tE#Clustering#116 topics##& R . APMIfiCollocation, ifi FEiB#E#E 7 A EEBRE
BREEHE, BEPMIf#CollocationFl1Clustering#116 TopicstiE R AR EE,

&1 ¥ LU T Topic-modeling# 17 75 74 B LL 8% BRI R

-

R:BIEXBTM bnosac/BTM: Biterm Topic Modelling for Short Text with R
(qithub.com)

2. R:BIERSTMiL 5 FALDAVISZREREE fa R

3. Python: jBlEbiterm

4. Py: Bl b B shorttextFILDARI %L B

5

6

Py : BIEX Gensim. Scikit-learnBg%Z &
Py : It Scikit-learnF1BERTopicHI %4 R

AREH

e R:topicModels: LDA
o NLP: Use Topic Modeling Results in Predictive Modeling - The Analytics Lab
with very good visualization
R: bnosac/BTM: Biterm Topic Modelling for Short Text with R (github.com)

biterm - PyPI
shorttext - PyPI

rwalk/gsdmm: GSDMM: Short text clustering (github.com). ExampleO1
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https://docs.google.com/presentation/d/1PAN0zbqy3SbNWNnZ-zVKM7CVP3J7pxUpRp6y9KY4v98/edit?usp=sharing
https://cclabtw.notion.site/Automated-Framing-Analysis-A-Rule-Based-System-for-News-Media-Text-128692ee863242deb7f122403e24fb2b
https://cclabtw.notion.site/Automated-Framing-Analysis-A-Rule-Based-System-for-News-Media-Text-128692ee863242deb7f122403e24fb2b
https://doi.org/10.1017/pan.2021.29
https://colab.research.google.com/drive/14GDXgdGUOos2Jr82Iy0Y4OZOcE0vfSQZ?usp=sharing
https://colab.research.google.com/drive/14GDXgdGUOos2Jr82Iy0Y4OZOcE0vfSQZ?usp=sharing
https://github.com/bnosac/BTM
https://github.com/bnosac/BTM
https://www.theanalyticslab.nl/nlpblogs_3_use_topic_modeling_results_in_predictive_modeling/
https://github.com/bnosac/BTM
https://pypi.org/project/biterm/
https://pypi.org/project/shorttext/
https://github.com/rwalk/gsdmm
https://www.dropbox.com/scl/fi/hmlpv98sslzfs6zwicnpp/Shorttext-Codes.paper?dl=0&fbclid=IwAR0zcvOG820zbanhYVbQtLBSavC0QLDtj4d5p6dacLgYNgaa_OTjImYytko&rlkey=z85uabxjh4dfeohrm613d14j8

o Short-Text Topic Modelling: LDA vs GSDMM | by Richard Pelgrim
Towards Data Science
Short Text Topic Modeling. Intuition and (some) maths to... | by Matyas

Amrouche | Towards Data Science (Implement by hand)

Gensim Topic Modeling - A Guide to Building Best | DA models
(machinelearningplus.com)

o Frontiers | Using Topic Modeling Methods for Short-Text Data: A
Comparative Analysis | Artificial Intelligence (frontiersin.org)
BERTopic Topic Modeling Using The BERTopic Library | Towards Data Science

NLP Tutorial: Topic Modeling in Python with BerTopic | HackerNoon

AS: Collocation

Collocation and POS, word embeddings, and topic modeling (2 of 3)

AS: Embeddings

HARMERMRRIFMNZRNR IEF—ROFEAXARMAFER D, BELEFRRR XL
WENRMXE, %, A6, AIRRERM EXRMNEE? 6m EFHLRMNER (REOEF,
MEMXERRT, £AALAREATEEZE ? BIRHUXEAH, BEXERXTFEHLIR
R/ {RRE ? REER—BEECRDHTE ? (XE. K%, AF)

Essay

Pitching
BEANEFRES- 102 ERHEBCHWHAREE,

MEEE - HHRLE F—EAMRMEIER=ERE, A&HghightiREBB/EBRIIFNE
B A M, AT AERAEBREIRMFTRIZEHow to Write a Research Paper Title with
Examples - Wordvice,

MEFE:ARLE M—H, ARINANX, FRHBEAMEHNEIEREES,

MREE - B= BEAMSENREEESME ? &0 ERIRAKM. ATaEEE TR
= E? AMIIREE=AMEEE?

MEME BN, BRTAEE EEZEAARNME=AIMERE FUNRRBENEE
MEFE AAMEMERESZESHMEMEMERAR, @ SWRE@DMA, R
&,

BRAREHES BN, A—OEBHMEBEEHEAERNEN BRXAEBZE 5
UEHKEHMBERT AN ? ZEMEMEBENGAREEZENER, UREHEEWN
AX.AENIESE,

Xigh: BR, fIRAPTERRMEE R, FrAEEE=. AEAEEH TR, AT
F—mEMEMR, UWALERRNECMEEMDIWME FIRRNEEEESEE,

BT A

MREN:RAVRMUEMNREETE, AERHARAMEERMNBE,
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https://towardsdatascience.com/short-text-topic-modelling-lda-vs-gsdmm-20f1db742e14
https://towardsdatascience.com/short-text-topic-modelling-lda-vs-gsdmm-20f1db742e14
https://towardsdatascience.com/short-text-topic-modeling-70e50a57c883
https://towardsdatascience.com/short-text-topic-modeling-70e50a57c883
https://www.machinelearningplus.com/nlp/topic-modeling-gensim-python/
https://www.machinelearningplus.com/nlp/topic-modeling-gensim-python/
https://www.frontiersin.org/articles/10.3389/frai.2020.00042/full
https://www.frontiersin.org/articles/10.3389/frai.2020.00042/full
https://towardsdatascience.com/implement-your-topic-modeling-using-the-bertopic-library-d6708baa78fe
https://hackernoon.com/nlp-tutorial-topic-modeling-in-python-with-bertopic-372w35l9
https://blog.wordvice.com/how-to-write-the-perfect-title-for-your-research-paper/
https://blog.wordvice.com/how-to-write-the-perfect-title-for-your-research-paper/

o BKIEIREE : (CETRET AR FRIRIR A ROARRA SR, MM R RAMEEER. AR A X
%O

o WAL REAMAEFEAMNAZE FIMMEAE. BE. EAMAESE.

o Hi—H, BHIRATEHKMEREXE, ErfE2E=. AEREZHRIMN/I, TUE
—MEREM, UAERAELAMERBRHEIWE MERNEHEREESE,

o EFZEAGoogle SlidesT] B EMHEIK L FIMNE R, EMEF LLBUREEENE, SRR
me,

Literature Reviews & Corpus
Literature Review

Corpus

BMERETHNAESZREAEANEEZMCorpus, FE B 178 ErICorpusE BIR £T 4 1784
MEMEE, FR—EEENERREZTSIME:
1. {REIBAREB A 2
2. IREREHMAREABARFESSKBENRBENEHEER?
3. IRERIFTER (RFEHER) MEHNGEEAM ?EER? & ? R ERIEEH 7 iFHE
#E A ?
4. {RHEFE@ TEE AWML ST HEAE # (Garbage data) ?

B—RELFENATIMRXEABE (EFAPA), HR FHEHENE FBHEMHERRE
i, EAMUBEER, TEATERMUMREENENE FEHERL,

BIX - ARRHAREES..., AT THE.. REEHREB. HAER.. REEHERIZE..
WX ... REEBA.. T EF IR AEXX, REFEEREEXEXX, REAEEEEMER
K& BSHHXAEHN.. (85 —MAIEREE..) . BEH P Al e E & XXEXXEXXFFZ,
AT AR ER T — B ERBR T HE OO XX XX, L.}, EERPRFA A FHARAERA XA, (FEH) HEBXE

Exploratory data analysis (EDA) on personal project
1. Data volume and variables + irrelevant data report and tunrcation
2. Cleaned data coverage and justification (why the collected data is good enough for your

research questions)
3. Submitting rmarkdown + rendered html or ipynb + rendered html

Methods

Final Essay and Presentation
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Take-home Quiz

ELMERARERRDEESRMINMME ALERBARAE-—E8CHEBE 8

BTSN ENRHREE MR EE . 5

LIT R,

am SCEmIB B 2 (05158 | IR HERRL) R E1E

1. Echo-Chamber. Filter Bubble, Polarizationf#t = BRI EE ? e R E E A 2 245

MEAZ,

2. {alEBAspect (Stance)-based sentiment analysis ? H & 1 L i £ BL 7 I ZE 2

3. Word embeddings:g —E BT 2 EE B BRARMA EEREHER 2

4. FEfakTopic modelingZ Documents-Topics-Wordshsl B 4% . Topic modeling bk %5 5% FA
R —iE XA ? ERBERERM Z . Topic modelingE ARIMIRE, B & EH AR
X AE i {a] % A EE ? Topic modelingB$& 8 Z an{al 5244 2

wLB2ER

Python
RELXFRPYOSEI A LAEFLERARE FMBEAR,
Tutorials Videos
B PyBook-Basic : Ch1 e Py01 1 Counting
Py01 Counting e Py01 2 Counting more
PO1 ntina.iovn e Py01 3 Counting words
B PyBook-Basic : Ch2 e Py02 Basic
Py02_03 variables, list, dict e Py03 1List
B P02-Python Basic e Py03 2 Dictionary
PO3-List and Dictionary e Py03 3 Accessing ubike data
Py04 flow control - for, if e Pvy04 for01
P04-For-if-else e Py04 for02 Ibike sum up
e Py04 for03 histogram
e Py04 for04 fib pi 9x9
Py04 flow control - for, if e P04 2 1 Traversing AQI data
P04 For-if applications e P04 2 2 lterating data: 3 methods
e P04 2 3 Searching and Hashing
e P04 2 4 RescaleO1 by nested if-elif-else
e P04 2 4 Rescale02 by list-dict
e P04 2 5 Finding Prominant
Py04 flow control - for, if e Py04 1 if for Concept and AQI case introduction
B P04 for-if applications e Pyv04 2 if for Accessing AQI data
e Py04 3if for Categorizing and rescaling
e Py04 5 Sorting manually by for, if, swap, list and dict
Py06 Pandas and data su... e Py06 pandasO1
e Py06 pandas0?2
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https://docs.google.com/document/d/146wqerzVVKcqLkNTF9vej6g0jQLxWLSyAk0fDLyWXr4/edit?usp=sharing
https://docs.google.com/presentation/d/1R-y89b2c1suRxZMJJAdJlmuIY92LEXUvfv2nBtjZgrI/edit?usp=sharing
https://docs.google.com/document/d/146wqerzVVKcqLkNTF9vej6g0jQLxWLSyAk0fDLyWXr4/edit?usp=sharing
https://docs.google.com/presentation/d/1MOUK9mbppf04h1EuSLGl7B4kgt-Cl7UkZpbbSpyHs3c/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/1OP8GcjUUWc9MWxfPNW2Ch47iENpXyOKeMKGzSth1UPs/edit?usp=sharing
https://colab.research.google.com/github/P4CSS/PSS/blob/master/P01_counting.ipynb
https://youtu.be/H41XSegjHSM
https://youtu.be/2uGGgOs3vMc
https://youtu.be/hL4etV0X_tM
https://p4css.github.io/py4css/PSS/P02_basic.html
https://p4css.github.io/py4css/PSS/P03_list_dictionary.html
https://youtu.be/l_FLRDbcaNw
https://youtu.be/dUiUhZ7zI08
https://youtu.be/gAQ2iw8x7hI
https://youtu.be/6MWpFLE75v0
https://p4css.github.io/py4css/PSS/P04_1_for.html
https://youtu.be/OlzJHxHG7HI
https://youtu.be/0-5zddud2ZA
https://youtu.be/ZGAZjsnAmDg
https://youtu.be/EaLKBCJVHQw
https://p4css.github.io/py4css/PSS/P04_2_for_if.html#
https://www.loom.com/share/2333bd8cc9ad4630b6a57af8fd8a6056
https://www.loom.com/share/e617c46876cd4d86829105e565d7f99e
https://www.loom.com/share/c962263ebf644bbfa333b0a45e142bac
https://www.loom.com/share/627e96d1f05a4ef69e5a2a97b093b5e5
https://www.loom.com/share/65911097bfaf4a6c8e3df07d5bfe2ca5
https://www.loom.com/share/3075bfabbee84a81b07cfd57cb5bae26
https://p4css.github.io/py4css/PSS/P04_2_for_if.html
https://youtu.be/ayBi8pfJjIY
https://youtu.be/uWIiAZBIbM4
https://youtu.be/9rUx0LlUpFM
https://youtu.be/uGMtUr5kt3E
https://youtu.be/AxaD-Yy6xZc
https://youtu.be/-7pQHJPyQzw

Py06 Pandas04 groupby sort

Pv06 AS Pandas how to

Visualization

P07 2 Bokeh Seaborn (loom.com)

Py07 Crawler

Py08_1 Web request and response

Py08 2 ChromeDevTool
P08 3 tweepy (loom.com)

Py08 3 Crawler 104 - YouTube

TMO1 Tokenization e TMOO Overview
Chinese Processing e TMO1 1 Term frequency tokenize
e TMO1_2 Term frequency
. :
e TMO04 Chinese segmentation
R

NRELBRAEE, EEEF TN Typd DatafE sk, BEEIV. Text Mining% 5t Trump#I Z 45 Bl

E—"O

I. R Basic

1

RO1 2 vector.Rmd
B01 3 dataframe.Bmd

R0O1_2 basic

RO1 3 vector
BO1_4 dataframe

Il. Reading Data

2 |B02 1p readx| paid maternal leav | =1 R02_1 Paid maternal L... .
e.Rmd S Excel: BB 3 Hi(gitbook) e R02 1 1 Read Excel
o ROJ . S . Filteri . :
e R02 1 3: Plotting
3 |R02 2p read csv pivot on tptheft | ©/R02_2 Read CSV and ... e R02 2 1 Introduction to CSV and the TP theft case
.Rmd (final ver.) e R02 2 2 Reading CSV
e RO2 2 3P ; - P [
e RO02 2 4 mosaicplot() on crosstable
lll. Tidy Data
4 |R0O3 1 base to dplyr maternal lea |R04 1 Data Manipulation e R02 3 based to dplyrO1 Intro. to dplvr
ve.Rmd dplyr and ggplot e R02 3 base to dplyr02: using pipeline
RO3 2p base to dplyr tptheft.Rm e RO02 3 base to dplyr03: on TP house theft
d e R02 3 base to dplyr04: Paid maternity leave
5 |Open new .Bmd by yourself R04 3 Join data MOI - e RO04 1 1 loading MOI demographic data
e RO > S — .
e RO4 1 3 Agagregating village to town level stat
e R04 1 4 Joining demographic and referendum
7 |RO4_3p viz ggplot.Rmd R0O4 ggplot01 basic

R0O4 ggplot02 plot paras
R0O4 ggplot03 chinese coorflip
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https://docs.google.com/presentation/d/1gn4d5gzXzgyEAIz_AOdM3pmJ0-6iiN7EbTjKqCQlgPo/edit?usp=sharing
https://docs.google.com/presentation/d/1gvWK2qDZuwR7lRrCLfVwfzrMBt1Dw2yFcG8LeoNgLrA/edit?usp=sharing
https://docs.google.com/presentation/d/1evDPBwA9UJ2ubhwiQWK0XYZiaCzUWLKIeRftwMPd-EI/edit?usp=sharing
https://docs.google.com/presentation/d/1vzJL2YU-kWKeM66bLxRFrdXLleWC_mbRFhXi-xkDuqM/edit?usp=sharing
https://youtu.be/Fho1yoxqcbg
https://youtu.be/UNW1XAFGQCA
https://youtu.be/46yvC9F3p6k
https://youtu.be/vKxhAomCwfU
https://www.loom.com/share/ee484876c8e44110a0aa81b6f59ce897
https://www.youtube.com/watch?v=tOv4nXUvB0w&ab_channel=JILUNG
https://www.youtube.com/watch?v=Upt2qLy0MkA&ab_channel=JILUNG
https://www.loom.com/share/f8ae523b54a04ad6aa041d0a38f8314c
https://www.youtube.com/watch?v=jdyRJmpMAUE&ab_channel=JILUNG
https://p4css.github.io/py4css/TM/TM01_tokenization.html#
https://p4css.github.io/py4css/TM/TM01_tokenization%28chi%29.html
https://youtu.be/q2y0Ppa_YwY
https://youtu.be/uGPxyerEm7U
https://youtu.be/GGYPNNJ9DKI
https://youtu.be/y-fEJf70IvY
https://youtu.be/VA6IqeXRaEM
https://github.com/p4css/R4CSS/blob/master/R01_1_loading_data.Rmd
https://github.com/p4css/R4CSS/blob/master/R01_2_vector.Rmd
https://github.com/p4css/R4CSS/blob/master/R01_3_dataframe.Rmd
https://youtu.be/tphVLufoVlQ
https://youtu.be/kmdXsxJ7JuE
https://youtu.be/GGuAAmclbgs
https://github.com/p4css/R4CSS/blob/master/R02_1p_readxl_paid_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R02_1p_readxl_paid_maternal_leave.Rmd
https://jirlong.gitbook.io/r/readfile/read_excel
https://youtu.be/dZE2xsqYQqY
https://youtu.be/Z2Z3hHleGSY
https://youtu.be/Wp3_gs7Vfc4
https://youtu.be/PPgWvE25Mj0
https://github.com/p4css/R4CSS/blob/master/R02_2p_read_csv_pivot_on_tptheft.Rmd
https://github.com/p4css/R4CSS/blob/master/R02_2p_read_csv_pivot_on_tptheft.Rmd
https://youtu.be/oLEMhLiDk7Y
https://youtu.be/opyrwzyFkXY
https://youtu.be/jdB6rQ_J-E0
https://youtu.be/NbfRgXNGVjc
https://github.com/p4css/R4CSS/blob/master/R03_1_base_to_dplyr_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_1_base_to_dplyr_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_2p_base_to_dplyr_tptheft.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_2p_base_to_dplyr_tptheft.Rmd
https://docs.google.com/presentation/d/e/2PACX-1vR0MIoaDm9YaEvop3wYAYHnr5O-kCPtK2AlS9QR8zpgeoCBQCfJ39q55VrK4RvM_UJg18JDQa1I_pgJ/pub?start=false&loop=false&delayms=3000&slide=id.g2b1376bf15_0_0
https://docs.google.com/presentation/d/e/2PACX-1vR0MIoaDm9YaEvop3wYAYHnr5O-kCPtK2AlS9QR8zpgeoCBQCfJ39q55VrK4RvM_UJg18JDQa1I_pgJ/pub?start=false&loop=false&delayms=3000&slide=id.g2b1376bf15_0_0
https://youtu.be/pV8M0m4dvU0
https://youtu.be/qXOHGP2ZArQ
https://youtu.be/Il7vfpmkLp0
https://youtu.be/38ONtORzsks
https://docs.google.com/presentation/d/e/2PACX-1vThxA5U6mMGXnLNytaZf-3Bc9T9ua72m8gLZYLGvoCzGCtb8rLQTcajZj8aXH7z1KEhXw25jRcptClp/pub?start=false&loop=false&delayms=3000&slide=id.g81be9a768a_0_0
https://youtu.be/4qzxEudG0GU
https://youtu.be/qRyolLG_las
https://youtu.be/VzPTHRQUNY4
https://youtu.be/O_ColTCh3fQ
https://github.com/p4css/R4CSS/blob/master/R04_3p_viz_ggplot.Rmd
https://youtu.be/BduCw6JULVI
https://youtu.be/yoX9wh24PvI
https://youtu.be/0gLQdZ1RpvM

R0O4 [0t04 highligh

V. Text Mining
9 |B05 2p trump tweet dplyr.Rmd RO5_2 Text data manip... e 4.1 Tweet analysis on trump tweets (Case Introduction)

4.3 Tweet analysis doc level (for RE & ggplot)

13 |B0S 2p trump tweet dplyr.Bmd R05_2 Text data manip... e 4.4.1 Tweet anaysis word level |
RO5 3p tm typhoon.Rmd R05_3 Chinese proces.... e 4.4.2 Tweet anaysis word level |
RO5 e S R L . . .

e 4.6 Chinese Information Retrieval

15 |BOS 1 regular expression.Bmd e R04 2 1 Reqular Expression
RO5 1p reqular expression.Rmd e R04 2 2 RE Extract

. —E: > ARE —

Deprecated 1102

Student Report
BE: 0530 #EEMEmSTHRE  SEWM

Z % [ Social Media_Gender Differences in Using Language
[ % : ) News Diff_related work
Otherness & Pronoun_Papar review_0516 by EvelynYang & CCSun

Keyness report: Work Summary Plan (canva.com) by BZHsieh

Practice

Readings - #£ L1 T PaperPilef:&#E &, 7£ Thesis Folderd 3B A T = 5 5 3 T &
hitps://paperpile.com/shared/HzGKEN . 38 B PrepfE #5 2 & T 1R 8138 ST AR IFED W@-"*ﬁ*ﬁﬁﬁﬁﬁn
IR ERET. E=AMERHESHWER, BRAZEAS, thMEEREAEMERRGES
HEE, ERAENRESERMLLE L SAEMS. MEREEL, REY ’rIMF‘J’EHF“fiB’JE
L4l ﬁ%T%?SC)E}:F”%FHHOOJ%M{EI#%EQ

e I (2021). Populism and Political Communication on Facebook_ 2020 Taiwan Presidential
Election. https://doi.org/10.1016/S51541-4612(21)00035-5

o FEFHh. (2019). {EERMIFZRHTRRER PEMERERRRE BEIZEXS]
https //d0| org/10.6342/NTU201901458

e FEFEZE. (n.d.). Media representation and bias against Southeast Asia: Analysis of Taiwan’s
medla coverage of Filipinos.
BmRAK:

o EIEITTEDraft]fISX 18, LIAZRE— T Week 4 Prep - Comparing research designs1{E & 12
REAEE—TAHRRERS
o EEENBR(ETELREMEAEESEARHRE, HYERSTH)



https://docs.google.com/presentation/d/1XObGWzjldqcXuPQ8o4GyUkHAPSaujuBUyjhE5aYI8vQ/edit?usp=sharing
https://docs.google.com/presentation/d/1XObGWzjldqcXuPQ8o4GyUkHAPSaujuBUyjhE5aYI8vQ/edit?usp=sharing
https://docs.google.com/presentation/d/1sdqhlHcFp-2L1Lt7c8NV1m-KX_2o-iSQykDpMlgWZrE/edit?usp=sharing
https://docs.google.com/presentation/d/1qe1nDgHkwgQbw0_uyXRvo4TKFosvDdLHUDjfCZ90d0E/edit
https://docs.google.com/presentation/d/18fOpnfVsGxD6k6NFpVbarhrayWpVbNsDlYDZy-k2N8A/edit?usp=sharing
https://docs.google.com/presentation/d/1wZuLEJoE-lApbnMpINQ6ffEq3X-ICDvx9ltPbDax7zA/edit?usp=sharing
https://docs.google.com/presentation/d/1V5QVjIAnqaH9YOsQuLpvE-UKByx3vTDyN_4Q9bIrgcA/edit?usp=sharing
https://youtu.be/OdGfKdtbs84
https://github.com/p4css/R4CSS/blob/master/R05_2p_trump_tweet_dplyr.Rmd
https://youtu.be/C4XU37Cbprk
https://youtu.be/1FEdK5di0AQ
https://github.com/p4css/R4CSS/blob/master/R05_2p_trump_tweet_dplyr.Rmd
https://github.com/p4css/R4CSS/blob/master/R05_3p_tm_typhoon.Rmd
https://github.com/p4css/R4CSS/blob/master/R05_4p_President_Speech.Rmd
https://youtu.be/VzxzUVOkPf8
https://youtu.be/kCoeK77vnh8
https://youtu.be/TXp8VteXJdo
https://youtu.be/f2H6gq256uU
https://github.com/2048lab/R4CSSLab/blob/main/R05_1_regular_expression.Rmd
https://github.com/2048lab/R4CSSLab/blob/main/R05_1p_regular_expression.Rmd
https://youtu.be/exJF8AMyyzo
https://youtu.be/eBESxOUNjRg
https://youtu.be/EAl-wzU3miE
https://www.canva.com/design/DAE7frYg8l8/igkXbGEbpVCz8FVQe28rMA/view?utm_content=DAE7frYg8l8&utm_campaign=designshare&utm_medium=link&utm_source=publishsharelink
https://paperpile.com/shared/HzGKFN
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