
社群媒介輿論分析111 
Announcement 
如欲修課的同學，請先填寫修課意願表（https://forms.gle/XCBU6tB15zEKRrQWA。並請於開學
第一週前將近500字研究提案以E-mail寄送給開課教師（MUST），研究提案內容主要為你感興
趣的研究議題是什麼？亦可參考範本撰寫（Social_Opinion_Proposal_Template）。如果已經考
過Proposal或報題者，請直接繳交Proposal或報題表單即可。 

Description 

因為在社群平台上，人人都可以是資訊生產者，因此，巨量、去中心化、扁平化、流動、匿名、
即興等社群平台的特色亦影響著訊息的特性、傳散方式與效果，與過往的集中式、權威式的訊
息大不相同。尤其是Twitter或Youtube這樣的社群平台，留過什麼言、Follow過誰、Retweet過誰
都被記錄下來。近期Twitter甚至開放一則Tweet被閱讀過幾次的功能。透過這樣的平台，我們
可以研究例謠言的流傳、用語的流變、意識形態或政治立場的極化、泛政治化的現象、數位公
眾外交的互動網絡、網軍偵測、對性別議題的看法、民粹主義、負面黨性的言談等。 

本課程採用的方法會是大數據方法、量化方法、文本探勘方法。甫接觸計算機方法在社會議題
的應用時，往往會過度粗暴地運用計算工具對文本資料直接做分析。也因此在講課的同時，本
課程也希望帶同學也必須思考，相較於過往社會科學的研究方法，無論是質性或量化，計算機
科學是一個新方法嗎？還是他只是用以克服大數據的挑戰？他和傳統方法又有何異同？使用
上要特別注意哪些環節呢？如何適切地用這些演算法工具？而過去內容分析方法必定有許多
常見的理論，又有哪些理論所關係到的研究，常常被計算機方法所運用呢？ 

Purpose 

本門課有兩個重點，第一個是社群輿論的研究方法與寫作。本課程將帶學生從事社群媒介上
的輿論分析研究。常見的社群媒介分析對象包含臉書、PTT、推特、YOUTUBE等，但由於資料
取用限制，本課程將以YOUTUBE與推特為主。授課過程將從選讀文獻、尋找研究議題、撰寫研
究目的與問題、規劃文獻、實作研究方法並進行信效度評估、到結果分析完成一個小論文。 

第二個重點是介紹文本探勘的各種方法，包含詞嵌入、文本分群、文本分類、網絡方法、主題
模型等。除了方法的使用介紹外，將著重在閱讀前人研究的應用來了解方法的適用時機與信
效度的驗證。學生會需要在老師引導下，閱讀並報告論文。 

Requirement 

本學期課程將帶學生撰寫個人Essay，需以社群輿論為分析對象，以傳播為議題如政治傳播、
科學傳播、災害傳播、計算社會科學等。Essay內容應包含問題意識、研究問題、文獻探討架構
與核心論文摘要、研究方法、和初步研究成果。大學生應以大專生研究計畫、中華傳播學會年
會、資訊社會學年會、計算傳播年會投稿為目標；碩士生應以寫出嚴謹的研究計畫書為目標，
並提供初步的分析結果。 

本課程並非程式語言教學課程，修課生必須至少修過一學期的程式課程，且需有能夠自行撰
寫程式的自信。學生將被要求依照所介紹的論文與分析方法，就自己的研究議題自行實作。 
程式部分會有線上課程可以看，亦列計在授課時數中。 

 

https://forms.gle/XCBU6tB15zEKRrQWA
https://docs.google.com/document/d/1vOSsqgV1NMOi7WTWw-iNs-J1IgwRqEsDARPLz60GZjg/edit?usp=sharing


Textbook & Resources 

●​ PDF of Reference https://paperpile.com/shared/HzGKFN 
●​ Stefanowitsch, A. (2020). Corpus linguistics: A guide to the methodology. 

Language Science Press. Corpus linguistics 
●​ Text Mining: A Guidebook for the Social Sciences (sagepub.com): This book can 

be accessed for free through NTU VPN. It was written by Gabe Ignatow and Rada 
Mihalcea. The former is a sociologist from North Texas and the latter is a computer 
scientist. In addition to introducing the common techniques of text mining, the book 
also introduces three traditional social science methods related to text mining, including 
thematic analysis, narrative analysis, and metaphor analysis. 

●​ Jungherr, A. (2015). Analyzing Political Communication with Digital Trace Data: 
The Role of Twitter Messages in Social Science Research. Springer International 
Publishing. https://doi.org/10.1007/978-3-319-20319-5 

●​ Desagulier, G. (2017). Corpus Linguistics and Statistics with R. Springer International 
Publishing. https://doi.org/10.1007/978-3-319-64572-8 

●​ Jockers, M. L., & Thalken, R. (n.d.). Text Analysis with R. Springer International 
Publishing. https://doi.org/10.1007/978-3-030-39643-5 

●​ Baker, P. (2006). Using Corpora in Discourse Analysis. A&C Black. 
https://play.google.com/store/books/details?id=QMsSpoNX2EMC 

●​ quanteda tutorials :: Tutorials for quanteda 

Grading Policy 

🅴ssay (45%) 

(All presentations are peer-graded by classmates) 

1.​ Pitching and research questions 5% (Standup presentation + doc) 
2.​ Literature review & Methods 5% 
3.​ Exploratory data analysis 5% (Presentation + doc) 
4.​ Final essay and presentation 30%: (Presentation 5%, Essay 25% at least 10 pages in 

APA format with correct reference style, and figure/table captions)  
a.​ Completeness (15%), Writing format and APA (5%), Logic (5%) 

🅰ssignments & Practice (55%) 

●​ 🅽ote-taking Readings:15%: Summarize paper with bolded title 
●​ 🆁eporting Selected topics 15%: Select one topic to report and lead discussion 
●​ Implementation 25%: Keyness, Collocation and POS, word embeddings, and topic 

modeling. Required to implement skills or algorithms for specific topics such as political 
communication, health communication, or user modeling (Examples of tech collocation 
with PMI, topic modeling and visualization, crawling wiki DB for improving tokenization, 
using the tech word-embedding for doc classification). Each assignment has two 
weeks to work on, but there will be no delay in due dates 

Calendar 
W Date Tutorials Students 

1 

https://paperpile.com/shared/HzGKFN
https://library.oapen.org/handle/20.500.12657/43768
https://methods.sagepub.com/book/text-mining
https://tutorials.quanteda.io/


1 2/20 

Social Opinion Research overview:  
1.​ Twitter related researches overview 
2.​ Journals, papers, scholars, and issues (Stereotypes, polarizations, 

echo chambers, and filter bubble) 

🅽ote Taking 

2 2/27 228 Break  

3 3/06 Computational linguistics and text mining for Political Communication  

4 3/13 
Process of information retrievals & Research Designs 

●​ Gathering corpus for Youth representation on news 
●​ Populist and Populism: Big data methods vs. Survey 

🅴Pitching I 
🅽ote Taking 

5 3/20 
Keyness 

●​ Anomaly detection, event detection, and Hashtag activism  
●​ 🆁 Student report by 李宜恬 

🅽ote Taking 

6 3/27 

Key Influencer 
●​ Netizen, spammer, cyber warrior, and key influences in digital 

diplomacy and Information operation 
●​ 🆁 Student report by 張聖雯 

 
🅽ote Taking 

7 4/03 Spring break   

8 4/10 
N-gram, Collocation & Network method applications 

●​ How collocation network vis assists text understanding 
●​ 🆁 Student report by 何家慈 

🅴Literature Review & 
Method 
🅰Keyness & Collocation 

9 4/17 Topic Modeling: Reliability and Interpretability 🅽ote Taking 

10 4/24 
Topic modeling, Agenda-setting and Framing 

●​ 🆁 Student report by 洪欣愉 
🅰Topic Modeling 

11 5/01 
Word embeddings and stereotypes 

●​ Ideology scaling of US’s News Media 
🅴Exploratory data analysis 

12 5/08 

Ideology Scaling & ENA 
●​ Wordfish, WordScore, Filter bubble, echo chamber and 

segregation 
●​ 🆁 Student report by 巫敏慧 

🅰 Word Embeddings 
🅽ote Taking 

13 5/15 
Sentiment analysis, POS, and Emoji 

●​ Dictionary methods: Using E-hownet, Snownlp, and NTUSD 
●​ 🆁 Student report by 曹惟純 

🅽ote Taking 

14 5/22 
Stance-based sentiment analysis & Classification: Support vs. against 

●​ Support or against Hillary? Stance toward climate and feminist 
issues. 

 

15 5/29 Concluding  

16 6/05 Final 

17 6/12 🅴Final Presentation (In-Class) 

Weekly 
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W1 Overview 

●​  TM00_OVERVIEW

Reference 
●​ Jungherr, A. (2015). Analyzing Political Communication with Digital Trace Data: The Role 

of Twitter Messages in Social Science Research. Springer International Publishing. 
https://doi.org/10.1007/978-3-319-20319-5 

Take-home Practice I: Twitter as corpus 

Twitter由於資料容易取得，且有作者名、時間、群體、轉推、回應等相當豐富的社群行為資訊，所以可
以找到相當多類型的研究如政治科學、社會學、傳播學、地理、環境、文學、語言學等。這個練習是為
了讓你找到本學期要從事的研究題目，或讓你更習慣查找文獻以發掘新題目。 
 
請從Google Scholar或Jungherr, A. (2015). Analyzing Political Communication with Digital Trace Data: 
The Role of Twitter Messages in Social Science Research. Springer International Publishing. 挑選一篇
論文，並記錄在SMOA-PaperDB中。請勿和他人重複。 

Reading for next next week 

從下週的文獻中挑選一篇，嘗試歸納用文本探勘、計算語言學可以做什麼樣的研究？或者什麼樣的研
究對你而言是有趣的？本次閱讀是希望你從上述文獻中，摘要出與社群輿論分析、文本探勘或計算語
言學在傳播科學或政治傳播上的應用。將你閱讀的篇目貼至SMOA-PaperDB。  
 
通常一篇摘要會希望你摘要近一千字或更多，在這門課並沒有限制你不能使用Google Translate或任
何你認為可以用的工具，但摘要文字必須是通順的、經過整理的。且要能夠擷取重要的圖、文進入摘
要中。你也可以將你做完註記後的文獻電子檔直接貼至該Notion Page中，來提供你確實好好閱讀過該
篇文獻的證明。比方說，你可以非常提綱挈領地摘要1000字，但其他全部用註記PDF的方式來達成。 
 

 

W3 Computational Linguistics and text mining for Political Comm. 

 TM02-Ling_Comm_PoliSci_Computing

Reference 

●​ Wilkerson, J. D., & Casas, A. (2016). Large-scale Computerized Text Analysis in Political 
Science: Opportunities and Challenges. Annual Review of Political Science, 20, 
529–544.  

○​ 嘗試舉例說明：「政治學（或社會科學）會比較注重變項間的交互作用，例如多控
制一個變項，可能為模型帶來的影響，而不是如機器學習般停止於預測的準確
率」 
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https://docs.google.com/presentation/d/1FhuVHTofGSiJlhiDRA1mGL3ZGTZjAi-3ro5cZDFzhBk/edit?usp=sharing
https://docs.google.com/presentation/d/1_m7z3Ob1ovWtJv3pBdaXRHCluqiNLz1vqBaavSlWQRk/edit?usp=sharing
https://doi.org/10.1007/978-3-319-20319-5
https://doi.org/10.1007/978-3-319-20319-5
https://cclab-tm.notion.site/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec
https://cclab-tm.notion.site/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec


●​ Molina, M., & Garip, F. (2019). Machine Learning for Sociology. Annual Review of 
Sociology. https://doi.org/10.1146/annurev-soc-073117-041106 

●​ Theocharis, Y., & Jungherr, A. (2021). Computational social science and the study of 
political communication. Political Communication, 38(1-2), 1-22. 

​Nguyen, D., Doğruöz, A. S., Rosé, C. P., & de Jong, F. (n.d.). Computational 
Sociolinguistics: A Survey. Computational Linguistics. 
https://doi.org/10.1162/COLI_a_00258 

●​ Lucas, C., Nielsen, R. A., Roberts, M. E., Stewart, B. M., Storer, A., & Tingley, D. (2015). 
Computer-Assisted Text Analysis for Comparative Politics. Political Analysis: An Annual 
Publication of the Methodology Section of the American Political Science Association, 
23(2), 254–277. https://doi.org/10.1093/pan/mpu019 

W4-1 Corpus 

●​  TM00 Rundown

Barberá. (2021) 的研究中提到了建立語料庫的可能方法和考量。就你個人的研究而言，你的語料庫是
什麼？如何說明你所選用的語料庫範圍和抽樣方法是相關（relevant）且具有代表性的（Representative
）？ 

●​ 何謂「語料庫」？ 
●​ 文中的Keyword search和Subject-based兩種方法所指為何？ 
●​ 文中所指的「相關（Relevant）」與「具代表性（Representative）」是什麼意思？對你的研究而言，

相關文本為何？是否具代表性？ 
●​ Example:  

○​ Fathering keywords: 如果要做BabyMother版的父職論述，抽老公、丈夫、隊友是否相關
且具代表性？ 

○​ 如果要做年輕人的新聞評述，抽取「年輕人」是否相關且具代表性？ 

研究者應就其研究問題界定適當範圍的語料庫。如果是自行爬取資料來建立語料庫的話，必
須要思考是用關鍵字搜尋或依賴於既定的資料範圍。如果是用關鍵字搜尋的話，尤其是要呈
現議題趨勢變化的話，必須嘗試證明所下的關鍵字能夠準確地收集到相關的資料，既不濫收
也不少收。在研究方法中必須要說明所獲得（或預計獲得）的資料範圍，來自哪個媒體或平
台？原始資料總筆數？時間範圍為何？ 

●​  TM02-Introduction to NLP
●​ Preparing Corpus (Notion)  
●​ https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-c

onstructionalization 
●​ 國教院--華語文語料庫應用系統整合入口 (naer.edu.tw) 

Reference 

●​ Barberá, P., Boydstun, A. E., Linn, S., McMahon, R., & Nagler, J. (2021). Automated 
Text Classification of News Articles: A Practical Guide. Political Analysis, 29(1), 
19–42. https://doi.org/10.1017/pan.2020.8 

●​ Hyland, K., & Tse, P. (2005). Hooking the reader: a corpus study of evaluative that 
in abstracts. English for Specific Purposes, 24(2), 123–139. 
https://doi.org/10.1016/j.esp.2004.02.002 

●​ Liu, M. C., & Chang, C. (2012). The degree-evaluative construction: Grammaticalization 
in constructionalization. Newest trends in the study of grammaticalization and 
lexicalization in Chinese, ed. Janet Zhiqun Xing, 115-148. 

●​ 吳雙羽, & 賴惠玲. (2022). 從範例模型及詞彙構式互動的觀點探討新型「被＋X」構式. 
Taiwan Journal of Linguistics, 20(1), 115–150. 
https://doi.org/10.6519/TJL.202201_20(1).0003 
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https://docs.google.com/presentation/d/12Jkmy_E2qT1KqXfgnkmu4DPrXPrHqcZ4Q46pyNHWvRY/edit?usp=sharing
https://docs.google.com/presentation/d/1dt0JeLiuCrUOhdLkmgg9XUQPvqpfyEOUNstTDQ-uMXU/edit?usp=sharing
https://doi.org/10.1162/COLI_a_00258
https://doi.org/10.1162/COLI_a_00258
https://docs.google.com/document/u/0/d/18CWC3rLpgQZoH5lKNrdT2BzjtNNxQeG0SacSsEJJ4t4/edit
https://www.notion.so/cclab-tm/Preparing-corpus-cf37bfa156fd4a099709f7fad39ee5c4
https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-constructionalization-625215f38cc9437786ff38b274575e74
https://cclabtw.notion.site/The-degree-evaluative-construction-Grammaticalization-in-constructionalization-625215f38cc9437786ff38b274575e74
https://coct.naer.edu.tw/
https://doi.org/10.1017/pan.2020.8
https://doi.org/10.1016/j.esp.2004.02.002
https://doi.org/10.1016/j.esp.2004.02.002
https://doi.org/10.6519/TJL.202201_20(1).0003
https://doi.org/10.6519/TJL.202201_20(1).0003


●​ 鍾曉芳, & 曾瑋庭. (2022). 類別隱喻構式研究. 中國語文通訊, 101(2), 193–212.  

W4-2 Research designs 

●​ Research designs 
●​ Examples 

○​ Gathering corpus for Youth representation on news 
○​ Populist and Populism: Big data methods vs. Survey 

●​ Writing guidelines 
1.​ How to seek and organize papers with citation managers 
2.​ How to read papers by notions 
3.​ How to quote a paper 

這三本都是相當高分的碩論，但除卻議題本身，他們在理論與方法的運用與結合上，大相徑庭
，和傳統方法的綜合運用和比較上、就方法而言、和理論對話上，你覺得他們有什麼樣的差
異？請各簡要用100字做個摘要。 https://paperpile.com/shared/HzGKFN 

●​ 江玟. (2021). Populism and Political Communication on Facebook_ 2020 Taiwan 
Presidential Election. https://doi.org/10.1016/S1541-4612(21)00035-5 

●​ 黃子晞. (2019). 從媒體微博之限制評論設置看中國網路輿論限縮 [國立臺灣大學]. 
https://doi.org/10.6342/NTU201901458 

●​ 齊若堯. (n.d.). Media representation and bias against Southeast Asia: Analysis of 
Taiwan’s media coverage of Filipinos. 

●​ (Good) Grimmer, J., & Stewart, B. M. (2013). Text as data: The promise and pitfalls of 
automatic content analysis methods for political texts. Political analysis, 21(3), 267-297. 

W5 Keyness & Hashtags  & POS 

●​ What does Zipf’s law say? i.e., Zipf’s law describes the distribution of term frequency. 
●​ What is keyness? Is it different from keywords, keyterms or term frequency? 
●​ What is tf-idf? What is its relationship with term frequency? What problem does it aim to solve? 
●​ What is term dispersion? How is it different from term frequency and tf-idf?  

●​ AS06 Tokenization and TF.ipynb (Colab) 
●​ TM04 Chinese Tokenization.ipynb (Colab) 
●​ https://cclab-tm.notion.site/Segmentation-Tokenization 
●​ https://cclab-tm.notion.site/Keyness 
●​ Text analysis of Trump's tweets confirms he writes only the (angrier) Android half – 

Variance Explained 

Reference 

●​ Baker, P. (2004). Querying keywords: Questions of difference, frequency, and 
sense in keywords analysis. Journal of English linguistics, 32(4), 346-359. 

●​ Gabrielatos, C. (2018). Keyness analysis: Nature, metrics and techniques. InC. 
Taylor & A. Marchi (Eds.), Corpus Approaches to Discourse: A Critical Review (pp. 
225–258). Routledge, 10, 9781315179346-11. 

●​ 張莉萍. (2000). 華語教材中的語法用語. 第六屆世界華語文教學研討會. 
https://web.ntnu.edu.tw/~lchang/yufayongyu_2000.pdf 

●​ 朱蘊兒, & 陳百齡. (2016). 眾裡尋他千百度：新聞文本中的關鍵詞篩選與類目建構. 中
華傳播學會年會. 

Tech Readings 

●​ 7 Case study: comparing Twitter archives | Text Mining with R 
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https://www.notion.so/cclab-tm/W4-ResearchDesigns-20887dbe97314591ad4f60240d982857
https://paperpile.com/shared/HzGKFN
https://colab.research.google.com/drive/1rpiNiO59a2sRela7M42rOortMLwDxHAn?usp=sharing
https://drive.google.com/file/d/1QcspkFVC5BVYDMvB7oDX7VcFu9TRMCbI/view?usp=sharing
https://cclab-tm.notion.site/Segmentation-Tokenization-25dfa6aae8654b8ca18f29cea164245e
https://cclab-tm.notion.site/Keyness-804b539020a84503beeff9acb6664d2c
http://varianceexplained.org/r/trump-tweets/
http://varianceexplained.org/r/trump-tweets/
https://www.tidytextmining.com/twitter.html


●​ Who wrote the anti-Trump New York Times op-ed? Using tidytext to find document 
similarity – Variance Explained 

●​ Blog | Julia Silge 
●​ Named Entity Recognition with Spacy and the Mighty roBERTa | by Zoumana Keita 
●​ Guide to Named Entity Recognition with spaCy and NLTK (analyticsindiamag.com) 
●​ 初學者 | 今天掌握SnowNLP好不好 - 每日頭條 (kknews.cc) 

W6 Key Influencer: Digital Diplomacy & Cyber Warriors 

●​ [Instruction] Literature Review Guideline 

●​ 關鍵影響人要如何定義？ 
●​ 關鍵影響人採用的定義應該是廣域的（比方說整個網絡），或者僅是局部的（比方說，單一個點

的周遭）？ 
●​ 網絡指標似乎非常適合用來定義關鍵影響人，Degree, closeness, betweeness centrality, 

eigencentrality, page rank所定義的關鍵影響人有什麼樣的特性？ 

Reference 

●​ Ingenhoff, D., Calamai, G., & Sevin, E. (2021). Key Influencers in Public Diplomacy 
2.0: A Country-Based Social Network Analysis. Social Media + Society, 7(1), 
2056305120981053. 

●​ Uren, T., Thomas, E., & Wallis, J. (2019). Tweeting through the great firewall: 
preliminary analysis of PRC-linked information operations on the Hong Kong 
protests. Australian Strategic Policy Institute. 

●​ Social network analysis: Understanding centrality measures 
(cambridge-intelligence.com) 

○​ Social Network Analysis - Cambridge Intelligence (cambridge-intelligence.com) 
●​ Identifying Influencers on Social Media: A Guide to Social Network Analysis Using 

Python | by Dina Bavli | Towards Data Science 
●​ Analyzing Twitter User Network. Analyzing the Twitter user network… | by Mananai 

Saengsuwan | Towards Data Science 

W8 N-gram and Collocation Network 

●​  TM00 Rundown

Preview: Find and Answer 

●​ Terms和N-gram之間的關係是什麼？ 
●​ N-gram和Collocation之間的差異在哪裡？兩者在應用上又會有哪些不同之處？能舉出一個使

用N-gram的應用案例和一個使用Collocation的應用案例嗎？何時該使用n-gram何時又該使用
Collocation呢？ 

●​ Collocation的指標有哪幾種？ 
●​ SentencePiece的概念和n-gram異同？用途為何？ 

Activity: Using Corpus to play Collocation 

使用以下兩種不同類型的系統，舉你感興趣的例子各一個，貼上並分享你感興趣的範例。 

●​ 國教院--華語文語料庫應用系統整合入口 (naer.edu.tw) 
●​ Netspeak 

●​ Tutorials of Co-occurrence 
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https://docs.google.com/presentation/d/12Jkmy_E2qT1KqXfgnkmu4DPrXPrHqcZ4Q46pyNHWvRY/edit?usp=sharing
http://varianceexplained.org/r/op-ed-text-analysis/
http://varianceexplained.org/r/op-ed-text-analysis/
https://juliasilge.com/blog/
https://towardsdatascience.com/named-entity-recognition-with-spacy-and-the-mighty-roberta-97d879f981
https://analyticsindiamag.com/guide-to-named-entity-recognition-with-spacy-and-nltk/
https://kknews.cc/code/y3yoxvn.html
https://cclab-tm.notion.site/Instruction-Literature-Review-Method-cc1a62eaa1c2452eac29ac124ca9959b
https://cambridge-intelligence.com/keylines-faqs-social-network-analysis/
https://cambridge-intelligence.com/keylines-faqs-social-network-analysis/
https://cambridge-intelligence.com/social-network-analysis/
https://towardsdatascience.com/identifying-influencers-on-social-media-a-guide-to-social-network-analysis-using-python-e05f4da151b8
https://towardsdatascience.com/identifying-influencers-on-social-media-a-guide-to-social-network-analysis-using-python-e05f4da151b8
https://towardsdatascience.com/analyzing-twitter-user-network-1cfcef1dd89d
https://towardsdatascience.com/analyzing-twitter-user-network-1cfcef1dd89d
https://coct.naer.edu.tw/
https://netspeak.org/


○​ R: 4 Relationships between words: n-grams and correlations | Text Mining with 
R (tidytextmining.com) 

○​ R: Analyzing Co-Occurrences and Collocations in R (slcladal.github.io) 
●​ Tutorials of Network Visualization 

○​ Network visualization with R (kateto.net) 
○​ Katya Ognyanova: Rutgers Prof., Network Researcher, Data Scientist 

(kateto.net) 
○​ Chapter 2 igraph package | Introduction to Network Analysis Using R 

(yunranchen.github.io) 
●​ Sample codes 

○​ TM02 Collocation — Programming for Social Scientists (p4css.github.io) 
○​ TM03 POS Tagging — Programming for Social Scientists (p4css.github.io) 

■​ Python: TM02_collocation.ipynb 
○​ R: TM07 Collocation Speech, Download data from toChinaSpeech.rda 
○​ Ptt_fathering (Dropbox) 
○​ https://cclab-tm.notion.site/Collocation-0eef6be2850044a68951307004c7f142 

●​ Slides 
○​  (Actually bigram with distance) TM02 Collocation_Py
○​   TM02-Collocation_R

Reference 

●​ 4 Relationships between words: n-grams and correlations | Text Mining with R 
(tidytextmining.com) 

●​ Stefanowitsch, A. (2020). Corpus linguistics: A guide to the methodology. 
Language Science Press. https://library.oapen.org/handle/20.500.12657/43768 

○​ Chapter 6 Significant testing 
○​ Chapter 7 Collocation 
○​ Chpater 8 Grammar and collocation 

●​ Manning, C., & Schutze, H. (1999). Chapter 5. Collocation. Foundations of 
statistical natural language processing. MIT press. See 
https://paperpile.com/shared/HzGKFN.  

●​ Chen, A. C.-H. (2022). Words, constructions and corpora: Network 
representations of constructional semantics for Mandarin space particles. 
Corpus Linguistics and Linguistic Theory, 18(2), 209–235. 
https://doi.org/10.1515/cllt-2020-0012 

W9 Topic modeling 

●​  Talk20230315-Computational Political Science?
●​ , Coherence and summary part TM03 Topic modeling with R

a.​ https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68fb52420f815
28d07e636fb36?pvs=4 

●​ Sample Code: RStudio Cloud ←  
a.​ https://www.dropbox.com/sh/ohq6qzxvopkoidc/AAAu-cikPg80ROtuSYfu3khUa

?dl=0 
●​ Good Tutorials 

a.​ 6 Topic modeling | Text Mining with R (tidytextmining.com) 
b.​ stm: An R Package for Structural Topic Models (harvard.edu) ← Using STM for 

political science and most of Social Science Applications 
i.​ Structural Topic Modeling with R — Part I | by Jovan Trajceski | Medium 
ii.​ Structural Topic Modeling with R — Part II | by Jovan Trajceski | Medium 
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https://docs.google.com/presentation/d/1UhvOv26PEOoJFHwQJTy5Y9g4IX9FAj_MytQvHm8UcGU/edit?usp=sharing
https://docs.google.com/presentation/d/19GMKL6JDS5YSBNiQ_tyhOUNen8S3EBWRsxsaPf2gJ1I/edit?usp=sharing
https://docs.google.com/presentation/d/1X8JWQZA1qtxesCaQqT15ZOK1ZWZlVaFAdl-zQdZ69Ks/edit?usp=sharing
https://docs.google.com/presentation/d/13JZupGAV-tZt8qR9gf1uq339EQo8NpvOnVl7vORTo6g/edit?usp=sharing
https://www.tidytextmining.com/ngrams.html
https://www.tidytextmining.com/ngrams.html
https://slcladal.github.io/coll.html
https://kateto.net/wp-content/uploads/2017/06/Polnet%202017%20R%20Network%20Visualization%20Workshop.pdf
https://kateto.net/
https://kateto.net/
https://yunranchen.github.io/intro-net-r/igraph.html
https://yunranchen.github.io/intro-net-r/igraph.html
https://p4css.github.io/py4css/TM/TM02_collocation.html
https://p4css.github.io/py4css/TM/TM03_POS%20Tagging.html
https://drive.google.com/file/d/1ZmYqmjEP_CRJ6wYWOJSdbYnc_DOcU3CB/view?usp=sharing
https://www.dropbox.com/s/oc9rjsvxy5hz934/TM07_collocation_speech.Rmd?dl=0
https://www.dropbox.com/s/argseehqhziloeu/toChinaSpeech.rda?dl=0
https://www.dropbox.com/sh/kk6lr9ddsxmi08w/AAA-gNfuh52VBzFaZ63-0yLMa?dl=0
https://cclab-tm.notion.site/Collocation-0eef6be2850044a68951307004c7f142
https://www.tidytextmining.com/ngrams.html
https://www.tidytextmining.com/ngrams.html
https://library.oapen.org/handle/20.500.12657/43768
https://paperpile.com/shared/HzGKFN
https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68fb52420f81528d07e636fb36?pvs=4
https://www.notion.so/cclab-tm/Topic-modeling-Review-6648ee68fb52420f81528d07e636fb36?pvs=4
https://rstudio.cloud/project/3796613
https://www.dropbox.com/sh/ohq6qzxvopkoidc/AAAu-cikPg80ROtuSYfu3khUa?dl=0
https://www.dropbox.com/sh/ohq6qzxvopkoidc/AAAu-cikPg80ROtuSYfu3khUa?dl=0
https://www.tidytextmining.com/topicmodeling.html
https://scholar.harvard.edu/files/dtingley/files/jss-stm.pdf
https://jovantrajceski.medium.com/structural-topic-modeling-with-r-part-i-2da2b353d362
https://jovantrajceski.medium.com/structural-topic-modeling-with-r-part-ii-462e6e07328


c.​ GitHub - MaartenGr/BERTopic: Leveraging BERT and c-TF-IDF to create easily 
interpretable topics. ← Using BERTTopic in your research if you don’t need to 
include independent factor in your research. With executable Colab examples. 
Recommended!! 

i.​ About Coherence of topic models · Issue #90 · MaartenGr/BERTopic 
(github.com) 

ii.​ suggestion: incorporating document-level covariates · Issue #360 · 
MaartenGr/BERTopic (github.com) 

iii.​ Model Reproducibility · Issue #987 · MaartenGr/BERTopic (github.com) 
d.​ Top2vec How to perform topic modeling with Top2Vec. | Towards Data Science 

Without sufficient information. 
i.​ HKML S4E4 - Top2Vec: Distributed Representations of Topics, with 

application on 2020 10-K - YouTube: Video tutorial!! 
e.​ Classical methods vs. BERTopic: Topic Modeling with LSA, pLSA, LDA, NMF, 

BERTopic, Top2Vec: a Comparison | by Nicolo Cosimo Albanese | Towards Data 
Science 

 

Highlight 
1.​ Implementing Topic modeling by Python/R, 
2.​ Topic modeling for short text documents 
3.​ Explaining topic-document distribution and word-topic distribution correctly 
4.​ How-to evaluate the result of topic, e.g., by coherence score or ... 
5.​ Applications 

Take-home Quiz 
●​ 請簡述Topic modeling之Documents-Topics-Words間的關係。Topic modeling比較適用於哪一種

文本？嘗試閱讀論文歸納之。Topic modeling有不同的模型，過去針對不同的文本會如何選用
模型？Topic modeling的結果要如何評估？ 

Reference 

●​ Egger, R., & Yu, J. (2022). A topic modeling comparison between LDA, NMF, 
Top2Vec, and BERTopic to demystify Twitter posts. Frontiers in Sociology, 7, 
886498. https://doi.org/10.3389/fsoc.2022.886498 

●​ Maier, D., Waldherr, A., Miltner, P., Wiedemann, G., Niekler, A., Keinert, A., Pfetsch, B., 
Heyer, G., Reber, U., Häussler, T., Schmid-Petri, H., & Adam, S. (2018). Applying LDA 
Topic Modeling in Communication Research: Toward a Valid and Reliable 
Methodology. Communication Methods and Measures, 12(2-3), 93–118. 

●​ Lucas, C., Nielsen, R. A., Roberts, M. E., Stewart, B. M., Storer, A., & Tingley, D. (2015). 
Computer-Assisted Text Analysis for Comparative Politics. Political Analysis: An 
Annual Publication of the Methodology Section of the American Political Science 
Association, 23(2), 254–277. https://doi.org/10.1093/pan/mpu019 

●​ Wang, P. Y. A., & Hsieh, S. K. (2023). Incorporating structural topic modeling into short 
text analysis. Concentric, 49(1), 96-138. Incorporating structural topic modeling into 
short text analysis | John Benjamins (jbe-platform.com) 

●​ Rauchfleisch, A. (2017). The public sphere as an essentially contested concept: A 
co-citation analysis of the last 20 years of public sphere research. Communication and 
the Public, 2(1), 3-18. 

●​ Roberts, M. E., Stewart, B. M., Tingley, D., Lucas, C., Leder‐Luis, J., Gadarian, S. K., ... 
& Rand, D. G. (2014). Structural topic models for open‐ended survey responses. 
American journal of political science, 58 (4), 1064-1082. 

●​ Roberts, M. E., Stewart, B. M., & Tingley, D. (2019). Stm: An R package for structural 
topic models. Journal of Statistical Software, 91, 1-40. 
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https://github.com/MaartenGr/BERTopic
https://github.com/MaartenGr/BERTopic
https://github.com/MaartenGr/BERTopic/issues/90
https://github.com/MaartenGr/BERTopic/issues/90
https://github.com/MaartenGr/BERTopic/issues/360
https://github.com/MaartenGr/BERTopic/issues/360
https://github.com/MaartenGr/BERTopic/issues/987
https://towardsdatascience.com/how-to-perform-topic-modeling-with-top2vec-1ae9bb4e89dc
https://www.youtube.com/watch?v=QB2UbnhO3EU&ab_channel=HKML
https://www.youtube.com/watch?v=QB2UbnhO3EU&ab_channel=HKML
https://towardsdatascience.com/topic-modeling-with-lsa-plsa-lda-nmf-bertopic-top2vec-a-comparison-5e6ce4b1e4a5
https://towardsdatascience.com/topic-modeling-with-lsa-plsa-lda-nmf-bertopic-top2vec-a-comparison-5e6ce4b1e4a5
https://towardsdatascience.com/topic-modeling-with-lsa-plsa-lda-nmf-bertopic-top2vec-a-comparison-5e6ce4b1e4a5
https://www.jbe-platform.com/content/journals/10.1075/consl.22026.wan
https://www.jbe-platform.com/content/journals/10.1075/consl.22026.wan


●​ Osnabrügge, M., Ash, E., & Morelli, M. (2021). Cross-Domain Topic Classification for 
Political Texts. Political Analysis, 1-22. 

○​ Abstract. ...**assess the use of supervised learning in cross-domain topic 
classification. ... classify topics in a labeled source corpus and then predicts 
topics in an unlabeled target corpus from another domain. .... We demonstrate 
the method using the case of labeled party platforms (source corpus) and 
unlabeled parliamentary speeches (target corpus). .... To illustrate the usefulness 
of the method, we present two case studies on how electoral rules and the 
gender of parliamentarians influence the choice of speech topics 

○​ Cross-domain topic classification: Using supervised learning, training labeled 
party platforms text to predict unlabeled parliamentary speeches 

●​ When Coherence Score is Good or Bad in Topic Modeling? | Baeldung on Computer 
Science 

●​ Evaluate Topic Models: Latent Dirichlet Allocation (LDA) | by Shashank Kapadia | 
Towards Data Science 

W10 Topic modeling Applications: Agenda-setting and Framing?  

●​ Best R Practice: ​​Training, evaluating, and interpreting topic models | Julia Silge 
●​ Good Python Practice using gensim: Evaluate Topic Models: Latent Dirichlet Allocation 

(LDA) | by Shashank Kapadia | Towards Data Science 
●​ 2. Topic Modeling: A Naive Example — ENC2045 Computational Linguistics (The 

coherence computation is implemented in gensim. Tmtookit is designed to apply the 
coherence computation to a sklearn-trained LDA.  

●​ NLTK :: Sample usage for framenet FrameNet of NLTK 
●​ FrameGrapher | fndrupal (berkeley.edu) 
●​ Applications of Topic modeling: 

https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb47b990fe272cf
2a6159a 

Reference 

●​ Sturdza, M. D. (2018). Automated Framing Analysis: A Rule Based System for 
News Media Text. Journal of Media Research - Revista de Studii Media, 11(32), 
94–110. https://www.ceeol.com/search/article-detail?id=715200 

●​ Caswell, D., & Dörr, K. (2018). Automated Journalism 2.0: Event-driven narratives. 
Journalism Practice, 12(4), 477–496. https://doi.org/10.1080/17512786.2017.1320773 

●​ 張錦華. (2011). 從 van Dijk 操控論述觀點分析中國大陸省市採購團的新聞置入及報導
框架: 以台灣四家報紙為例. 中華傳播學刊, 20, 65–93.  

●​ 鄧朝元, 廖達琪, & 黃韋豪. (2022). 國產新冠肺炎疫苗報導之新聞框架:《 ETtoday 新聞
雲》,《 Yahoo! 奇摩新聞》,《 中時新聞網》 及《 自由時報》 之 Facebook 粉絲專頁之比較. 

W11 Word embedding 

Resource  

●​ https://p4css.github.io/jour7088/representation.html 
●​ Word-Embeddings (Notion) 
●​  SMOA-Word Embedding
●​ Opinion Analysis 2022-05-02-10-22-26 (Live Recording) 
●​ Opinion Analysis 2022-05-09-10-23-35 (Live Recording) 
●​  TM04 Word2vec
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https://docs.google.com/document/d/1uOll1uPASb-5XaXcYyDFfYDQ55YoGbFkh7_0iJvFSxQ/edit?usp=sharing
https://docs.google.com/presentation/d/1CToAjBPPTnPZguXb_PUaZ88vAjbr2Vsqw3CUrFLwqRw/edit?usp=sharing
https://www.baeldung.com/cs/topic-modeling-coherence-score
https://www.baeldung.com/cs/topic-modeling-coherence-score
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://juliasilge.com/blog/evaluating-stm/
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://towardsdatascience.com/evaluate-topic-model-in-python-latent-dirichlet-allocation-lda-7d57484bb5d0
https://alvinntnu.github.io/NTNU_ENC2045_LECTURES/nlp/topic-modeling-naive.html
https://www.nltk.org/howto/framenet.html
https://framenet.icsi.berkeley.edu/fndrupal/FrameGrapher
https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb47b990fe272cf2a6159a
https://cclab-tm.notion.site/Topic-Modeling-Applications-139ae6d7edfb47b990fe272cf2a6159a
https://www.ceeol.com/search/article-detail?id=715200
https://p4css.github.io/jour7088/representation.html
https://www.notion.so/cclab-tm/Word-Embeddings-095cf036459840128d5b80f1291be29c
https://cool.ntu.edu.tw/courses/12403/modules/items/590236
https://cool.ntu.edu.tw/courses/12403/modules/items/590233


○​ Comparing word2vec to wordfish and wordscore, 
https://github.com/2048lab/SMOA/blob/main/5_embedding_vs_wordfish_word
score.Rmd 

Questions 

1.​ 就課程介紹詞嵌入的方法後，似乎他是一個被用來探查「偏見」或「刻板印象」的好工
具。除了種族、國家、或性別外，還有可能有什麼樣的偏見或刻板印象？請構思並舉例
說明看看。 

2.​ 固然詞嵌入的方法被大量運用來查找新聞或社群文本中的「偏見」或「刻板印象」，但本
身他的概念就是若有兩個詞在句法結構上有相似的特徵的話，那他們兩個詞向量會非
常接近。那麼，除了查找「偏見」或「刻板印象」外，除了我們說可以拿來做詞彙擴展外，
還可以用來探究什麼樣的議題？ 

Reference 

1.​ Garg, N., Schiebinger, L., Jurafsky, D., & Zou, J. (2018). Word embeddings quantify 
100 years of gender and ethnic stereotypes. Proceedings of the National Academy 
of Sciences of the United States of America, 115(16), E3635–E3644. 
https://doi.org/10.1073/pnas.1720347115 

2.​ Rheault. (2020). Word Embeddings for the Analysis of Ideological Placement in 
Parliamentary Corpora. Political Analysis: An Annual Publication of the Methodology 
Section of the American Political Science Association. 
https://doi.org/10.1017/pan.2019.26 

3.​ Rodman. (2020). A Timely Intervention: Tracking the Changing Meanings of Political 
Concepts with Word Vectors. Political Analysis: An Annual Publication of the 
Methodology Section of the American Political Science Association. 
https://doi.org/10.1017/pan.2019.23 

4.​ Dyevre, A. (2021). The promise and pitfall of automated text-scaling techniques for the 
analysis of jurisprudential change. Artificial Intelligence and Law, 29(2), 239–269. 
https://doi.org/10.1007/s10506-020-09274-0 

5.​ Nissim, M., van Noord, R., & van der Goot, R. (2020). Fair is better than sensational: 
Man is to doctor as woman is to doctor. Computational Linguistics, 46(2), 487-497.  

W12 Ideology Scaling 

●​ https://ntucc.webex.com/meet/jerryhsieh 
●​ Topic over network 

https://gamma.app/public/SMOALRTopic-over-network-fli2g4qv7pwgkr6 
○​ State-aligned trolling in Iran and the double-edged affordances of Instagram 

(notion.so) 
○​ The German Far-right on YouTube: An Analysis of User Overlap and User 

Comments (notion.so) 
○​ Fighting Zika with honey: An analysis of YouTube’s video recommendations on 

Brazilian YouTube (notion.so) 
●​  →  Talk20230315-Computational Political Science? TM06-Ideology-PCA

Reference 

●​ Bond, R., & Messing, S. (2015). Quantifying Social Media’s Political Space: 
Estimating Ideology from Publicly Revealed Preferences on Facebook. The 
American Political Science Review, 109(1), 62–78. 
https://doi.org/10.1017/S0003055414000525 

○​ 張耕齊. (2017). Ideology Estimation , Media Slant , and Opinion Segregation 
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https://docs.google.com/presentation/d/1X8JWQZA1qtxesCaQqT15ZOK1ZWZlVaFAdl-zQdZ69Ks/edit?usp=sharing
https://docs.google.com/presentation/d/1ifc7KWLERxn4oK5LgPOLchz9HsRAf5RzdH_1jQkg5yo/edit?usp=sharing
https://github.com/2048lab/SMOA/blob/main/5_embedding_vs_wordfish_wordscore.Rmd
https://github.com/2048lab/SMOA/blob/main/5_embedding_vs_wordfish_wordscore.Rmd
https://doi.org/10.1073/pnas.1720347115
https://doi.org/10.1017/pan.2019.23
https://doi.org/10.1007/s10506-020-09274-0
https://ntucc.webex.com/meet/jerryhsieh
https://gamma.app/public/SMOALRTopic-over-network-fli2g4qv7pwgkr6
https://www.notion.so/cclabtw/State-aligned-trolling-in-Iran-and-the-double-edged-affordances-of-Instagram-d90938a4eb984a97ad340195a464118a
https://www.notion.so/cclabtw/State-aligned-trolling-in-Iran-and-the-double-edged-affordances-of-Instagram-d90938a4eb984a97ad340195a464118a
https://www.notion.so/cclabtw/The-German-Far-right-on-YouTube-An-Analysis-of-User-Overlap-and-User-Comments-b6e1db80e9dc46faa7061f844676fec1
https://www.notion.so/cclabtw/The-German-Far-right-on-YouTube-An-Analysis-of-User-Overlap-and-User-Comments-b6e1db80e9dc46faa7061f844676fec1
https://www.notion.so/cclabtw/Fighting-Zika-with-honey-An-analysis-of-YouTube-s-video-recommendations-on-Brazilian-YouTube-256bfc2ff8b541e0b70a64396cb78b8c
https://www.notion.so/cclabtw/Fighting-Zika-with-honey-An-analysis-of-YouTube-s-video-recommendations-on-Brazilian-YouTube-256bfc2ff8b541e0b70a64396cb78b8c
https://doi.org/10.1017/S0003055414000525


●​ Barberá, P., Jost, J. T., Nagler, J., Tucker, J. A., & Bonneau, R. (2015). Tweeting From 
Left to Right: Is Online Political Communication More Than an Echo Chamber? 
Psychological Science, 26(10), 1531–1542. 
https://doi.org/10.1177/0956797615594620  

●​ Bakshy, E., Messing, S., & Adamic, L. A. (2015). Exposure to ideologically diverse 
news and opinion on Facebook. Science, 348(6239), 1130–1132. 
https://doi.org/10.1126/science.aaa1160 

●​ Dyevre, A. (2021). The promise and pitfall of automated text-scaling techniques for the 
analysis of jurisprudential change. Artificial Intelligence and Law, 29(2), 239–269. 
https://doi.org/10.1007/s10506-020-09274-0 

●​ Kosinski, M., Stillwell, D., & Graepel, T. (2013). Private traits and attributes are 
predictable from digital records of human behavior. Proceedings of the national 
academy of sciences, 110(15), 5802-5805. 

W13 Sentiment Analysis & Stance-based sentiment analysis 

 

●​ What is sentiment? And what is stance?  

 

●​  TM09 Sentiment Analysis - Stance-based

Reference 

●​ Cao, R., Luo, X., Xi, Y., & Qiao, Y. (2022). Stance detection for online public opinion 
awareness: An overview. International Journal of Intelligent Systems, 37(12), 
11944–11965. https://doi.org/10.1002/int.23071 

●​ Bestvater, S. E., & Monroe, B. L. (2022). Sentiment is Not Stance: Target-Aware 
Opinion Classification for Political Text Analysis. Political Analysis: An Annual 
Publication of the Methodology Section of the American Political Science Association, 
1–22. https://doi.org/10.1017/pan.2022.10 

●​ Liu, B. (2007). Web Data Mining. Exploring Hyperlinks, Contents, and Usage Data. 
Heidelberg: Springer-Verlag Berlin （不用看） 

CODING GUILDLINE 

●​ (Good) Beginner’s Guide to Sentiment Analysis for Simplified Chinese using SnowNLP | 
by Ng Wai Foong | Towards Data Science 

W14 Document Classification 

●​ Submit to here: 
https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec?p
vs=4 

●​  
●​ https://gamma.app/docs/Using-OpenAI-ChatGPT-for-sentiment-analysis-and-stance-d

etection-rx8d2z6uzf6qgj5 

●​ https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a0216
0a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20Ch
atGPT-4b7a2514c2814af8bbf3eb0cd21ec241 
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https://docs.google.com/presentation/d/144-MMv9C3wphUzCB1uA_qdKKCzzjX4a-8lIRrRoOLxM/edit?usp=sharing
https://doi.org/10.1007/s10506-020-09274-0
https://doi.org/10.1017/pan.2022.10
https://towardsdatascience.com/beginners-guide-to-sentiment-analysis-for-simplified-chinese-using-snownlp-ce88a8407efb
https://towardsdatascience.com/beginners-guide-to-sentiment-analysis-for-simplified-chinese-using-snownlp-ce88a8407efb
https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec?pvs=4
https://www.notion.so/cclab-tm/SMOA1112-a763f1d9fa854927bbd4961bcd1a5eec?pvs=4
https://gamma.app/docs/Using-OpenAI-ChatGPT-for-sentiment-analysis-and-stance-detection-rx8d2z6uzf6qgj5
https://gamma.app/docs/Using-OpenAI-ChatGPT-for-sentiment-analysis-and-stance-detection-rx8d2z6uzf6qgj5
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14/notebook/Using%20ChatGPT-4b7a2514c2814af8bbf3eb0cd21ec241


●​ Project link: 
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a0216
0a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14 

●​ Sentiment Analysis with ChatGPT, OpenAI and Python — Use ChatGPT to build a 
sentiment analysis AI system for your business | by Courtlin Holt-Nguyen | Data And 
Beyond | Apr, 2023 | Medium 

●​  
●​  

Short Assignment: Embedding+Classification 

這個練習是想測試，如果缺少標記過後的情緒資料，有沒有可能單靠embedding就完成分類任
務？ 

請你找約100個有「答案」的情緒分類資料（可以上Kaggle找、Google找、或你也可以自己編），
通常情緒分類資料會有Positive、Negative、Neutral三種標籤。希望你找的這100筆資料是上述
資料集中，至少40%是Positive、40%是Negative的資料集。 

然後用sbert或simpletransformer，直接建立正向與負向的embedding後，測試每一個句子（最
好是一個Tweet）和正負向文字的距離來決定該文章或該句子的正負向。 

●​ Text Representation Examples - Simple Transformers 
●​ Computing Sentence Embeddings — Sentence-Transformers documentation (sbert.net) 

Reference 

●​ Grimmer, J., & Stewart, B. M. (2013). Text as data: The promise and pitfalls of 
automatic content analysis methods for political texts. Political analysis, 21(3), 
267-297. 

●​ Barberá, P., Boydstun, A. E., Linn, S., McMahon, R., & Nagler, J. (2021). Automated 
Text Classification of News Articles: A Practical Guide. Political Analysis: An 
Annual Publication of the Methodology Section of the American Political Science 
Association, 29(1), 19–42. https://doi.org/10.1017/pan.2020.8 

●​ Di Cocco, J., & Monechi, B. (2021). How Populist are Parties? Measuring Degrees 
of Populism in Party Manifestos Using Supervised Machine Learning. Political 
Analysis: An Annual Publication of the Methodology Section of the American Political 
Science Association, 1–17. https://doi.org/10.1017/pan.2021.29 

W15 Concluding 

●​ https://cclab-tm.notion.site/ChatGPT-Testing-8257ceba06a44c91acbffd6b1d667e64 
●​  Talk20230315-Computational Political Science?
●​  TM07 Document classification
●​  TM08 Classification
●​  TM08 Transformer for doc classification and clustering

○​ Simpletransformer on stance detection. 
https://colab.research.google.com/drive/1zGg_EeExlKuTTCIlK5T-gAhE9--4KleQ
?usp=sharing 

○​ Simpletransformer on aspect-based opinion analysis. 
https://colab.research.google.com/drive/1YD8mjrpEH6-0rYMY0L1xFFKpJ2jGY
6nT?usp=sharing 

●​ 戴淨妍（2023）新冠記者會中的疫情政治學 
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https://docs.google.com/presentation/d/1X8JWQZA1qtxesCaQqT15ZOK1ZWZlVaFAdl-zQdZ69Ks/edit?usp=sharing
https://docs.google.com/presentation/d/1RhE8uLw9xhlhqKF-d096DS1DaCCjU_ppwcRsucnOhQU/edit?usp=sharing
https://docs.google.com/presentation/d/189SxT-7A4IR72QUg_S8aODklDtw8aZocU1KAx1dIiSM/edit?usp=share_link
https://docs.google.com/presentation/d/1NHX243QIVWJWhsw296gJDozUlgBY7m7YJacatv-5Z4c/edit?usp=share_link
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14
https://deepnote.com/workspace/cclab-4442-7cab8c2d-d96f-4b95-b47b-bbd0a02160a2/project/SMOA-6e31c6ed-05e6-4a51-9714-660efc847b14
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://medium.com/data-and-beyond/sentiment-analysis-with-chatgpt-openai-and-python-use-chatgpt-to-build-a-sentiment-analysis-ai-2b89158a37f6
https://simpletransformers.ai/docs/text-rep-examples/
https://www.sbert.net/examples/applications/computing-embeddings/README.html
https://doi.org/10.1017/pan.2020.8
https://cclab-tm.notion.site/ChatGPT-Testing-8257ceba06a44c91acbffd6b1d667e64
https://colab.research.google.com/drive/1zGg_EeExlKuTTCIlK5T-gAhE9--4KleQ?usp=sharing
https://colab.research.google.com/drive/1zGg_EeExlKuTTCIlK5T-gAhE9--4KleQ?usp=sharing
https://colab.research.google.com/drive/1YD8mjrpEH6-0rYMY0L1xFFKpJ2jGY6nT?usp=sharing
https://colab.research.google.com/drive/1YD8mjrpEH6-0rYMY0L1xFFKpJ2jGY6nT?usp=sharing


●​ https://cclabtw.notion.site/Automated-Framing-Analysis-A-Rule-Based-System-for-New
s-Media-Text-128692ee863242deb7f122403e24fb2b 

●​  

Reference 

●​ Di Cocco, J., & Monechi, B. (2021). How Populist are Parties? Measuring Degrees 
of Populism in Party Manifestos Using Supervised Machine Learning. Political 
Analysis: An Annual Publication of the Methodology Section of the American Political 
Science Association, 1–17. https://doi.org/10.1017/pan.2021.29 

●​ Baden, C., Pipal, C., Schoonvelde, M., & van der Velden, M. A. C. G. (2021). Three 
Gaps in Computational Text Analysis Methods for Social Sciences: A Research 
Agenda. Communication Methods and Measures, 1–18. 

○​ → Lucas, C., Nielsen, R. A., Roberts, M. E., Stewart, B. M., Storer, A., & 
Tingley, D. (2015). Computer-assisted text analysis for comparative politics. 
Political Analysis, 23(2), 254-277.  …STM’s team, just for promoting STM, closer 
to comparative politics, far away from communication. I don’t’ like it. 

Week 17 

●​  TM09 Topic Modeling in Python
●​ https://colab.research.google.com/drive/14GDXgdGUOos2Jr82Iy0Y4OZOcE0vfSQZ?u

sp=sharing 

Assignments 

AS: Topic modelings 

針對短文本做Topic Modeling，取16個topics和128個topics。針對128個topics抽取關鍵字做
Clusteirng，比較Clustering和16 topics的結果。用PMI做Collocation，並透過網絡分析方法觀察
關鍵字群集，觀察PMI做Collocation和Clustering和16 Topics的結果有何差異。 

針對以下Topic-modeling進行方法的比較與測試。 

1.​ R：測試BTM bnosac/BTM: Biterm Topic Modelling for Short Text with R 
(github.com) 

2.​ R：測試STM並使用LDAVis來觀察結果 
3.​ Python：測試biterm 
4.​ Py：測試並比較shorttext和LDA的效果 
5.​ Py：測試Gensim、Scikit-learn的效果 
6.​ Py：測試Scikit-learn和BERTopic的效果 

相關套件 

●​ R: topicModels: LDA 
○​ ​​NLP: Use Topic Modeling Results in Predictive Modeling - The Analytics Lab 

with very good visualization 
●​ R: bnosac/BTM: Biterm Topic Modelling for Short Text with R (github.com) 
●​ biterm · PyPI 
●​ shorttext · PyPI 
●​ rwalk/gsdmm: GSDMM: Short text clustering (github.com). Example01 
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https://docs.google.com/presentation/d/1PAN0zbqy3SbNWNnZ-zVKM7CVP3J7pxUpRp6y9KY4v98/edit?usp=sharing
https://cclabtw.notion.site/Automated-Framing-Analysis-A-Rule-Based-System-for-News-Media-Text-128692ee863242deb7f122403e24fb2b
https://cclabtw.notion.site/Automated-Framing-Analysis-A-Rule-Based-System-for-News-Media-Text-128692ee863242deb7f122403e24fb2b
https://doi.org/10.1017/pan.2021.29
https://colab.research.google.com/drive/14GDXgdGUOos2Jr82Iy0Y4OZOcE0vfSQZ?usp=sharing
https://colab.research.google.com/drive/14GDXgdGUOos2Jr82Iy0Y4OZOcE0vfSQZ?usp=sharing
https://github.com/bnosac/BTM
https://github.com/bnosac/BTM
https://www.theanalyticslab.nl/nlpblogs_3_use_topic_modeling_results_in_predictive_modeling/
https://github.com/bnosac/BTM
https://pypi.org/project/biterm/
https://pypi.org/project/shorttext/
https://github.com/rwalk/gsdmm
https://www.dropbox.com/scl/fi/hmlpv98sslzfs6zwicnpp/Shorttext-Codes.paper?dl=0&fbclid=IwAR0zcvOG820zbanhYVbQtLBSavC0QLDtj4d5p6dacLgYNgaa_OTjImYytko&rlkey=z85uabxjh4dfeohrm613d14j8


○​ Short-Text Topic Modelling: LDA vs GSDMM | by Richard Pelgrim | 
Towards Data Science 

●​ Short Text Topic Modeling. Intuition and (some) maths to… | by Matyas 
Amrouche | Towards Data Science (Implement by hand) 

●​ Gensim Topic Modeling - A Guide to Building Best LDA models 
(machinelearningplus.com) 

○​ Frontiers | Using Topic Modeling Methods for Short-Text Data: A 
Comparative Analysis | Artificial Intelligence (frontiersin.org) 

●​ BERTopic Topic Modeling Using The BERTopic Library | Towards Data Science 
●​ NLP Tutorial: Topic Modeling in Python with BerTopic | HackerNoon 

AS: Collocation 

Collocation and POS, word embeddings, and topic modeling (2 of 3)  

AS: Embeddings 

雖然我們常說「偏見」和「刻板印象」廣存一般的新聞文本和社群輿論中，但這些存有偏見或刻
板印象的文章、段落、詞句，可能會有什麼樣的特徵？例如，當帶有刻板印象／偏見的句子，
和其他文章相較下，在用詞上可能會有什麼差異？在你的文本中，哪些文章或句子會有刻板
印象／偏見呢？你選擇哪一種單位來分析呢？（文章、段落、句子） 

​Word embeddings and text classification (demo)  
​AS2: (1) Building reserved vocabulary by wikipedia DB with crawler and HMM; (2) 
Verifying tokenization efficacy and accuracy; (3) Building personal word2vec CBOW and 
Skip-gram.  

Essay 

Pitching 

每個人僅需報告5~10分鐘說明自己的研究主題。 

●​ 研究題目：簡報上，第一頁為你的主題想三個題目，然後Highlight你覺得想得最好的題
目或方向。可以用這種方法思考你的研究標題How to Write a Research Paper Title with 
Examples - Wordvice。 

●​ 研究主題：承上，加一頁，用點列的方式，清楚地闡述研究的主題及其背景。 
●​ 研究動機：頁三，解釋為何這個研究題目值得研究？為什麼是你來做、可能潛在的貢獻

是什麼？用點列回答這三個問題看看？ 
●​ 研究問題：頁四，目前有點難，但應該嘗試明確地寫三則研究問題，有助於聚焦和修整

研究主題。因為研究問題很容易看得出你會做出什麼東西來，包含哪幾個面向，缺什
麼。 

●​ 樣本及資料蒐集：頁四，用一句話寫出你想要搜集什麼樣的資料，時間大概多長，搜尋
以查找資料的關鍵字為何？解釋研究所選擇的樣本及其選擇的理由，以及資料蒐集的
方式、方法和工具等。 

●​ 文獻：頁五，簡列你所查找的相關文獻，盡可能是近三、五年內重要期刊的論文，可以
有一兩篇碩論，以知道國內類似的議題做到哪裡，和國內有什麼相關學者。 

暫時不用附 

●​ 研究目的：說明研究的目的及其意義，明確提出研究所要達成的目標。 
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https://towardsdatascience.com/short-text-topic-modelling-lda-vs-gsdmm-20f1db742e14
https://towardsdatascience.com/short-text-topic-modelling-lda-vs-gsdmm-20f1db742e14
https://towardsdatascience.com/short-text-topic-modeling-70e50a57c883
https://towardsdatascience.com/short-text-topic-modeling-70e50a57c883
https://www.machinelearningplus.com/nlp/topic-modeling-gensim-python/
https://www.machinelearningplus.com/nlp/topic-modeling-gensim-python/
https://www.frontiersin.org/articles/10.3389/frai.2020.00042/full
https://www.frontiersin.org/articles/10.3389/frai.2020.00042/full
https://towardsdatascience.com/implement-your-topic-modeling-using-the-bertopic-library-d6708baa78fe
https://hackernoon.com/nlp-tutorial-topic-modeling-in-python-with-bertopic-372w35l9
https://blog.wordvice.com/how-to-write-the-perfect-title-for-your-research-paper/
https://blog.wordvice.com/how-to-write-the-perfect-title-for-your-research-paper/


●​ 文獻回顧：（暫時不用附）梳理現有的相關文獻，解釋研究對象的相關理論、研究方法
等。 

●​ 研究方法：說明研究所採用的方法，例如問卷調查、實驗、案例研究等。 
●​ 其中一頁，簡列你所查找的相關文獻，盡可能是近三、五年內重要期刊的論文，可以有

一兩篇碩論，以知道國內類似的議題做到哪裡，和國內有什麼相關學者。 
●​ 建議用Google Slides可以直接網路上存取的簡報。書面通常比較沒有結構性，不利於

報告。 

Literature Reviews & Corpus 

Literature Review 

Corpus 

我們曾提及了如何定義適合作為研究對象的Corpus，界定良好範圍的Corpus有助於衍生好的
研究問題，請用一個段落的書寫來回答下列問題： 

1.​ 你的研究題目為何？ 
2.​ 你獲取資料的方式是用關鍵字搜尋或依賴於既定的資料範圍？ 
3.​ 你目前所獲得（或預計獲得）的資料範圍為何？媒體？平台？原始資料總筆數？時間

範圍為何？ 
4.​ 你的資料裡面可能會有哪些是不相關的資料（Garbage data）？ 

找一篇近五年國外期刊的論文作為參考（要有APA），複製貼上其對資料集／語料庫的相關描
述，作為你的參考範本，並在其下撰寫你的研究題目的資料集／語料庫描述。 

例文：本研究的研究議題為...，為了了解...，我（預期）透過...的方法來...；或我查找XX報標題..
內文為...；或我透過...方法撈取XX版的所有XX，時間範圍設定在XX至XX，設定在這個範圍的原
因為...。搜尋的的文本資料如...（檢列一兩則標題...）。但資料中可能包含XX或XX或XX等情形，
所以我設定一個篩除字組{XX、XX、XX、...}，並篩除所有字組的相關文本，（預期）共獲得XX筆
資料。 

Exploratory data analysis (EDA) on personal project 

1.​ Data volume and variables + irrelevant data report and tunrcation 
2.​ Cleaned data coverage and justification (why the collected data is good enough for your 

research questions) 
3.​ Submitting rmarkdown + rendered html or ipynb + rendered html 

Methods 

Final Essay and Presentation 
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Take-home Quiz 
這些問題是社群輿論探勘經常會被問到的問題，希望修課學生能夠有一套自己的想法，並且
在遇到這樣的問題的時候從善如流地回答。請用論文論述的方式（找引證、提出觀點）來回答
以下問題。 

1.​ Echo-Chamber、Filter Bubble、Polarization的概念有何差異？操作型定義為何？試舉例
說明之。 

2.​ 何謂Aspect (Stance)-based sentiment analysis？其實作上的困難點在哪裏？ 
3.​ Word embeddings是一套什麼樣的技術？近年常被用來做什麼類型研究？ 
4.​ 請簡述Topic modeling之Documents-Topics-Words間的關係。Topic modeling比較適用

於哪一種文本？嘗試閱讀論文歸納之。Topic modeling有不同的模型，過去針對不同的
文本會如何選用模型？Topic modeling的結果要如何評估？ 

線上自學資源 

Python 

只要先看到Py06即可以順利運用課堂上的教學內容。 

Tutorials Videos 

: Ch1 PyBook-Basic
 Py01 Counting

📘P01_counting.ipynb 

●​ Py01_1 Counting 
●​ Py01_2 Counting more 
●​ Py01_3 Counting words 

: Ch2 PyBook-Basic
 Py02_03 variables, list, dict

📘P02-Python Basic 
📘P03-List and Dictionary 

●​ Py02 Basic 
●​ Py03_1 List 
●​ Py03_2 Dictionary 
●​ Py03_3 Accessing ubike data 

 Py04 flow control - for, if
📘P04-For-if-else 
 

●​ Py04 for01 
●​ Py04 for02 Ibike sum up 
●​ Py04 for03 histogram 
●​ Py04 for04 fib pi 9x9 

 Py04 flow control - for, if
📘P04 For-if applications 
 

●​ P04_2_1 Traversing AQI data 
●​ P04_2_2 Iterating data: 3 methods 
●​ P04_2_3 Searching and Hashing 
●​ P04_2_4  Rescale01 by nested if-elif-else 
●​ P04_2_4 Rescale02 by list-dict 
●​ P04_2_5 Finding Prominant 

 Py04 flow control - for, if
📘P04 for-if applications 
 

●​ Py04_1 if_for Concept and AQI case introduction 
●​ Py04_2 if_for Accessing AQI data 
●​ Py04_3 if_for Categorizing and rescaling 
●​ Py04_5 Sorting manually by for, if, swap, list and dict 

 Py06 Pandas and data su… ●​ Py06 pandas01 
●​ Py06 pandas02 
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https://docs.google.com/document/d/146wqerzVVKcqLkNTF9vej6g0jQLxWLSyAk0fDLyWXr4/edit?usp=sharing
https://docs.google.com/presentation/d/1R-y89b2c1suRxZMJJAdJlmuIY92LEXUvfv2nBtjZgrI/edit?usp=sharing
https://docs.google.com/document/d/146wqerzVVKcqLkNTF9vej6g0jQLxWLSyAk0fDLyWXr4/edit?usp=sharing
https://docs.google.com/presentation/d/1MOUK9mbppf04h1EuSLGl7B4kgt-Cl7UkZpbbSpyHs3c/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/18AzWQ-FdKDyCqyOqwUwGHS9pS_G53AVC01pnJrK9gCY/edit?usp=sharing
https://docs.google.com/presentation/d/1OP8GcjUUWc9MWxfPNW2Ch47iENpXyOKeMKGzSth1UPs/edit?usp=sharing
https://colab.research.google.com/github/P4CSS/PSS/blob/master/P01_counting.ipynb
https://youtu.be/H41XSegjHSM
https://youtu.be/2uGGgOs3vMc
https://youtu.be/hL4etV0X_tM
https://p4css.github.io/py4css/PSS/P02_basic.html
https://p4css.github.io/py4css/PSS/P03_list_dictionary.html
https://youtu.be/l_FLRDbcaNw
https://youtu.be/dUiUhZ7zI08
https://youtu.be/gAQ2iw8x7hI
https://youtu.be/6MWpFLE75v0
https://p4css.github.io/py4css/PSS/P04_1_for.html
https://youtu.be/OlzJHxHG7HI
https://youtu.be/0-5zddud2ZA
https://youtu.be/ZGAZjsnAmDg
https://youtu.be/EaLKBCJVHQw
https://p4css.github.io/py4css/PSS/P04_2_for_if.html#
https://www.loom.com/share/2333bd8cc9ad4630b6a57af8fd8a6056
https://www.loom.com/share/e617c46876cd4d86829105e565d7f99e
https://www.loom.com/share/c962263ebf644bbfa333b0a45e142bac
https://www.loom.com/share/627e96d1f05a4ef69e5a2a97b093b5e5
https://www.loom.com/share/65911097bfaf4a6c8e3df07d5bfe2ca5
https://www.loom.com/share/3075bfabbee84a81b07cfd57cb5bae26
https://p4css.github.io/py4css/PSS/P04_2_for_if.html
https://youtu.be/ayBi8pfJjIY
https://youtu.be/uWIiAZBIbM4
https://youtu.be/9rUx0LlUpFM
https://youtu.be/uGMtUr5kt3E
https://youtu.be/AxaD-Yy6xZc
https://youtu.be/-7pQHJPyQzw


●​ Py06 Pandas03 create new variables 
●​ Py06 Pandas04 groupby sort 
●​ Py06 Pandas05 series to df 
●​ Py06 AS Pandas how to 

Visualization ●​ P07_2_Bokeh_Seaborn (loom.com) 

 Py07 Crawler ●​ Py08_1 Web request and response 
●​ Py08_2 ChromeDevTool 
●​ P08_3_tweepy (loom.com) 
●​ Py08_3 Crawler 104 - YouTube 

TM01 Tokenization 
Chinese Processing 

●​ TM00 Overview 
●​ TM01_1 Term frequency tokenize 
●​ TM01_2 Term frequency 
●​ TM01_3 Stemming lemmatization 
●​ TM04 Chinese segmentation 

R 

如果要複習R的話，建議先看到III Typd Data結束後，跳到V. Text Mining看完Trump的案例即
可。 

I. R Basic 

1 R01_1_loading_data.Rmd 
R01_2_vector.Rmd 
R01_3_dataframe.Rmd 

 R01_2 basic ●​ R01_2 Storing data 
●​ R01_3 vector 
●​ R01_4 dataframe 

II. Reading Data 

2 R02_1p_readxl_paid_maternal_leav
e.Rmd 

 R02_1 Paid maternal L…
讀取Excel：產假支薪(gitbook) 

●​ R02_1_0 Intro_paid_maternal_leave 
●​ R02_1_1 Read Excel 
●​ R02_1_2: Selecting, Filtering and Cleaning data 
●​ R02_1_3 : Plotting 

3 R02_2p_read_csv_pivot_on_tptheft
.Rmd (final ver.) 

 R02_2 Read CSV and … ●​ R02_2_1 Introduction to CSV and the TP theft case 
●​ R02_2_2 Reading CSV 
●​ R02_2_3 Pivot Analysis on TP theft 
●​ R02_2_4 mosaicplot() on crosstable 

III. Tidy Data 

4 R03_1_base_to_dplyr_maternal_lea
ve.Rmd 
R03_2p_base_to_dplyr_tptheft.Rm
d 

R04_1 Data Manipulation 
dplyr and ggplot 

●​ R02_3 based to dplyr01 Intro. to dplyr 
●​ R02_3 base to dplyr02: using pipeline 
●​ R02_3 base to dplyr03: on TP house theft 
●​ R02_3 base to dplyr04: Paid maternity leave 

5 Open new .Rmd by yourself R04_3 Join data MOI -  ●​ R04_1_1 Loading MOI demographic data 
●​ R04_1_2 Summarizing demographic data 
●​ R04_1_3 Aggregating village to town level stat 
●​ R04_1_4 Joining demographic and referendum  

7 R04_3p_viz_ggplot.Rmd 
 

 ●​ R04 ggplot01_basic 
●​ R04 ggplot02 plot paras 
●​ R04 ggplot03 chinese coorflip 
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https://docs.google.com/presentation/d/1gn4d5gzXzgyEAIz_AOdM3pmJ0-6iiN7EbTjKqCQlgPo/edit?usp=sharing
https://docs.google.com/presentation/d/1gvWK2qDZuwR7lRrCLfVwfzrMBt1Dw2yFcG8LeoNgLrA/edit?usp=sharing
https://docs.google.com/presentation/d/1evDPBwA9UJ2ubhwiQWK0XYZiaCzUWLKIeRftwMPd-EI/edit?usp=sharing
https://docs.google.com/presentation/d/1vzJL2YU-kWKeM66bLxRFrdXLleWC_mbRFhXi-xkDuqM/edit?usp=sharing
https://youtu.be/Fho1yoxqcbg
https://youtu.be/UNW1XAFGQCA
https://youtu.be/46yvC9F3p6k
https://youtu.be/vKxhAomCwfU
https://www.loom.com/share/ee484876c8e44110a0aa81b6f59ce897
https://www.youtube.com/watch?v=tOv4nXUvB0w&ab_channel=JILUNG
https://www.youtube.com/watch?v=Upt2qLy0MkA&ab_channel=JILUNG
https://www.loom.com/share/f8ae523b54a04ad6aa041d0a38f8314c
https://www.youtube.com/watch?v=jdyRJmpMAUE&ab_channel=JILUNG
https://p4css.github.io/py4css/TM/TM01_tokenization.html#
https://p4css.github.io/py4css/TM/TM01_tokenization%28chi%29.html
https://youtu.be/q2y0Ppa_YwY
https://youtu.be/uGPxyerEm7U
https://youtu.be/GGYPNNJ9DKI
https://youtu.be/y-fEJf70IvY
https://youtu.be/VA6IqeXRaEM
https://github.com/p4css/R4CSS/blob/master/R01_1_loading_data.Rmd
https://github.com/p4css/R4CSS/blob/master/R01_2_vector.Rmd
https://github.com/p4css/R4CSS/blob/master/R01_3_dataframe.Rmd
https://youtu.be/tphVLufoVlQ
https://youtu.be/kmdXsxJ7JuE
https://youtu.be/GGuAAmclbgs
https://github.com/p4css/R4CSS/blob/master/R02_1p_readxl_paid_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R02_1p_readxl_paid_maternal_leave.Rmd
https://jirlong.gitbook.io/r/readfile/read_excel
https://youtu.be/dZE2xsqYQqY
https://youtu.be/Z2Z3hHleGSY
https://youtu.be/Wp3_gs7Vfc4
https://youtu.be/PPgWvE25Mj0
https://github.com/p4css/R4CSS/blob/master/R02_2p_read_csv_pivot_on_tptheft.Rmd
https://github.com/p4css/R4CSS/blob/master/R02_2p_read_csv_pivot_on_tptheft.Rmd
https://youtu.be/oLEMhLiDk7Y
https://youtu.be/opyrwzyFkXY
https://youtu.be/jdB6rQ_J-E0
https://youtu.be/NbfRgXNGVjc
https://github.com/p4css/R4CSS/blob/master/R03_1_base_to_dplyr_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_1_base_to_dplyr_maternal_leave.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_2p_base_to_dplyr_tptheft.Rmd
https://github.com/p4css/R4CSS/blob/master/R03_2p_base_to_dplyr_tptheft.Rmd
https://docs.google.com/presentation/d/e/2PACX-1vR0MIoaDm9YaEvop3wYAYHnr5O-kCPtK2AlS9QR8zpgeoCBQCfJ39q55VrK4RvM_UJg18JDQa1I_pgJ/pub?start=false&loop=false&delayms=3000&slide=id.g2b1376bf15_0_0
https://docs.google.com/presentation/d/e/2PACX-1vR0MIoaDm9YaEvop3wYAYHnr5O-kCPtK2AlS9QR8zpgeoCBQCfJ39q55VrK4RvM_UJg18JDQa1I_pgJ/pub?start=false&loop=false&delayms=3000&slide=id.g2b1376bf15_0_0
https://youtu.be/pV8M0m4dvU0
https://youtu.be/qXOHGP2ZArQ
https://youtu.be/Il7vfpmkLp0
https://youtu.be/38ONtORzsks
https://docs.google.com/presentation/d/e/2PACX-1vThxA5U6mMGXnLNytaZf-3Bc9T9ua72m8gLZYLGvoCzGCtb8rLQTcajZj8aXH7z1KEhXw25jRcptClp/pub?start=false&loop=false&delayms=3000&slide=id.g81be9a768a_0_0
https://youtu.be/4qzxEudG0GU
https://youtu.be/qRyolLG_las
https://youtu.be/VzPTHRQUNY4
https://youtu.be/O_ColTCh3fQ
https://github.com/p4css/R4CSS/blob/master/R04_3p_viz_ggplot.Rmd
https://youtu.be/BduCw6JULVI
https://youtu.be/yoX9wh24PvI
https://youtu.be/0gLQdZ1RpvM


●​ R04 ggplot04 highlight 

V. Text Mining 

9 R05_2p_trump_tweet_dplyr.Rmd  R05_2 Text data manip… ●​ 4.1 Tweet analysis on trump tweets (Case Introduction) 
●​ 4.3 Tweet analysis doc level (for RE & ggplot) 

13 R05_2p_trump_tweet_dplyr.Rmd 
R05_3p_tm_typhoon.Rmd 
R05_4p_President_Speech.Rmd 

 R05_2 Text data manip…
 R05_3 Chinese proces…

●​ 4.4.1 Tweet anaysis word level I 
●​ 4.4.2 Tweet anaysis word level II 
●​ 4.5 Text analysis for Chinese text 
●​ 4.6 Chinese Information Retrieval 

15 R05_1_regular_expression.Rmd 
R05_1p_regular_expression.Rmd 

 ●​ R04_2_1 Regular Expression 
●​ R04_2_2 RE Extract 
●​ R04_2_3 RE applications 

 

Deprecated 1102 

Student Report 

●​ 高若如：  0530＿社群媒介輿論分析報告＿高若如

●​ 李密：  Social Media_Gender Differences in Using Language
●​ 陳柔安：  News Diff_related work
●​  by EvelynYang & CCSun Otherness & Pronoun_Papar review_0516
●​ Keyness report: Work Summary Plan (canva.com)  by BZHsieh 

Practice 

 

Readings - 從以下PaperPile的連結中，在Thesis Folder中找到以下三篇論文並下載 
https://paperpile.com/shared/HzGKFN 。這個Prep任務是為了快速瀏覽文本探勘、內容分析相關研究
的研究設計。這三本都是相當高分的碩論，但除卻議題本身，他們在理論與方法的運用與結合上，大
相徑庭，和傳統方法的綜合運用和比較上、就方法而言、和理論對話上，你覺得他們有什麼樣的差
異？請針對各篇文獻簡要用「100」字做個摘要。 

●​ 江玟. (2021). Populism and Political Communication on Facebook_ 2020 Taiwan Presidential 
Election. https://doi.org/10.1016/S1541-4612(21)00035-5 

●​ 黃子晞. (2019). 從媒體微博之限制評論設置看中國網路輿論限縮 [國立臺灣大學]. 
https://doi.org/10.6342/NTU201901458 

●​ 齊若堯. (n.d.). Media representation and bias against Southeast Asia: Analysis of Taiwan’s 
media coverage of Filipinos. 

繳交方式： 

●​ 直接打在[Draft]的文件裡，以標題一將「Week 4 Prep - Comparing research designs」作為標題，
然後在標題一下方開始書寫。 

●​ 無需另外繳交（但下週上課前老師會先看看每個人寫的東西，務必準時完成） 
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https://docs.google.com/presentation/d/1XObGWzjldqcXuPQ8o4GyUkHAPSaujuBUyjhE5aYI8vQ/edit?usp=sharing
https://docs.google.com/presentation/d/1XObGWzjldqcXuPQ8o4GyUkHAPSaujuBUyjhE5aYI8vQ/edit?usp=sharing
https://docs.google.com/presentation/d/1sdqhlHcFp-2L1Lt7c8NV1m-KX_2o-iSQykDpMlgWZrE/edit?usp=sharing
https://docs.google.com/presentation/d/1qe1nDgHkwgQbw0_uyXRvo4TKFosvDdLHUDjfCZ90d0E/edit
https://docs.google.com/presentation/d/18fOpnfVsGxD6k6NFpVbarhrayWpVbNsDlYDZy-k2N8A/edit?usp=sharing
https://docs.google.com/presentation/d/1wZuLEJoE-lApbnMpINQ6ffEq3X-ICDvx9ltPbDax7zA/edit?usp=sharing
https://docs.google.com/presentation/d/1V5QVjIAnqaH9YOsQuLpvE-UKByx3vTDyN_4Q9bIrgcA/edit?usp=sharing
https://youtu.be/OdGfKdtbs84
https://github.com/p4css/R4CSS/blob/master/R05_2p_trump_tweet_dplyr.Rmd
https://youtu.be/C4XU37Cbprk
https://youtu.be/1FEdK5di0AQ
https://github.com/p4css/R4CSS/blob/master/R05_2p_trump_tweet_dplyr.Rmd
https://github.com/p4css/R4CSS/blob/master/R05_3p_tm_typhoon.Rmd
https://github.com/p4css/R4CSS/blob/master/R05_4p_President_Speech.Rmd
https://youtu.be/VzxzUVOkPf8
https://youtu.be/kCoeK77vnh8
https://youtu.be/TXp8VteXJdo
https://youtu.be/f2H6gq256uU
https://github.com/2048lab/R4CSSLab/blob/main/R05_1_regular_expression.Rmd
https://github.com/2048lab/R4CSSLab/blob/main/R05_1p_regular_expression.Rmd
https://youtu.be/exJF8AMyyzo
https://youtu.be/eBESxOUNjRg
https://youtu.be/EAl-wzU3miE
https://www.canva.com/design/DAE7frYg8l8/igkXbGEbpVCz8FVQe28rMA/view?utm_content=DAE7frYg8l8&utm_campaign=designshare&utm_medium=link&utm_source=publishsharelink
https://paperpile.com/shared/HzGKFN
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