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/*The notes for the final project:*/
Proposal 18E4
Topic: B Z AR Bk 788 (stock price prediction)

Progress
B#Egoal: A& E0050+0050: 2 HER 51 2R EM B HEE H
Predict buying or sale of the Taiwan 50 and those companies related to Taiwan 50. Total 51.

52 H B4R short goal: M FHEB(EAREH ) HNIRRMZE

Analysis the how the factor relates to the fallen and rise.

Step1: FEHl— B ik
9/21 HW: understand the meaning of stock indices. (put the notes in £N:5 B8R =)
HI:
#Mdata (data collection): K1E. Hik
$kpaper (paper survey): EZ&. 2J&. PHU
#ksource code (code survey): 5835, #15

2 X 48E (about programming)

SB35

python fE& € 2252 X RO 2
https://pala.tw/python-web-crawler

Hi

& EREN B AR
http://www.tedc.org.tw/tedc/bank/stock/ch2.htm

I
Z BTF A a4y BLid 8%, JTELTWSERJ0050/5% 224 FA
Python_F/ Ff Jupyter Notebook$VEY "% ZE A % H kA2 & G i H il esvis: — A2 — 0 [E] SCHERE

IR

tensorflow example code - £ L

RNN: https://morvanzhou.github.io/tutorials/machine-learning/tensorflow/5-08-RNN2/
LSTM : https://morvanzhou.github.io/tutorials/machine-learning/tensorflow/5-09-RNN3/

B®R

https://blog.louie.lu/2017/07/24/%E4%BD %BF%E7 %94 %A8-python-%E5%A5%97 %E4%BB%
B6-twstock-%E6%8A%93%ES%8F %96 %ES%8F %B0%E8%82%A1%E8%82%A1%ET %AS%A
8%E8%B3%87%E6%96%99-01-%E5%A6%82%E4%BD%95%ES5%85%A5%E9%96%80/

10/9 %% : github resource
implements and environment of Deep Reinforcement Learning & Supervised Learning
for Quantitative Trading ( 642)


https://pala.tw/python-web-crawler/
http://www.tedc.org.tw/tedc/bank/stock/ch2.htm
http://xdxdyayaya.pixnet.net/blog/post/184374623-python_%E5%88%A9%E7%94%A8jupyter-notebook%E6%8A%93%E5%8F%96-%27%E8%82%A1%E7%A5%A8%E5%80%8B%E8%82%A1%E6%97%A5%E6%88%90%E4%BA%A4
https://morvanzhou.github.io/tutorials/machine-learning/tensorflow/5-08-RNN2/
https://morvanzhou.github.io/tutorials/machine-learning/tensorflow/5-09-RNN3/
https://blog.louie.lu/2017/07/24/%E4%BD%BF%E7%94%A8-python-%E5%A5%97%E4%BB%B6-twstock-%E6%8A%93%E5%8F%96%E5%8F%B0%E8%82%A1%E8%82%A1%E7%A5%A8%E8%B3%87%E6%96%99-01-%E5%A6%82%E4%BD%95%E5%85%A5%E9%96%80/
https://blog.louie.lu/2017/07/24/%E4%BD%BF%E7%94%A8-python-%E5%A5%97%E4%BB%B6-twstock-%E6%8A%93%E5%8F%96%E5%8F%B0%E8%82%A1%E8%82%A1%E7%A5%A8%E8%B3%87%E6%96%99-01-%E5%A6%82%E4%BD%95%E5%85%A5%E9%96%80/
https://blog.louie.lu/2017/07/24/%E4%BD%BF%E7%94%A8-python-%E5%A5%97%E4%BB%B6-twstock-%E6%8A%93%E5%8F%96%E5%8F%B0%E8%82%A1%E8%82%A1%E7%A5%A8%E8%B3%87%E6%96%99-01-%E5%A6%82%E4%BD%95%E5%85%A5%E9%96%80/

https://github.com/Ceruleanacg/Personae

Predict stock market prices using RNN model with multilayer LSTM cells + optional
multi-stock embeddings (% 542)

https://github.com/lilianweng/stock-rnn
Use NLP to predict stock price movement associated with news (% 236)

https://github.com/WayneDW/Sentiment-Analysis-in-Event-Driven-Stock-Price-Moveme
nt-Prediction

10/11 #18 : github resource
Plain Stock Price Prediction via RNNs with Graves LSTM unit. (% 58)

https://github.com/IsaacChanghau/StockPrediction

A Stock Analysis and Prediction Toolkit using Additive Models (% 857)
https://towardsdatascience.com/stock-prediction-in-python-b66555171a2

https://github.com/WillKoehrsen/Data-Analysis/tree/master/stocker

Stock Market Predictor using Supervised Learning (% 278)
https://github.com/scorpionhiccup/StockPricePrediction

4N +8RA (stock knowledge)

9/27

Hik:
https://www.youtube.com/watch?v=i5ZJMx5ZS4s
KR
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https://wiki.mbalib.com/zh-tw/%E8%82%A1%E7 %A5%A8%E4%BB%B7 %E6%A0%BC%E6 %8
C%87%E6%95%B0
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https://github.com/Ceruleanacg/Personae
https://github.com/lilianweng/stock-rnn
https://github.com/WayneDW/Sentiment-Analysis-in-Event-Driven-Stock-Price-Movement-Prediction
https://github.com/WayneDW/Sentiment-Analysis-in-Event-Driven-Stock-Price-Movement-Prediction
https://github.com/IsaacChanghau/StockPrediction
https://towardsdatascience.com/stock-prediction-in-python-b66555171a2
https://github.com/WillKoehrsen/Data-Analysis/tree/master/stocker
https://github.com/scorpionhiccup/StockPricePrediction
https://www.youtube.com/watch?v=i5ZJMx5ZS4s
https://wiki.mbalib.com/zh-tw/%E8%82%A1%E7%A5%A8%E4%BB%B7%E6%A0%BC%E6%8C%87%E6%95%B0
https://wiki.mbalib.com/zh-tw/%E8%82%A1%E7%A5%A8%E4%BB%B7%E6%A0%BC%E6%8C%87%E6%95%B0

5 —EARRMFHANRS, REFBLRETHHRETEAREMGERENES,

https://www.cmoney.tw/notes/note-detail.aspx?nid=6494
BESTMH=ZRER:(1) EAXE (2) Hffrm (3) EH@E
1. EKXM :
1) —HEARNBRERRERELTNEXREE.
2) BRI BEEERENEAREBELT,
JBEBEEKEESBZELTMNMBEREKR. EEXMIRZFEN, FHEEMLARAMNRKREEE.
4 EREERIEEERELE BEIRESRAEEER BETER,
2. BT -
1) AZe@E, FEAIREK, (FF&deep learningz 734, B RIMAIA M)
2) pTTHIZRIEIE T R, HIEET RMTIEER,
3) TEMEIEM R LI R = IR E ] A &R,
4) HFAMTHEAZ 1948 . RSILKD
5) —EifHIE M A ITE, REER THEBREEREETRMNER !
3. EEm:
1) HKEIEZEREMNE A,
2) whigHh, KESALUEERENED,
JNEENEF—ERE,
(1) 2 EE DR RIEERERENIRKE,
(2) ZEm St EBR KD, EEEXRENRELT!

4. $HEE
ERETYIEYT
BEEE = & e
5 FIEHA REAGE AHRIR E IRERIRE

Bt 2 B http://www.cmoney.tw/notes/note-detail.aspx?cid=22814&nid=6637
(REBFBLZEHA, LRIZBIEF><)

oEE:
1652 % R IR ERMTHE1E : hitp://mypaper.pchome.com.tw/tony168324/post/1321691958
HFECEHZEREFUT(EEREES) BT BREQAETEH LK —225QQ

1. BHHEVMA EHNKR LGRARANEBE=>K5

BRI
2. FEHIERKD: EMASEERX, BEKDE RS0 HE
BRIEHFEEXDD

BEBRTRESWA=ZFEER: (1) HME Q) &XE 3) EH@
https://www.cmoney.tw/notes/note-detail.aspx?nid=6494

BERMNUEEREEITERENR FIEELARIE, TEATER—REHIIAZER ?
JEE BT Lldeep learning modelZR 44, BHELAIEIZERR (?)



https://www.cmoney.tw/notes/note-detail.aspx?nid=6494
http://www.cmoney.tw/notes/note-detail.aspx?cid=22814&nid=6637
http://mypaper.pchome.com.tw/tony168324/post/1321691958
https://www.cmoney.tw/notes/note-detail.aspx?nid=6494

1. IREBAF:
https://www.voutube.com/watch?v=0ChNmimF6 k

1) E % IRB R ES
PS. EREBREREEELSAHH# ML LIE 2 E K model
(1) Rz EXREEERKex. BiE. BEEFE(BEFEWRSEMR WESHIME) Bk
EREFRITUL, BRELAEETE
(2) T&1B:
o FREERRGEHANE. SBUENEHBEEE IXEFS, RELRER, Hist
RKEBRLHREex. EMRA
ik BAEAMEHEERZERN— itk Eex AR IR, EEER
(3) f?ﬁ_ BREEBNERex. EXFEBERKR Hi—
2) EAME EFIRA, SHE. BT : #IEER IS
3) FlEh 22 7
MR EiRBEeR . EEE (BEREN
EERR . BRI BRIRIRE. ETHER. BEETiE
BEEE
B
BUFFBUR
4) ZAFR—R - BEREFUEBREZAET—

2. BCHEMHEAESEEHEN EXLSHEELAZERY TRXESHFALRAREE
data, HABZFEARTEFAMBE, ATHEERIEKRER FE-—REXS, hEHE
B E, EAEtWARTESRE HAaEZEEMHREREFMMARAMEER A8EE
AR 58 B0 4el)

i — B R IRAImodel 212 H 4k B TS (IR <12

#A:
1. ERRER:

BRI iTRREEeRREESRFERNAZ SEAKRENREHEREVEEZAE AT
FERE MEERE—BEE BRSO, ATLERRNSTEEKE, REEREES
AR

2B M AT KER. BEIFE R KD, RSI. MACD. g

3.BiFoutput: IR Bk BB BRE) (ZATER—RX FARIZ ARIIEKK?)
4. °geinput: XZEREEE. ERIRE

5K EM? B/ BH

RIE:
o {EBETF?


https://www.youtube.com/watch?v=0ChNmimF6_k
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datatgFd

TWSE website
http://www.twse.com.tw/zh/
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http://www.twse.com.tw/zh/
https://histock.tw/usstock
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1. ABHEEEHEEEENEH
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1. EEmismAROER
2. WERERFEW—XETF?
3. SVMMEIED, yiRy realHHHEF—#
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/*The notes on the class:*/

9/21 EiR%EE

° ppt download:

https://kid.ee.ncku.edu.tw/~course/107-1-big_data/handouts/[BigData]%2003%20Introduc
tion%20t0%20Data%20Mining%20and%20Machine%20Learning.pdf

BRIE
1. Association Rules mining
minimum support: &/\ 3R X 8 E KR 3E {8 F Hcandidate
minimum confidence P(D|A)/P(A)
imply: A — D: min_conf=|AD|/|A| AZRTi2 FADH I8 Kk &k
LAk & Apriori algo.
XIf the subset doesn't meet the condition, the superset doesn't need to check.

Hi#:
e Bigdata: HSHBRLAIEEZREMNEHE (FEreal-time R ),
e Semistructure: —¥F ZFstructurefIEHl, F—F&HF
e Data cleaning: I B & # XA LR K, s Esensortt T fEE,
e Data selection: INf;ZZFEH B HHANEH,
e Pattern evaluation: B A EX P #E, EHEHBEMNEH ex BAERBEEE BREHZA
RE BRXMETN.)
e Post processing: SN[ 2L EIHE ¥,
e Data streams: sensor T~ EfiEEE R,
e Sequence data: 2 EDNAE#,
e Graphs: #{EZFI:ZEEREZR-
e Marketing: A I Z 11 E S BIFEER 14
e Web analysis:#&F XF S EEEZITES.
e Recommender system: #ERI102 B2,
e Bio and med analysis: 2 T L EMERF A, BRI ABMER,
Apriori Algorithm
[ emsets [W usios] H5s b
{:} :”smn W
@ —> gy = B
{0} {D} 3
?? . C E-EEE Infrequent ° ’
200 B.C.E 2
o g0 TN L e
(ACH 2" gean [ acC) | {AB) 2
Database (AL} (AD) 3 — {A.D} 2
{B.C} cE | BCr 3
{8.0} (8.0} 2

{8.0} 2

e, RN
L
vemser. JELETRR vemsets suo IR
e {ABD) =— ABD} 2 {ABD} 2

Knowledge and Information Discovery Lab, NCKU, Taiwan.


https://kid.ee.ncku.edu.tw/~course/107-1-big_data/handouts/[BigData]%2003%20Introduction%20to%20Data%20Mining%20and%20Machine%20Learning.pdf
https://kid.ee.ncku.edu.tw/~course/107-1-big_data/handouts/[BigData]%2003%20Introduction%20to%20Data%20Mining%20and%20Machine%20Learning.pdf

> FEHE subsetlEFHEARFE, IEAT A EsupersetIEE 2B TS
& ZEC1HEMIminimum supportfi R FF &, RE T AEERERsuperset,
& C2.C3z#EthtamE,
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