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Expected output format
Essay score: {score} / 10 and nothing else.

You're a critical and unbiased writing professor. Given an essay, give it a score from 0 to
10. 0 means the essay is trash. 10 means the essay will likely get the students into
Harvard.

Output in the following format:
Essay score: {score} / 10 and nothing else.

Here's the essay:

When the internet first came to our house in the early 1990s, so far as | could tell, the
internet was inside of a box. The box required a bunch of technical skill to install, and then
once my dad got the internet working, the internet was green letters on a black screen. |
remember Dad showing my brother and me the things the internet could do. “Look,” he
would say. “The internet can show you what the weather is like right now in Beijing.” Then
he would type some line of code into the internet, and it would write back today’s weather

in Beijing. “Or,” he would say excitedly, “you can download the entire Apology of Socrates.
For free! And read it right here, in the house."

Essay score: 7 /10

You're a critical and unbiased writing professor. Given an essay, give it a score from 0 to
10. 0 means the essay is trash. 10 means the essay will likely get the students into
Harvard.

Output in the following format:
Essay score: {score} / 10 and nothing else.

Here's the essay:

When the internet first came to our house in the early 1990s, so far as | could tell, the
internet was inside of a box. The box required a bunch of technical skill to install, and then
once my dad got the internet working, the internet was green letters on a black screen. |
remember Dad showing my brother and me the things the internet could do. “Look,” he
would say. “The internet can show you what the weather is like right now in Beijing.” Then
he would type some line of code into the internet, and it would write back today’'s weather
in Beijing. “Or," he would say excitedly, “you can download the entire Apology of Socrates.
For free! And read it right here, in the house.”

Essay score: 6 /10

This essay is a decent start, with a clear topic sentence and a personal anecdote to
engage the reader. However, the essay is quite short and lacks development beyond the
anecdote. The language is simple and straightforward, but could benefit from more varied
sentence structures and stronger word choices. Additionally, the essay could use more
analysis and reflection on the significance of the anecdote and the broader implications of
the internet's development. Overall, while this essay shows promise, it would need
significant revisions to be considered top-notch.
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https://platform.openai.com/docs/api-reference/completions/create#completions/create-temperature
https://community.openai.com/t/observing-discrepancy-in-completions-with-temperature-0/73380

Same prompt, different scores

You're a critical and unbiased writing professor. Given an essay, give it a score from 0 to
10. 0 means the essay is trash. 10 means the essay will likely get the students into
Harvard.

Output in the following format:
Essay score: {score} /10

Here's the essay:

When the internet first came to our house in the early 1990s, so far as | could tell, the
internet was inside of a box. The box required a bunch of technical skill to install, and then
once my dad got the internet working, the internet was green letters on a black screen. |
remember Dad showing my brother and me the things the internet could do. “Look,"” he
would say. “The internet can show you what the weather is like right now in Beijing.” Then
he would type some line of code into the internet, and it would write back today's weather
in Beijing. “Or," he would say excitedly, “you can download the entire Apology of Socrates.
For free! And read it right here, in the house.”

Essay score: 7 /10

This essay has some merit. It presents a personal anecdote about the early days of the
internet, which could be interesting to some readers. However, it does not have a clear
thesis or purpose, and it does not develop any significant ideas beyond the anecdote. The
writing is clear and easy to follow, but it could benefit from more attention to style and

language. Overall, this essay shows potential, but it needs more depth and polish to be

truly compelling.

You're a critical and unbiased writing professor. Given an essay, give it a score from 0 to
10. 0 means the essay is trash. 10 means the essay will likely get the students into
Harvard.

Output in the following format:
Essay score: {score} / 10

Here's the essay:

When the internet first came to our house in the early 1990s, so far as | could tell, the
internet was inside of a box. The box required a bunch of technical skill to install, and then
once my dad got the internet working, the internet was green letters on a black screen. |
remember Dad showing my brother and me the things the internet could do. “Look," he
would say. “The internet can show you what the weather is like right now in Beijing." Then
he would type some line of code into the internet, and it would write back today’s weather
in Beijing. "Or," he would say excitedly, “you can download the entire Apology of Socrates.
For free! And read it right here, in the house."

Essay score: 4 /10

While the essay captures a personal anecdote about the author's experience with the
early days of the internet, it lacks depth and analysis. The essay reads more like a story
than a well-crafted academic piece. The author could have explored the impact of the
internet on society, the technology's evolution over time, or other topics related to the
internet. Additionally, the essay would have benefitted from stronger language, better
organization, and a clearer thesis statement. Overall, the essay shows promise but

requires significant improvement to reach its full potential.
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Given a text, give it a controversy score from 0 to 10.
Examples:

1+1=2
Controversy score: 0

Starting April 15th, only verified accounts on Twitter will be eligible to be in For You
recommendations

Controversy score: 5

Everyone has the right to own and use guns
Controversy score: 9

Immigration should be completely banned to protect our country
Controversy score: 10

The response should follow the format:

Controversy score: { score }
Reason: { reason }

Here is the text.
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from llm import OpenAILLM

def eval_prompt(examples_file, eval_file):
prompt = get_prompt(examples_file)
model = OpenAILLM(prompt=prompt, temperature=0)
compute_rmse(model, examples_file)
compute_rmse(model, eval_file)
eval_prompt("fewshot_examples.txt",

eval_examples.txt")
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# tokens p50 latency p75 p90
(sec) latency latency
input: 51 tokens, output: 1 token 0.58 0.63 0.75
input: 232 tokens, output: 1 token 0.53 0.58 0.64
input: 228 tokens, output: 26 tokens  1.43 1.49 1.62
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Prompting

You're an unbiased professor. For each
input, give it a score from O to 10.

{ examples } — > Pretrained model —— {output}

{input}

Finetuning
Pretrained model

{ examples }

{input } — > Finetuned model —— {output}
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Figure 1: Prompting vs head (classifier) performance across data scales, up to the full dataset, for six SuperGLUE
tasks. Compares the best prompt and head performance at each level of training data across 4 runs. Highlighted re-
gion shows the accuracy difference of the models. Cross-hatch region highlights the lowest- and highest- accuracy
matched region in the curves. The highlighted area in this region is used to estimate the data advantage.
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Figure 1: Standard model tuning of TS achieves strong
performance, but requires storing separate copies of the
model for each end task. Our prompt tuning of TS5
matches the quality of model tuning as size increases,
while enabling the reuse of a single frozen model for
all tasks. Our approach significantly outperforms few-
shot prompt design using GPT-3. We show mean and
standard deviation across 3 runs for tuning methods.
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175 Self- Modified Self-instruct Instruction-following
Instruct Instruction Generation examples
seed tasks
Example seed task Example Generated task
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Control flows with LLMs

Sequentlal

Control flow
Task A : decision

Example: talk-to-your-data
e Task A: translate user input into SQL query
e  Task B: execute SQL query

'f ...................... E Task B
Task A : Control flow :

decision 3

........................ Task C

i Example: Al assistant

: e Task A: generate a response given a user input
e Ifresponse is a SQL query, execute task B
e |[f response is an idea, execute task C

,..E?.'?"T."S.l. ..... . Task B
TaskA > Guieor —{
Aeselon i Task C

Example: project-based search

e Task A: translate user input into a list of items
needed for this project
e  Task B/C/..: for each item, retrieve all relevant

: Control flow
Task A : decision

Example: browsing

e Task A: keep browsing links found in a webpage
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You have access to three tools: Search, SQL executor, and Chat.

Search is useful when users want information about current events or products.

SQL executor is useful when users want information that can be queried from a
database.

Chat is useful when users want general information.
Provide your response in the following format:

Input: { input }
Thought: { thought }



Action: { action }

Action Input: { action_input }
Observation: { action_output }
Thought: { thought }

wm&gmﬁgam
MOIMES Al2IE & U0 2t XOjS HES

g I &0 HEHCZ UEGHD HAEE =
JUOOF ELICH AT H 2EllsE A & I RE0

UsLICH

1. OtLE Ol &Sl 2SO0l 2. BIHA & ¢l
a. MO &S0l Z2RE: 8 At&0| Ot 0| S8 E
b. ot Ol&fel 20l 2R ZUE U
2. B= A0l SHIE 24 HHot X M £F 0l 2R E. Press etal. (2022)2
Ol "Z&4d ZXt"etl ot=0,0l= 20| ot 220 Eg=s X=2E 24 X
SN 220 8= H 2d 2M2 BIlEsg LI

ATERIH MXLIHS I Ot&EIINIZ 2 2E QAR HMH S8 HA HAESE = UN L
OHOF ELICH 2 2 AN ol EEEZE =M SE2 LUO0IEE MHOICH
Application2 EOtot= U AIEE = A= FIt WM Z (2,04 E=22) A2 g
USLICH & Al Application0ll CHel S & HIAE T =3 g &~ U SLICH

BH o0Fs
38. RSt A= ALY
OIHY M= LLM2 2 =& S &l Application G122t ™ LE D A}ISLICH MOt 2 JtE
2 BHAE Ol 0 = 25t Application & JHXIE AJHELICH Mot =& =% EHE HLIT
HH2O0t0ICIHE |ActAIH MIt =2 F oflHES ZZREZE &0l EMR

e GPT-4 Hackathon Code Results [Mar 25, 2023]

e Langchain / Gen Mo Hackathon [Feb 25, 2023]

Al HHAIAEE

JHE Q1| A= AHIAHAIE At LICH €& 22, 02 &4, HH T2 Y, olH Y
S, 224 &R0/, 0, 228 0, Al S USst AIZEA 152 fIe CGHYst HE =
o LS HE AIHAIAEHEDI} JASLICH-2E I3 SH=Ee A A=+ U=
HI A Ot &l = A LICY.

Ol 2= UiDIg0l =8 St
H=, HOIAS2 Mt 280, 2
HE2ASLICH A0 2ol CHMZ A

A5 2 HHI0IDIE SLICH P22 P2 HAIAHEY
ZAI(D21D O LOoIJhA = DIl 3 2 A T E)= ChatGPTE
30| 1S =2 Quora= 0i2f LLMIt HE & 4 L= XA


https://docs.google.com/spreadsheets/d/1tmfn8jKb7T1x7PpyO7rD023tH2zc_WDg_OHh0aVXIrw/edit#gid=174517450
https://docs.google.com/spreadsheets/d/1GqwPo1FpAbe_awmNZW5ZMH69yc5QtEr7ZYw-ckaz_mQ/edit#gid=795016726

94 PoeZ SAIBSLICH OHZ D OI0HZO] OFX! 0] M0 BREIN 22 22 =2t
29| L| T},

XH &2

A A

HES API SO0 M AlBIA S SABILICH AIBIM S S EOH ARSI NI M6 B2
4BoHE 200/2H3, HEO BHE SV A0 H IBSLICLHE SO YL,
M2/ 5H/™ S E, AR XOF ST 20| BHSlots MRS S 4 USLICH

|2 2I|&= GPT-3Jt LS| Ot0[ 2t (Hats = A= ot= TSTEQ

2AHE M2 20H0lA D E0I2 2 3l Al= OO0 = Character.ai& 24 LICH AFE = 0|
MRS US N SFRE A= 2HSLYLICL O EHSHAM IE I U= MR RE2
OHLIGI Ol A0 HY IHEEOIXICHAlI2ISEA HO Z2 Y MEYH E= ] o5

MEU HSE =& JASLICH HatotD, disatl, A8 S elld, A E I8 H L (0l: Al
HE)Z2 2dI0IE = A2H,HEH S8 2438 =& M'*LI[} H&E & JtXl 210
U= HEZS AI20l SEUSLICH OFE UISIE NIZE = A= HE2 S AXICHOIH AR
SHHO SUELICH MR HEXI =UAS S FUAEE 24 2R 20| EHHH=
S0l 20l €& = ASLICH

A\

Zero Two i i i Megumin Shylily

om Darling s te, ights, 12 Aegumin, an Arch Lewd Orcat

T ) A

T2 0 HEY 2 LLMOI

DEXHLSNCHZUH IR s=6t0 HEo £ CHE )| U=
LLM Application 2+El 22| &/ LIC}. O] pY

= =0olJI =
Z20f &7 XtetD g == A= GitHub Copilot(0l 2 S

MEANEINELZ 5HOO2ZEE IS8 VSCode &t T2 7)1 &H)0| CHEH Y LICH.
LLMS AIE0IH 2R =8 Hdote Il XA H2= JAsUCH
1. NANZE & & GtS D]
2. 2028 &J|:Socket Al= ZEHI0IA 2 npm 2! PyPI I 9| X| 01| 2ot A0l A=K
ZALSTLICH A QI 2XHIJF 2 AL B ChatGPTE ALE0t0 248 QA LICH



https://twitter.com/michellehuang42/status/1597005489413713921
https://twitter.com/michellehuang42/status/1597005489413713921
https://twitter.com/sharifshameem/status/1284095222939451393
https://socket.dev/blog/introducing-socket-ai-chatgpt-powered-threat-analysis
https://socket.dev/blog/introducing-socket-ai-chatgpt-powered-threat-analysis

a. HYESI:ME SN Wyatt Cheng2 ChatGPTE At Z35t0 Flappy BirdE = XI5t =
dES Bl AN Jas SHASLICH

SH U= A QI T3 Lh=D]: Convaill 2 & 2 E & OIoHA !

=
ChatGPTO CH2 2 [HOICH SRS R2E 4 S{lHs 20IS E26H= 514 S 2 OpenAldf
CHet 20H0| 201 SLICH L= StDO A ChatGPT AL S 2 &3 2Xsls 202
(IS YSLICH Y2 B O LIS 0H0ICIOf, 5 ChatGPTE S8H5H0 St S0l O W2 KA
SEE 4 UTE S5 YHUS HARSUCL ML Ots 2 0 SH 3 3 AHS 2 ChatGPTS
=2A™o2 K5t USLICH
2 ObXI AP At E AHBHLICH

STAS0l 20U Z2/E Ol =Xl 2t elot)| ?loff Mts2=Z AEE ddot)]
ChatGPT= EHIE M&e = US FOFOtLIcH SM0| Y6 0l X=Xl Eotg

o HMJtAtEdH 2 Z 1t ChatGPT= Haleld AIAE EHE /ISt FHZE
ddot= U W s=dil 2EJASLG. 2 48 HZE HAZ WIS LICH

Ol MOl XH & /1 =24 Ml S 6t
TS EFE HAHE)

o EEMEUIIED|:ChatGPT= 22 £ M0l ol M2 CHE &S Fot= O
32 s=gLUth

SAZSE0 SOt et RFELEs2 sA=E S 571 7ol ChatGPTIF 0| €22
Aoz MagLth

LH CIIOI& 2 CH =2kt

MOFEII0 01212 (KI2VHKI) JHE 10| = olE T 20| = Application® LI C}. &2
AEIEQO0l 12 AFRXIIF KHO10] = Q&A SAOCZ YR HOIE HHS Hld 4+ s
2o

CREUSD ASUCL YR WE HOL0/2A, WL H0IH T DM XY 22
U0 XHES LED USLICL YO DE 2 M, 5, FAQII HIZEIS D2 & Q3
Sy 4 U= RS IEET 4 USLULH

Ol ApplicationE /1=0l= = Y82 Ao =2 U2 4HHZ 0|2 HE LICH

1. WS CIOIE S CIOIE B0l A(SQL CIIOIE Bl Ol A, e = CIOIE Hil 01 A, & HI S /U H
CIOIEHIOIA = SHast A E HIOIEHIOIA)Z A& & LICH

T OO


https://www.youtube.com/watch?v=8y7GRYaYYQg
https://www.youtube.com/watch?v=8y7GRYaYYQg
https://www.youtube.com/watch?v=-R4PWIkgOSk

I

ol

2. A0z = BHOI FOXAHEO0IE WS OIOIEHHOIAS Hel HHZ B
S0,SQLE= JcHE HIOIEHHIOIAQI BR 0l E2AHA=SQLACIE
USLICH LI CIOIEHIOI AR HR, ANN(2 AL ZI2IE 0l=) 24 2

USLICHL =&l EAER U= F 2,01 Z2NAE SN FHLIEFEE =

3. GIOIEHIOIA0A #AclE Aot ?—IEI HE EsLICH
4. 0l #cl 2UE XANANHZ BEELICH

Ct. O

A

=
AL
=

i

=
—
gt

;

o o

J

0 i o

SUICH

Ol ot L & UEE Bt &= UKXICH Ol =01 L0tU 20 Jtsd&thl= &
DEASLICH AEFE Y0l Google =20l E LI Notiont 22 CIOIE{HIOIAE J|Ete 2
AMNEXIF R el e = U= Applications 2tE= XS 2 HO| U=, 0l = Google =ct0l E Lt
NotionO| =2 ot 28 = U= IS A 2 SLICH

OpenAllil= 216 GIOIE{ B0 A2t CHotot= S0 et =EEst S E2[H 0| USLICH

LLMO| CIOIE 4= Al ol = &= ULIR?
gpt-3.5-turbo0fl ZOHAI GIOIEIS LHELI U2 IHES 2XE & Aes A ZSLICH
SHNEHOl= U2 TETEN SO 2= U= RS HOIEHN AL HSELICL R

TZYE OHOH= 220 O SLItH


https://github.com/openai/chatgpt-retrieval-plugin

Given some data samples, tell me what insights and patterns you see. | care about signup &
start rate
Here's the data
device screen_size (inches) total signup_start signhup_complete
0 mobile <6 693 3 1
1 mobile 5-6 1498 47 23
2 mobile 6-7 703 23 1
3 web <13 1395 8 2
4 web 13-14 2821 76
5 web 14-15 2297 67
6 web >15 1492 38

Looking at the data, it appears to be related to user signups on a platform, with columns & P

indicating device, screen size, total number of users, signup start, and signup completion

times.

Focusing on the column "signup_start", it seems that the signup start rate (the proportion
of users who started the signup process) is generally low across all device types and

screen sizes.

* For mobile devices with screens smaller than 5 inches, only 0.43% of total users
started the signup process.

* For mobile devices with screens between 5-6 inches and 6-7 inches, the signup start
rate is slightly higher at 3.14% and 3.27%, respectively.

* For web users, the signup start rate is highest for users with screen sizes between 13-
14 inches, with 4.82% of total users starting the signup process.

* Users with screen sizes greater than 14 inches have lower signup start rates, with a
rate of 3.36% for screens between 14-15 inches and 4.62% for screens greater than 15

inches.

Overall, the signup start rate appears to be quite low, indicating that there may be some
friction in the signup process that is preventing users from completing the process.
However, it's also possible that some users may be browsing or exploring the platform
without necessarily intending to sign up, which could be contributing to the low signup

start rates.
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. things i need for camping in the woods in oregon in november.

output should be in the format:

* {{ item type }}: {{ why }}.
Recommended products for this item type:
{{ product name }}: {{ cost range }}: {{ where to find it }}

° Tent: To provide shelter and protection from the elements.
Recommended products for this item type:
REI Co-op Half Dome 2 Plus: $200-$250: REl.com or local REI store.
* Sleeping Bag: To keep you warm during the cold nights.
Recommended products for this item type:
The North Face Eco Trail Down 20: $180-$220: TheNorthFace.com or local outdoor
store.
* Sleeping Pad: To provide insulation and cushioning for a comfortable night's sleep.
Recommended products for this item type:
Therm-a-Rest NeoAir XLite: $130-$170: Thermarest.com or local outdoor store.
* Backpack: To carry all of your camping gear and essentials.
Recommended products for this item type:
Osprey Atmos AG 65: $270-$310: Osprey.com or local outdoor store.
* Camping Stove: To cook meals and boil water.
Recommended products for this item type:
MSR PocketRocket 2: $40-$50: MSRgear.com or local outdoor store.
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