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Course Summary

The goal of this course is to introduce students to the world of parallel computing
accelerators, with a special focus on the GPU — Graphics Processing Unit as a powerful
parallel accelerator. Students will gain both theoretical and practical knowledge about GPU

architectures, parallel processing models, and their interaction with the operating system
and the CPU.

The course emphasizes Hands-On Programming: students will write CUDA code to
implement the architectural concepts learned in class, practice GPU resource




management, apply performance optimizations, and ultimately develop an accelerated
system that combines theoretical foundations with real-world computational applications.
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University of Sheffield: COM4521: Parallel Computing with
GPUs Taught by Paul Richmon
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