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Education 
University of Maryland, College Park, Maryland 
PhD in Marketing, Aug. 2021 – Present 
Minor: Information Systems 
Dissertation: Leveraging Large Language Models in Marketing Analytics 
Chair: P.K.Kannan; Co-chair: Michael Trusov 
 
Shanghai University of Finance and Economics, Shanghai, China 
Bachelor of Science in Management Information Systems, Aug. 2017 – Jun. 2021 
 
Stanford University, Stanford, California 
Summer Session, Jun. 2019 – Aug. 2019 
 
Research Interests 
Substantive: Marketing Knowledge Systems, AI-Augmented Decision Making, Organizational 
Memory 
Methodology: Large Language Models (LLMs), Causal Inference, Field Experiment, Analytical 
Modeling 
 
Research 
 
Under Review / Revision 
1.​ Lei, L., Kannan, P.K. Remembering Wrong: A Governance Framework for AI-Generated 

Marketing Analytics 
●​ Submission: Journal of Marketing 
●​ Status: Reject & Resubmit 

2.​ Lei, L., Huang, C., Mao, W., Ge, D., Kannan, P.K. Infusing Organizational Memory in 
Marketing Analytics with LLM-Enhanced AutoML.  

●​ Submission: Production and Operations Management (POM) Special Issue on: 
GenAI and Agentic AI at the Marketing–Operations Interface 

●​ Status: Under Major Revision 
 
Work in Progress 
1.​ Lei, L., Trusov, M. Firm Claims and the Helpfulness of Consumer Reviews. 

●​ Target: Journal of Marketing Research 
●​ Status: Draft writing 

2.​ Zhang, X., Gu, X., Lei, L.  Heterogeneous Effects of Open Access: A Field Experiment on 
Broadening Access while Sustaining Public Goods. 

●​ Target: Management Science 
●​ Status: Preparing for submission  

3.​ Lei, L., He, S., Zhou, B., Wang, Z., Ge, D. The Value of Cross-Price Information in 
GMV-Constrained Multi-Product Pricing. 
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●​ Target: Marketing Science 
●​ Status: Preparing for Submission 

4.​ Lei, L., Cheng, Y., Zhou, C., Lin, J., Ge, D., Kannan, P.K. Governing Self-Evolving AI in 
Marketing Analytics. 

●​ Target: Marketing Science 
●​ Status: Preparing for Submission 

5.​ Jiang, Y., Lei, L., Wang, R., Zhu, Y. Too Much of a Good Thing: The Nonlinear Sales Impact 
of Manipulated Reviews. 

●​ Target: Journal of Marketing Research 
●​ Status: Manuscript Writing 

 
Refereed Articles 
1.​ Chen, C., Du, Y., Ge, D., Lei, L., Ye, Y. 2022. Optimization and Operations Research in 

Mitigation of a Pandemic. Journal of the Operations Research Society of China, 10(2), 
289-304. Link 

 
Conference Presentations 
1.​ Lei, L., Gu, X., Kannan, P.K. The Impact of Open Access on Book Sales: A DEI Perspective.  

Haring Symposium 2024 (Invited) 
Intelligent Computation Conference 2024 (Invited) 

2.​ Lei, L., Huang, C., Mao, W., Ge, D., Kannan, P.K. Infusing Organizational Memory in 
Marketing Analytics with LLM-Enhanced AutoML. 
INFORMS 2025 (Invited) 
36th Annual POMS Conference 2026 (Invited) 

3.​ Lei, L., Cheng, Y., Zhou, C., Lin, J., Ge, D., Kannan, P.K. Self-Evolving AI Agents for 
Marketing Analytics Decisions. 
37th Annual POMS Conference 2027 (Invited) 

4.​ Lei, L., Trusov, M. Firm Claims and the Helpfulness of Consumer Reviews. 
37th Annual POMS Conference 2027 (Invited) 

 
Teaching Experience 
BMGT351: Marketing Research Methods (Undergrad Core), Lecturer 
​ Fall 2024, 20 students, in-person, 3.52/4.0 
​ Spring 2026, 40 students, in-person, 3.48/4.0 
​ Spring 2027, two classes, in-person 
BMGT818Y: Special Topics in Accounting and Information Assurance; Management 
Accounting and Cyber Risk Management, PhD Seminar Invited Speaker 
​ Fall 2025 
BUMK766-0501: Digital Analytics, Teaching Assistant 
​ Fall 2025 
BMGT458U-0101: Special Topics in Marketing; Digital Marketing Analytics, Teaching 
Assistant 
​ Spring 2024 
BMGT458U-0101: Special Topics in Marketing; Digital Marketing Analytics, Teaching 
Assistant 
​ Spring 2023 
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Teaching Interests: Marketing Analytics; AI Applications in Marketing; Marketing Research 
Methods; Quantitative Methods for Marketing; Data Visualization; Business Statistics 
 
Awards and Honors 
AMA-Sheth Foundation Doctoral Consortium Fellow, New York (2026) 
Smith Internal Research Grant, University of Maryland (2026) 
ISMS Doctoral Consortium Fellow, Washington D.C. (2025) 
Intelligent Computation Conference, Shanghai (2024) 
Haring Symposium Fellow, Bloomington, Indiana (2024) 
Haring Symposium DEI Award (2024) 
Ye Yinyu Scholarship (2018) 
 
Academic Service 
Ad Hoc Reviewer for Journal of Service Research 
Ad Hoc Reviewer for Production and Operations Management (POM) 
Ad Hoc Reviewer for ICIS 2025 
Seminar Organizer, Department of Marketing, University of Maryland (2024-2025) 
 
Professional Experience 
Shanshu Technology (Cardinal Operations), Shanghai, China 
Data Engineer Intern, Aug. 2020 – Apr. 2021 
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Job Market Paper  
 
Title: Infusing Organizational Memory in Marketing Analytics with LLM-Enhanced AutoML 
 
Abstract: Marketing organizations often lose hard-earned organizational know-how as people 
churn and markets shift, leading to duplicated effort and uneven decisions. We introduce LAKN, 
Large-Model-Powered AutoML with Knowledge-Driven Insights, as a practical methodology 
that builds organizational memory into day-to-day marketing analytics. LAKN pairs AutoML 
with large language models to surface context-rich features, modeling choices, and explanations 
by learning from prior projects and applying those lessons to new prediction and diagnostic 
tasks. The result is higher accuracy, less rework, and outputs that are easier to interpret. We 
demonstrate the applications of our methodology for embedding organizational memory via 
LLMs across diverse real-world engagements. We run head-to-head comparisons against strong 
automated baselines as well as marketing analysts across multiple LLMs, and we map the 
boundary conditions under which LAKN is most effective. We triangulate this experimental 
validation with survey-based evidence on labor costs and decision practices, documenting time 
savings, lower variance in choices, and meaningful economic value. Together, these findings 
position LAKN as a credible complement to human expertise. It helps teams decide faster and 
cheaper without sacrificing interpretability or decision quality. We conclude with actionable 
guidance for managers on when to deploy LLM-based memory systems, how to seed and 
steward organizational knowledge, and how to integrate these tools into existing workflows to 
create enduring advantages. 
 
 
Dissertation Essay 2 
 
Title: Governing Self-Evolving AI in Marketing Analytics 
 
Abstract: Maintaining marketing analytics systems requires substantial technical work. We 
study whether firms can delegate part of this work to LLM coding agents while retaining control 
over system changes. Our framework assigns agents to propose code changes and a separate 
supervisor to review them. Agents cannot modify protected files or access the future test data. 
We apply it to a major Asian jewelry retailer's forecasting system. Four agents each complete 60 
generations of changes, and all improve accuracy over the firm's baseline in three unseen future 
months. Combining their changes raises national accuracy by 7.56 percentage points and 
store-level accuracy by 2.96 points. Adding engineers' changes increases these gains to 7.99 and 
3.10 points when agent code takes priority in conflicts; giving human code priority reduces 
performance. Across 15 agent combinations, larger teams deliver higher average and minimum 
observed gains. The findings show how agents can maintain analytics systems while humans 
control objectives, evaluation, and conflict resolution. 
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Dissertation Essay 3 
 
Title: Firm Claims and the Helpfulness of Consumer Reviews 
 
Abstract: We examine how firms' product claims relate to the helpfulness of consumer reviews. 
We combine launch press releases for 812 digital camera listings with 58,432 Amazon reviews 
and use the same large language model procedure to identify the product attributes discussed and 
the sentiment expressed in both sources. Attributes that firms describe favorably are discussed 
more often in reviews and have a lower proportion of complaints, especially when firms 
emphasize those attributes strongly. Firm claims also relate to how many helpful votes reviews 
receive. Complaints about attributes covered by favorable firm claims are associated with 
approximately 11% more helpful votes than complaints about attributes without such claims. The 
difference is larger for attributes that consumers cannot readily evaluate before purchase. It 
becomes negligible when the top 1% of reviews by helpful-vote count are excluded. Claim 
strength is associated with a review's relative rank: complaints about strongly emphasized 
attributes rank higher by helpful votes within a product page than complaints about mildly 
emphasized attributes or attributes without favorable claims. For praise, we find no clear 
difference in helpful-vote counts between claimed and unclaimed attributes. These associations 
remain after accounting for the attributes discussed in each review, its textual overlap with the 
firm's press release, and the reviewer's history. The findings suggest that the helpfulness of a 
review depends partly on how its content relates to the firm's prior product claims. 
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Other Projects 
 
Title: Heterogeneous Effects of Open Access: A Field Experiment on Broadening Access while 
Sustaining Public Goods 
 
Abstract: Open access (OA) seeks to broaden the dissemination of scholarly knowledge by 
making it freely available to those who may lack the means to pay for it. However, while OA is 
intended to expand access for under-resourced communities, free content is also available to 
consumers who would otherwise be willing to pay, raising concerns among publishers and 
authors about sales cannibalization and financial sustainability. These competing societal and 
commercial considerations may also vary across products and consumer groups, raising 
questions about how the benefits and costs of OA are distributed. We examine these issues 
through a randomized field experiment with one of the largest U.S.-based university presses, in 
which approximately 1,400 book titles were randomly assigned to remain gated or become freely 
accessible. This design allows us to estimate both the average and book-specific causal effects of 
OA. We find that OA increases book downloads by approximately sevenfold while, surprisingly, 
producing no significant decline in book sales on average. These results suggest that OA can 
substantially broaden access without a significant decline in average sales, creating the potential 
for joint societal and commercial value. Yet the average sales effect masks striking heterogeneity 
across titles: 41.8% of books experience increased sales revenue, whereas 46.8% experience 
declines. We further find a U-shaped association between these book-specific treatment effects 
and book popularity, with more positive effects for very low- and very high-popularity books 
than for mid-popularity titles. Complementary descriptive analyses across consumer regions 
suggest that sales gains following OA are concentrated in middle-income regions, regions with 
very high or very low educational attainment, and regions with larger non-white populations. 
 
 
Title: The Value of Cross-Price Information in GMV-Constrained Multi-Product Pricing 
 
Abstract: Large retailers often aim to maximize profit while meeting a gross merchandise value 
(GMV) target. Choosing prices jointly requires knowing how each product's price affects 
demand for other products, which can be difficult to estimate. We study the cost of using only 
product costs, demand levels, and own-price responses. Our pricing rule, gamma equalization, 
adjusts prices so that the marginal profit gained per additional dollar of GMV is equal across 
products. When products have independent demand, the rule achieves a local optimum under 
standard conditions. When products are substitutes, small cross-product effects lead to first-order 
price errors but only second-order profit losses, provided both approaches meet the same binding 
GMV target. Under MCI demand, market shares help assess these cross-product effects. We also 
show that the exact MCI optimum can be found through a unique, globally optimal one-variable 
solution at the same computational cost. Gamma equalization can work without a full demand 
model by using own-price responses and observed GMV, although assessing cross-product 
effects requires additional information. A calibration based on JD.com data illustrates the 
benefits and limits. Because costs, market size, and the GMV target are assumed, the results do 
not estimate JD.com's actual prices or profits. 
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